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Résumé

Le présent rapport décrit une méthode de résolution d’un probleme de controle
multi-objectifs d’un systeéme linéaire multi-entrées multi-sorties. Etant donné
un systeme, on cherche un régulateur tel que la dynamique du systéme rebouclé
sur son régulateur vérifie certaines propriétés. QOutre ces contraintes sur la
dyamique, on exige que le régulateur optimal ait une complexité — mesurée par
son degré de McMillan — donnée. Ce probleme, réputé difficile, a fait l'objet,
depuis le début des années 2000, de nombreuses recherches [3], [8] et il ex-
iste désormais des boites a outils Matlab telles que Hinfstruct et Hifoo qui, a
ordre de régulateur fixé, en donnent une solution. Essentiellement, les algo-
rithmes proposés reposent sur des techniques d’optimisation non différentiable
du critere par rapport au régulateur lui méme. Ce rapport présente une autre
facon de résoudre ce probleme. A la différence des techniques mentionnées ci-
dessus, on construit un calcul differentiel fondé sur un paramétrage minimal des
régulateurs stabilisants. La démarche proposée connecte des idées de trois do-
maines différents présentés au cours des trois chapitres principaux. Le chapitre
2 développe, a partir du concept de factorisation sur un anneau initié par le
travail de [13], une méthode générique de factorisation & ordre donné d’une
boucle fermée en faisant apparaitre un paramétrage nouveau du régulateur. Le
chapitre 3 introduit la notion de systéme conservatif qui, selon [2], forment une
variété différentiable. Cette propriété, appliquée au paramétrage développé a la
fin du chapitre précédent, permet alors de bouger le correcteur d’une maniere
différentiable : pour un régulateur réel d’ordre n et de dimension p x m, le nom-
bre de parameétres réels nécessaires a sa représentation est n(p +m) a comparer
avec les n? +n(m + p) utilisés par [3] et [8]. Le chapitre 4 introduit le probléme
d’optimisation multi-objectifs dans lequel les spécifications sont exprimées au
moyen de quelques normes communes de systeme. En appliquant les résultats
trouvés en [4] et en utilisant le calcul différentiel développé & la fin du chapitre
précédent, il devient possible de calculer un sous gradient du critére qui, par
une méthode de descente, permet d’améliorer le régulateur relativement aux
spécifications données tout en gardant son ordre fixé.

Dans le chapitre 2, étant donné I'unité P, on cherche un régulateur K tel que
les éléments formant la matrice de transfert H de la boucle fermée construite a
partir ces deux systémes linéaires, soient des fonctions de transfert propres ayant
toutes leurs poles dans une zone Z prédéfinie par I'utilisateur. L’ensemble de ces
fonctions de transfert a une structure d’anneau et les résultats de la théorie des
anneaux présentés en A.1 peuvent étre appliqués afin d’obtenir une description
de tous les régulateurs qui satisfont cette exigence de conception. En partic-
ulier, on montre comment ils engendrent une factorisation de la boucle fermée
sur 'anneau de référence et comment l’ensemble des régulateurs factorisants

vii
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peut étre décrit au moyen du parametre de Youla-Kucera Q. Le passage a la
représentation d’état, qui est numériquement plus pratique, introduit une nou-
velle variable a savoir la dimension de I’espace d’état de la représentation. Bien
qu’une factorisation soit toujours possible, celle-ci se paye, en général, par des
réalisations de grande taille pour chacun des facteurs et par des régulateurs
complexes d’ordre élevé. Une factorisation de la boucle fermée a ordre fixé est
alors introduite comme un cas spécial de la factorisation générale obtenu en
fixant les dimensions des espaces d’états de I'unité et du régulateur. L’avantage
de fixer ces dimensions consiste en ce que les régulateurs a ordre réduit, avec
une dimension d’espace d’état égale ou inférieure a celle de 'unité, peuvent
étre paramétrés directement, ce qui est intéressant si la situation de controle
demande des régulateurs a complexité réduite. Enfin, on montre pourquoi les
parametrages a ordre fixé @, Qp partagent avec le parametre Q la propriété
d’étre chacun un élément de I’anneau pour que la boucle H le soit aussi, un fait
qui permettra & Q,Qp d’étre eux mémes paramétrés au moyen des systemes
conservatifs au cours du chapitre 3.

Le chapitre 3 introduit la notion de systéme conservatif et fournit un para-
métrage des paires stables observables en résolvant un probléme d’interpolation
du type Nudelman. Il a été montré en [2] que les systémes conservatifs et
les paires stables observables qui peuvent en étre extraites forment une variété
différentiable. Le régulateur K pouvant ne pas étre stable, ce paramétrage
ne peut pas étre appliqué directement a K. Cependant il a été montré a la
fin du chapitre 2 que le parametre gauche Q; devait étre stable pour que la
boucle H soit stable et observable pour que le régulateur K soit observable.
Le paramétrage de la paire stable observable contenue dans @ permet alors
de faire varier de facon infinitésimale Q; tout entier et de construire un calcul
différentiel sur @ ce qui sera important au cours ’étape d’optimisation du
chapitre 4.

Le chapitre 4 définit un probléme d’optimisation multi-objectifs. Pour une
unité P donnée, un régulateur K doit étre trouvé tel qu’il soit optimal relative-
ment & une fonction de cout donnée et des contraintes données. Ces objectifs
d’optimisation sont formulés en termes de normes L1, L2/H2, Hoo de systéme.
L’avantage d’utiliser les normes L1, L2/H2, Hoo consiste en ce que leurs calculs
peuvent eux-méme étre énoncés sous forme de problemes d’optimisation semi-
définis standards ce qui permet de calculer les sensibilités locales ainsi que le sous
gradient du critere d’optimisation multi-objectifs. La formulation du probleme
d’optimisation en termes du paramétrage élaboré au cours des chapitres 2 et 3
permet alors de bouger de fa con infinitésimale le parametre @ a la place de K
dans la direction descendante indiquée par le sous gradient. Des lors que la tache
d’optimisation est complete, le régulateur K peut étre récupéré du parametre
Q. Ceci permet une amélioration locale du régulateur initial Ky donné vers
un régulateur supérieur K™ relativement & la fonction de cotit et dans le cadre
des contraintes.

Pour conclure cette introduction, disons qu'une méthode d’amélioration d’un
régulateur relativement a des spécifications multi-objectifs formulée en termes
des normes de systeme L1, L2/H2, Hoo, est présentée. Trois éléments clés dis-
tinguent I’approche proposée. Premierement, un paramétrage des régulateurs a
ordre fixé au moyen d’un parametrage des systemes stables et observables, basé
sur le travail en [13]. Deuxiémement, un paramétrage de toutes les paires stables
observables qui permet un ajustement infinitésimal du régulateur basé sur le tra-
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vail en [2]. Et troisiémement, l'utilisation d’une information de sensibilité pour
calculer le sous gradient local du probléme d’optimisation pour que le régulateur
puisse étre ajusté de la bonne facon, basé sur le travail en [4]. Bien que beau-
coup de mesures de performance pour quantifier les spécifications d’un probleme
d’optimisation multi-objectifs existent, les normes de systéme L1, L2/H2, Hoo
sont possiblement les plus importantes. Elles ont été choisies dans ce rapport a
cause de leur pertinence pratique et aussi pour illustrer le champ d’application
de ’approche proposée. Pour un systéme donné, si les normes H2 et Hoo se
traduisent par des inégalités matricielles linéaires, la norme L1 s’obtient com-
mme inégalité matricielle bilinéaire. Malgré ces différences, la méthode que
nous proposons traite ces contraintes d’une maniere uniforme, comme une partie
d’une contrainte semi-définie plus générale. La nécessité pour I'approche pro-
posée d’accéder a 'information de sensibilité ne limite nullement les contraintes
possibles a ces trois normes. De fait, la solution décrite dans cette these est basée
sur le paramétrage gauche @ du régulateur auquel correspond un paramétrage
des paires stables observables. Cependant I’approche duale est aussi possible.
Elle utilise le parametrage droit Qp du régulateur et le paramétrage des paires
stables controlables. Dans les applications pratiques on peut imaginer d’utiliser
Q; et le paramétrage des paires stables observables dans le cas ou K a plus
d’entrées que de sorties vu que les matrices de sortie C'ir, Cgr, ont des dimen-
sions inférieures a celles des matrices d’entrée B, Bor et que le paramétrage
des paires stables observables de (Agr,Cgr) devient alors plus simple que le
paramétrage des paires stables controlables de (Agr, Bgr) et d’utiliser Qy et
le paramétrage des paires stables controlables dans ’autre cas. Les équations de
Riccati (2.21), (2.22) peuvent posséder des solutions Rx p, Rpy multiples pour
une unité P et un régulateur K donnés. Les conséquences sur le comportement
de l'algorithme de descente ne sont pas encore connues. Il peut étre possible
que ces comportements soient différents pour des Ri p, Rpy différents de sorte
que, démarrant d’un point selle ou d’'un maximum de la fonction de colt par
exemple, le résultat de I'optimisation locale soit totalement différent.
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Chapter 1

Introduction

This report describes an attempt to solve a multiobjective optimization problem
in the domain of multi input multi output linear time invariant control. This
problem consists of a specified plant whose output signals are fed back to its
input signals by an unspecified controller so that multiple specified objectives
are met. As an additional constraint, the resulting optimal controller is required
to have a specified complexity, measured by its order which is, simply put, the
dimension of its associated state space.

1.1 Motivation

The idea for this approach started while trying to improve a working controller
for a satellite with respect to a specified cost function and constrained by multi-
ple specified design requirements. The environment in which the controller has
to run on board of a satellite strongly affects the choice of suitable controllers.
Objects in space operate in a very low density environment, almost vacuum.
On the one hand, the low material density surrounding a satellite implies al-
most no fluid damping of oscillations of the main body and its most often long
elastic appendages, like solar panels. Modeling a satellite therefore leads to a
complex plant of high order with almost undamped elastic modes that can not
be neglected. On the other hand, the almost lack of a material screen around
the satellite has it exposed to strong electromagnetic radiation. The onboard
computers therefore need to be radiation hardened which leads to a lower com-
putation performance as a tradeoff. This explains why in this environment the
controller is required to be of a specified order, almost always lower than the
order of the plant, which is the satellite model. While common sense suggests
that it must be easier to find an optimal controller of high order since there are
more parameters and thus more freedom to play with, the converse argument
indicates that it also might be more difficult to find a reduced order controller
that matches the specifications. This challenge is the motivation for this work.

1.2 Overview

There exist methods Hinfstruct and Hifoo which have been cast in Matlab tool-
boxes of the same name, that allow the controller order to be fixed, as presented
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in [3] and [8]. These algorithms apply nonsmooth optimization directly to the
controller. Another attempt to solve this problem is described in this report.
In contrast to the aforementioned techniques, a differentiable parametrization
of the controller is developed so that smooth optimization can be applied to
the controller parameter and thus indirectly to the controller. It connects ideas
from three different areas that are presented in the three main chapters.

Chapter 2 introduces the concept of feedback loop factorizations on algebraic
rings pioneered by the work in [13]. However, this approach, while providing
a parametrization of all controllers, in general leads to high order controllers
that more or less cancel out the plant dynamics and replace it with any desired
dynamics. The controller is thus in general working against the nature of the
plant. To avoid this, a new approach is presented that uses fixed orders from
ground up, starting with fixed order loop factorizations and ending with a fixed
order controller parametrization. The parametrization of fixed order controllers
inherits an important property from the aforementioned parametrization of all
controllers in that the parameter needs to be stable for the feedback loop to be
stable. In addition to that the fixed order parameter needs to be observable for
the controller to be observable. Hence the fixed order controller parameter is
necessarily stable and observable, a fact that is important for the next chapter.

Chapter 3 introduces the notion of square lossless systems and shows that
any stable observable pair of a state space realization can be completed to form
a lossless system. A parametrization of stable observable pairs is then obtained
by solving an interpolation problem for lossless systems. It has been shown in [2]
that lossless systems and the stable observable pairs that can be extracted from
them form a differentiable manifold. Thus, parametrizing the stable observable
pair of the fixed order controller parameter found in the previous chapter allows
to move the fixed order controller parameter smoothly, a fact that is important
for the next chapter.

Chapter 4 introduces the multiobjective optimization setup with objectives
formulated in terms of some common system norms. This problem turns out to
be nonconvex and thus difficult to solve. However, fixing the controller parame-
ter leads to a convex solvable problem. Solving the multiobjective optimization
problem for a current controller parameter value then provides a local sensitivity
information in form of the optimal Lagrange multiplier value. By applying the
results in [4] this sensitivity information can be used to calculate the subgradi-
ent of the cost function for the current controller parameter value. Due to the
smooth parametrization of the controller parameter found in the previous chap-
ter, the information provided by the subgradient enables a local improvement
of the controller parameter value with respect to the cost function. Then the
multiobjective optimization problem is again solved for the updated controller
parameter value and the process repeats until satisfactory results are achieved
or no further progress is made.

To ease the reading, an annex is provided with some of the most frequently
used formulas and theorems in algebra, analysis and linear time invariant system
theory.
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1.3 Notation

Within the scope of this report bold lowercase letters represent vectors, bold
uppercase letters represent matrices and non bold letters represent scalars. The
constants 0 and 1 represent the additive and multiplicative matrix identities
respectively. The matrices AT and A represent the transposed and transcon-
jugated matrix A respectively. The functions tr A and det A denote the trace
and determinant of matrix A respectively. The functions rnk A and col A re-
turn the rank and number of columns of matrix A respectively. In an abuse
of language, a matrix A is called stable if and only if ReA < 0 for continu-
ous systems or |A| < 1 for discrete systems for all eigenvalues A of matrix A.
The sets C, R, Z, N denote the sets of complex, real, entire and natural numbers
respectively, the set N,, denotes the natural numbers up to and including the
natural number n. A zero subscript denotes an initial value, a star superscript
denotes an optimal value.
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Chapter 2

Controller Parametrizations

In this chapter, a feedback loop H is constructed from two linear systems,
a given plant P and a controller K which is to be designed. The controller
has to assure that the transfer matrix of the feedback loop becomes a matrix
of proper transfer functions whose poles are confined to a user defined region
Z. These transfer functions form the algebraic structure of a ring. Results
of the ring theory provided in A.1 are then applied to obtain a description
of all controllers that meet this design requirement. It is shown how these
controllers admit a general factorization of the closed feedback loop on the given
ring. A parametrization of all these factorizing controllers with a parameter Q
is then given in transfer function representation. Passing to the numerically
more practical state space representation of linear systems introduces a new
variable which is the state space dimension or order of a representation. Albeit
a factorization is always possible, it is shown that this in general has to be paid
by high state space dimensions of the factors which leads to complex controllers
of high state dimension. A special fixed order factorization of the feedback loop
is then presented in state space representation, which is the special case of the
general factorization in that the state space dimensions of plant and controller
are fixed. Fixing the dimension has the advantage that reduced order controllers,
with state dimension equal or less than that of the plant, can be parametrized
directly, which is of interest if controllers of low complexity are to be found. The
fixed order parameters Q;,Qp share the property of the parameter Q in that
the parameter needs to be a ring member for the loop H to be a ring member,
a fact that allows the parameter itself to be parametrized in chapter 3.

2.1 Ring of Transfer Functions

This section serves as a bridge between algebraic ring structures and the transfer
functions that arise in the study of linear time invariant systems.

2.1.1 Transfer Functions

A linear time invariant system may be expressed either in time domain, where
it is described by a system of linear differential equations over time ¢ € R or
k € Z, or in frequency domain where it is described by a system of linear
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—U’ng’

Figure 2.1: A linear time invariant system P with input « and output y.

algebraic equations over frequency s € C or z € C, for continuous or discrete
systems respectively. The link between the two descriptions is the Laplace
transformation.

Figure 2.1 shows a block diagram of a linear time invariant system. The
input w and output y are in general vectors containing multiple scalar inputs and
outputs respectively. Due to the linearity, the system description in frequency
domain can be brought in the following form:

y(z) = P(z)u(x) (2.1)

with & € {s, z} for continuous and discrete systems respectively. For reason of
clarity the arguments s, z are omitted in the following. The matrix function P
between input and output is called the transfer matriz. Its entries, the scalar
transfer functions, are rational functions of frequency z € {s, z}

Pl = i@ —ar)
y]_[P]Zj Z_kH’n (,’I’*bl) (2

1=0

with zeros ax € C, poles b; € C and static gain k € C. A physically realizable
transfer function is characterized by m < n and is called proper, so the numera-
tor polynomial is never of higher degree than the denominator polynomial, see
also section 2.3.1. Transfer functions are either stable or unstable. A continuous
transfer function is stable if and only if all its poles b; have negative real part
Reb; < 0, Vb;. A discrete transfer function is stable if and only if all its poles
b; lie inside the unit circle |b;| < 1, Vb;.

The transfer function may have common zeros and poles. In this case they
can be mutually cancelled and the degree of the numerator and denominator
polynomials can be decreased until they have no common zeros and poles. Then
the transfer function is said to be minimal since the degree of the numerator
and denominator polynomials can not be decreased further.

2.1.2 Ring Structure

Verification of (A.1) to (A.9) as well as (A.13) and (A.14) shows that proper
transfer functions with all poles contained in a zone Z form a commutative
integral ring Rz. It has been shown in [6] that these transfer functions more
precisely form a principal commutative integral ring, so that every ideal is prin-
cipal. The multiplicative inverse of proper transfer functions with m = n and
all poles and zeros contained in Z are again proper transfer functions with all
poles in Z, so they are the units in this ring.

Definition Let Rz be the ring of transfer functions with all poles contained
in a selected zone Z C C and let Fy = % be the field of fractions on R.
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Proposition All physically realizable and thus proper transfer functions are
a member of F'y.

Proof Let an arbitrary physically realizable transfer function be given by

oz — )
P=k H?:o(x —dy)

with € {s, 2z} for continuous and discrete systems respectively. This trans-
fer function is physically realizable if it is proper so that m < n. Then let
c1,...,¢p € Z and define

_ H’IT:O('I — ak) - H?:o(x - bl)
M e =) P e —a)

then obviously P = % with A, B € Rz and therefore P € Fy.

Remark 1 This means that the ring theory of chapter A.1 can now be applied
to proper transfer functions with all poles in Z. The extension to matrices of
section A.1.5 allows the treatment of entire proper transfer matrices with all
poles in Z. The extension to fractions of section A.1.6 allows the treatment of
general transfer matrices with poles anywhere. That way, the transfer matrix of
any linear time invariant system can be described by means of proper transfer
functions with poles in Z.

Remark 2 If the zone Z coincides with the left half plane for continuous
systems or the inner unit disk for discrete systems, then proper transfer functions
with all poles in this zone Z are stable. Therefore stability, which is a main
objective in linear control, arises naturally in this representation but such a
ring is only a special case as the zone Z may also be defined so that a maximal
settling time or a minimal amount of damping is respected.

2.2 Controller Parametrization

This section introduces the concept of loop factorization which provides a way of
parametrizing the set of all linear controllers in transfer function representation
that keep the loop formed with a linear plant in the selected underlying ring
Rz. Details can be found in [13].

2.2.1 The Control Loop

Figure 2.2 shows the control loop underlying this problem. The plant P € F""
is controlled by the controller K € F,'™. The input signals v and w might be
the reference and measurement noise, respectively and the output signals y and
u are the plant and controller outputs, respectively.
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Figure 2.2: The plant P and the controller K form the control loop.

Proposition The loop shown in figure 2.2 has a transfer matrix H given by

(2.2)

K 171!
1 -P

or equivalently by

" [P(l ~KP)"! 1+P(1- KP)—lK] _

1-KP)! 1-KP)"'K
_ ﬁ] (1-KP)"'[1 K]+ [g (1,] (2.3)

or equivalently by

oo [ (1- PK)"'P (1- PK)™! } _

1+ K(1-PK)'P K(1-PK)!
_ [Iﬂ (1-PK)"'[P 1]+ [(1) g] (2.4)

Proof From figure 2.2 it can be seen that

v B I 1 B R M

The transfer matrix H may then be defined by

HEgb
U w |
so that (2.2) follows. The equivalent expressions (2.3), (2.4) then follow by
application of (A.59) and use of the relations (A.56).

Remark The loop H is symmetric with respect to P, K as can be seen by
(2.2). In the following, the plant P is assumed to be given and the controller
K is the variable to assure that the requirements posed on H are met.
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2.2.2 Connectibility
Proposition A controller K can be connected to a plant P to form a feedback
loop H as given in (2.2) if and only if
-k 177"
J1-PK) ' 31-KP) '« 3H = { 1 ]

In that case the loop H is said to be well connected.
Proof This follows from (2.3) or (2.4).

Remark From now on, all feedback loops H are supposed to be well con-
nected.

2.2.3 Doubly Coprime Factorization

Definition For a given plant P, all controllers K that lead to H € R ™™ ™"
with Rz being the selected ring of proper transfer functions with all poles con-
tained in a zone Z, form the set of factorizing controllers

K ¢ K(P) < H ¢ Ry (2.6)

Proposition A controller K is a factorizing controller if and only if there exist
M; e R}", X, € R, N.,Yr € R}™, Ng, Y € R;" with i € {R,L}
that satisfy the doubly coprime factorization

LMy N [-Xa Np]_[-X: Yp][Mp Yg
|\Yy, Xp||Yr -—-Mpg| | N —-M.y||Nrp Xz

win | P= MpNz'=N;'M,
K=XpY,;' =Y;'X,

2.7)

Furthermore all valid matrices X,;,Y; and so K are a function of a free param-
eter matrix @ € R7"™ and can be given by

[)}flﬂ = [)}fgg ]\]\/_;i] [é] with Y i invertible

X0 Yoo

(2.8)
[XL YL} = [1 Q] [N M } with Y, invertible
L L

with X0,Y ;o being a set of valid initial matrices that satisfy (2.7) and allow
the construction of all other solutions X ;,Y; using (2.8).

Proof Let plant P € F;"" and controller K € ;""" be factorized in coprime
transfer matrices that are members of the underlying ring Ry

P=MgN;'=N;'"M[
K=X,y, =Y, 'X)
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using (A.50) with M, € R}"™; X, € Ry, N, YR € R})™;Ngr, Y} € R".
With this factorization, H can be expressed as

MprNg' - C1y- - 0 1
H=[ o ] (1-Y, ' X;MpNg")™? [1 Y, 1X’L} + {0 0} =
- 0 1
}(Y'LNR—X’LMm Hvy X’L]+[O 0] (2.9)

Mg
Ng

according to (2.3), and as

1 B 1. _ 0 0
H= |:X/RY/R1:| (1-N'M XRYR )V [N'Mp 1]+ {1 0} -
Y’ _ 00
— [Xf;j (NLY, — M X7) ' [M, NL}+L 0} (2.10)

according to (2.4). The transfer matrix H has its poles in the predefined zone
Z and is realizable if and only if H € Ry ™™™ that is if the elements of H
are in Rz and thus are all proper transfer functions with poles in Z. It can be
seen from the two expressions for H above that this is true if and only if the
two inverses (Y, Nr— X7 Mp)~ ' and (N Y, — M X's)~! are matrices over
Rz which is equivalent of stating that Y, Ng— X7, Mg and N Y, — M X',
must be units over Rz so that

Y'Nrp— X, Mp=U,

, , (2.11)
with Ugr € R, U, € Ry" being unit matrices. The set of matrices
XR} [X’R} ) . .
= U right coprime
[Y Rl |V, YR & (2.12)
(X, Y. ]=U;'[X}, Y] left coprime
also form a coprime factorization of the controller since K = X RYI_%1 =

Yle r- The constraints for loop ring membership (2.11) can now be writ-
ten as

Y Np— X Mrp=1

NiyYr—M; Xrp=1

This requirement together with the coprime factorizations P = M rIN 1}1 =
N;'Mj and K = XgY ' = Y;' X which lead to M;Ngr — N ;Mg =0
and X Y r — Y Xr =0 can be represented by the matrix equation of (2.7).
According to (A.51) the set of matrices X;,Y; forms a coprime completion of
the plant’s coprime factorization. With the additional requirement of Y; to
be invertible, the set of matrices X ;, X; also form a coprime factorization of
the controller. Hence, this represents a doubly coprime factorization of P, K.
According to (A.52), all coprime factors X;, Y ; of the controller K that solve
this doubly coprime factorization for P can be parametrized by a parameter
Q € R7"™ and can be brought into the block matrix form of (2.8).
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2.2.4 Loop Factorization
Proposition All controllers K from the set K (P) of solutions of the doubly

coprime factorization (2.7) factorize the loop H in the form of

LRI

Yr 0 0}

H = {XR] (M, N_]+ L 0 )

with M; € R};", X; € R;™, N, Yr € R}’™, N, Y, € R;" and i €
{R, L}.

Proof This immediately follows from the above constraints for ring member-
ship (2.11) of the loop given by (2.9), (2.10) using the factorization (2.12).

Remark An alternative form of H in the form of a serial connection can be
given by

S I I A I A

0 Ngp||Yr -Mpg 0 Nz|l|ly, X, 1)
g_ X0 Y. Ty, 0] [Mp YR][Y. o© '
=N, —M;, 0 N.| = |Nz Xgzl|o0 N

which can be directly derived from (2.2). First using the coprime factorizations
of P and K gives

—1
K 1

H:{l P] _
[yr o0]1[-Xg Ng] ' [-X, Y,]'[y, o
“lo Ng||Yr Mgz ~|N, -M, 0 Ny

Then using the fact that the two block matrices in (2.7) are mutual inverses as
constraint for ring membership this immediately leads to (2.14).

2.2.5 Loop Decomposition

Proposition All controllers K from the set K(P) provide a decomposition
of the loop H that is linear in the parameter Q

H(Q)=H(0)+ [%ﬂ Q[M, N (2.15)

with H(0) being the loop of plant P fed back by the initial controller K (0).
The decomposition is illustrated by figure 2.3.

Proof The controller parametrization works in the way that if one valid con-
troller K(0) is known, then all other valid controllers K(Q) that keep the loop
formed with a given plant P in the selected ring Rz can be found by varying
the free ring transfer matrix @ according to (2.8). This variation will change
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Figure 2.3: Decomposition of the feedback loop by extraction of the free param-
eter Q.

the closed loop transfer matrix H which therefore is also a function of Q. This
function can be derived by substituting (2.8) in the loop factorization (2.13).
The first expression for H

- < fp

together with

vex-n all ¥

from (2.8) leads to

H@ =[N0 Vi Xul+ g o +|NE| @M N

H(0)
which shows (2.15). The second expression for H

o o2

1 0

together with

ER
Xr| |Xro Ngr||@Q
from (2.8) leads to
H(Q) = {)};ZE] (M Ni|+ {(1) 8} + [A]\/{j:] Q[M. Ni
H(0)

which also shows (2.15).
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O

A

Figure 2.4: Realization of a linear time invariant system with input u, output
y and system state x.

2.3 Passage to State Space

This section shows that a linear time invariant systems in transfer function
representation may also be described in state space representation. This has
an advantage in computer aided design of controllers since constant matrices
instead of polynomials are treated.

2.3.1 Realization of Transfer Functions

Proper transfer functions are physically realizable with the three common el-
ements adder, gain and integrator, whereas improper transfer functions would
require a differentiator that is not realizable. Any realizable system such as
the plant in figure 2.1 may be written in state space representation which is
therefore called a realization. In time domain it is given by

&(t) = Az(t) + Bu(t)

y(t) = Cx(t) + Du(t) (2.16)

for continuous systems and

z[k + 1] = Az[k] + Bulk]

y[k] = Cx[k] + Dulk] (2.17)

for discrete systems, with system state vectors x(t), z[k] and constant matrices
(A, B,C, D). For reason of clarity the argument ¢ is omitted in the following.
This representation is readily realizable with adders, gains and integrators or
delays as shown in figure 2.4. The link between this state space representation
in time domain and the transfer matrix P of the plant in frequency domain is
the Laplace transformation. By transforming (2.16), (2.17) and eliminating the
state @ it can be compared to (2.1) which then leads to

P(z)=C(z1-A)'B+D =: {%‘%}

with & € {s, z} for continuous and discrete systems respectively. Since (z1 —
A)~! = adj(x1— A)(det(x1— A))~! the eigenvalues of A are the poles of P(z).
The static gain is P(c0) = D.
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The equivalent of a transfer function having common zeros and poles is a
state space representation having uncontrollable or unobservable states. Like
transfer functions with no common zeros and poles, a completely controllable
and observable system is called minimal. However, whole transfer matrices
describing systems with multiple inputs and outputs may have no common
zeros and poles despite being non minimal. This is one of the reasons for the
description of systems in state space representation. The other reason is that
constant matrices instead of polynomials are treated which is a huge advantage
in computer aided controller design.

2.3.2 Realization of the Control Loop

Now let the state space representations of plant P, controller K and loop H as
in figure 2.2 be given by

_ Ap Bp _ AK BK _ AH BH
P_|:CP DP]7K_[CK DK}’H_{CH DH} (2.18)

then with (C.48), the state space matrices of H amount to

A, — [Ap + BpDgEpkCp BpEkpCik
" BgEpkCp A +BgkDpErpCgk

BPEKP BPDKEPK

B =
a | BkDpEgp  BgEpg } (2.19)

Cy = EpxCp DpEkpCk
| DxkEpkCp  EgpCik
Do — [DpExp  Epxk
"7 | Exp DgEpg

The inverses E;; = (1 — D;D;)~! with 4,5 € {P, K} must exist for P and K
to be placed in a feedback loop due to (2.5) and Dp = P(c0), Dg = K(c0). A
useful relation is EijDiDj = D1E],D] = DzDJEU = Eij — 1 which will be
applied throughout this text.

2.4 Fixed Order Controller Parametrization

This section shows why the controller parametrization in transfer function rep-
resentation is not well adapted to problems formulated in state space represen-
tations and presents a new fixed order parametrization derived from the set of
all linear controllers in state space representation that factorize the loop formed
with a linear plant on a ring R .

2.4.1 Need for a new Parametrization

Transferring the controller parametrization to state space description reveals a
practical problem. The loop decomposition (2.15) shows that by starting with
an initial controller K(0) that leads to an initial loop H (0), all possible loops
are found by varying a parameter Q. This means, in order to obtain a new
dynamic in H(Q), the initial dynamic of H(0) has to be cancelled out by Q.
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Cancellations of poles and zeros in transfer function representation correspond
to reductions of the state dimension in state space representation. If a system’s
state dimension can be reduced, then it is not minimal. Therefore H(Q) is in
general not minimal. To give an idea of the state dimensions encountered, look
at the way a new controller K(Q) is constructed from an initial K(0) as given
in (2.7) and (2.8).

The new controller’s factors X;,Y; with ¢ € {L, R} are obtained by (2.8)
which is a serial connection between the plant’s factors M, N; of state di-
mension pp and the parameter @ of state dimension py and then a parallel
connection of the result with the initial controller’s factors X;q,Y ;o of state
dimension pgq. According to the formulas for serial (C.46) and parallel (C.44)
connection, each such connection has the state of the connecting systems com-
bined so that px;yv: = pp + pxo + pg. The formulas for right (C.59) and left
(C.61) factorization show that the state dimension of K(Q) is the same as its
factors so px = pp + pro +pg. With the formula for the feedback loop (C.48),
the state dimension of H(Q) is py = 2pp + pxo + pg- Using this parametriza-
tion in state space description therefore lead to very large matrices that have
to be treated by the multiobjective optimization stage later on, which is not
desirable. Thus, in order to obtain reduced order controllers directly, the state
space expansion to large non minimal systems has to be avoided if possible.

The use of the parameter @ to parametrize the solutions of the doubly
coprime factorization (2.7) is therefore adapted to the transfer function repre-
sentation. To find the new parametrization adapted to the state space represen-
tation, the doubly coprime factorization has to be solved directly in state space
form. Then it is shown in the following that among all possible solutions there
exist fixed order solutions so that the loop H has a factorization (2.13) with
fixed order factors. Reduced order controllers can then be found by fixing the
controller state dimension to a value lower or equal to the plant state dimension
so that px < pp. Since reduced controllers are a subset of all controllers, this
comes at the cost of not parametrizing all possible controllers.

2.4.2 Fixed Order Loop Factorization

Definition For a given plant P with realization (Ap, Bp,Cp,Dp), all con-
trollers K € K (P) with a state space representation of fixed dimension pg form
the set of px -factorizing controllers

Kec K, (Ap,Bp,Cp,Dp) < K € K(P) with state dimension px (2.20)
Proposition For a given plant P with realization (Ap, Bp,Cp,Dp), a con-

troller K € K(P) is a px-factorizing controller if and only if at least one of the
following Riccati equations has a solution

0=[-Rip 1] Ay [Rlp} (2.21)
0=[1 —Rpx|]Apn [Ri”‘} (2.22)
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If Rip exists, the control loop H has a fixed order loop factorization in the
form of

(M 0o 1| .
H= ij Y. X.|+ [0 0} with (2.23)
M [ Ap+ BpFp | BpUp
[NR =| Cp+DpFp | DpUp
R I Fp Up
Y, X]-= | Ak + LxCk | Ly Bk + LgDg ]
| VkCk Vi VikDgk
_ 1 0
0 Ly _ [_RKP 1} 0 Ay By Ryp
Fp UpVg 0 [0 1] Cyg Dy

o o

If Rpyk exists, the control loop H has a fixed order loop factorization in the
form of

Yr 00 .
H = _XR:| [Mp, N.]+ [1 0] with (2.24)
[ Ap+LpCp | Bp+LpDp Lp
[Mr Nij= | VeCr | VpDp Vp
v [ Ax + BgFk | BkUk
{XR} = Fg Uk
R L CKJFDKFK DKUK

[o Lp }:'[1 “Rex] 0 HAH BH} [R}ﬂ 0
Fx UgVp 0 1 0]| |Cu Du 0 m

The matrices Ay, By, Cg, Dy are the state space matrices of the loop H as
given in (2.19).

Proof Condition (2.21) can be verified by using (C.59) and (C.61) to obtain
the right and left factors of plant P and controller K of state dimension pp
and pg respectively, see [7] for details. All other factors of that dimension are
related to these factors by change of basis, the freedom which will be accounted
for by using the basis transformation T' further below. Using these factors, the
loop factorization can be given by

- - - [212)-

Ap+BpFp BpUpViCgk | BpUpVik BpUpV gDk

- 0 A+ LgCg 5% B+ LigDg
| Cp+DpFp DpUpViCk |DpUpVg DpUpVigDg+1
Fp UPVKCK UpVik UpVigDyg
using (C.46). The general non factorized feedback loop is given by (2.19) so
that N
By
H=|22
i)
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These two state space representations of H have the same state dimension and
must therefore be equivalent in the sense of (C.35) for the controller to be a
member of K (P). Then according to (C.36) there must exist an invertible basis
transformation matrix T so that TA = AgT,TB = By,C =CyT,D = Dy
which can now be calculated using the partitioning

[y 3

The condition D = Dy provides
UpVig=FEkp (225)

The condition C = C'yT provides

CpW =Cp
CpX =0
" (2.26)
CkgZ =Cgk
Fp=Ekp(DgCp+CkY)
The condition T'B = By provides
XBg =0
ZBr =By (2.27)
XLx=(1-W)BpEgp '
ZLy = (BkDp —YBp)Egp
The condition TA = Ay T provides
XA =ApX
ZAx = AxZ (2.28)

WAp = ApW + (1 - W)BPFP

and

Y(Ap+ BpDgEpxkCp)+YBpErpCkY =
=BxEpkCp+ (Ax + Bk DpEkpCg)Y (2.29)
using (2.26) and (2.27). If there exists a solution Rixp = Y to this Riccati

equation, then a solution to (2.25), (2.26), (2.27), (2.28) also exists in the form
of

-
<
=N < XS
(TR
=y o R
X
]

= Ekp
Fp=Egp(DrCp+ CkgRikp)
Lx = (BkDp — RgkpBp)Ekp
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Hence T is invertible so that the state space representations (A, B,C, D) and
(Ag,Bpy,Cpy,Dp) are equivalent and thus H can be factorized in the form
of (2.23) by a controller of state dimension pg. This verifies that (2.21) is the
condition for K to be a member of K, (Ap, Bp,Cp,Dp) C K(P). The proof
of condition (2.22) is similar.

Remark 1 The Riccati equations (2.21) and (2.22) can also be written in the
Radon form

Ay [R:;P] - {Rip] (Ap + BpFp)

[1 _RPK] Ay = (AP + LPCP) [1 _RPK}
which follows by calculating
Ay 1 | _| Ap+BpDgEpkCp+ BpEgpCkRip
Rkp BiEpCp+ (Axk + Bk DpErpCk)Rkp

_ |: Ap+ BpEkp(DkCp+ CgRikp) :|
Rip(Ap+ BpDgEprCp)+ RxkpBpErkpCgRip

:[ Ap+BoFp ]:{ 1

A BpF
Rigp(Ap+ BpFp) RKP:|( r+BrFr)

using Fp = Exp(DgCp + CxRip) from (2.23) and the Riccati equation
(2.21). The proof for the second line is similar, this time using Lp = (BpD g —
RpxBk)Epk from (2.24) and the Riccati equation (2.22).

Remark 2 The existence of solutions of (2.21) and (2.22) does not depend on
the selected state space basis of plant or controller which can be seen by taking
all equivalent state space representations of P, K in the form of

TpApT;' | TpBp } K- [ TxAxTy' | Tk Bk ]

P=1"¢c,r.t | D» CxT. | Dx

with T'p, T invertible. This leads to the loop dynamic matrix
—1
[T, 0 Tp 0
Ap(Tp,Tk) = [ 0 TK:| Ay [ 0 TK:|

with Apy given in (2.19). The Riccati equations (2.21), (2.22) can then be
written as

0=[-Rgp 1] ﬁp J?KTAH(TP,TK) [1;)1) TOK] [RLP]

o~ g 2] wrenn 2]

Since T'p, T'i are invertible, this can be reshaped to

B 1
0— [—TKRKPTpl 1] Apg(Tp,Tk) [TKRKPTI_J}
TPRPKTK1:|

0=[1 -TpRpxTy'|An(Tp,Tk) { |
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Hence the solutions of the transformed Riccati equations are given by
Ryip(Tp,Tx) =TkRrpTp'
Rpx(Tp,Tr) =TpRprT#

so that these solutions exist if and only if Rxp, Rpk exist.

2.4.3 Existence of Solutions

Proposition A sufficient condition for the solvability of both Riccati equa-
tions (2.21) and (2.22) is given by

Ay is diagonalizable = Rpgx and Rip exist (2.30)

with Ay being the dynamic matrix of the loop H as given in (2.19). In this
case both Riccati equations (2.21) and (2.22) have solutions and K admits both
loop factorizations (2.23) and (2.24). Some examples are given after the proof
to illustrate the situation if Ag is not diagonalizable.

Proof Since Apy is diagonalizable we can write
AgV =VA (2.31)

with invertible V' containing the eigenvectors of Ay and diagonal A containing
the eigenvalues of Apy. Since V is invertible, it can be arranged in a way

vV — Vrep Vpk
Vikr Vikk

with V pp invertible. Since A is diagonal we can now write (2.31) in the form

Ay Ver Vpx| _|Vpep Vpk||Ap 0
Vikp Vkk Vikp Vikr|| 0 Ag
}T

Right projection with [1 0| leads to

Vpp] _ {Vpp VPK} [AP} _ [Vpp

A A
H[VKP Vikp Vir|| 0 VKP] P

Right multiplication with V;}D gives
1 1 1
A 1] = 1| VppApV
" |:VKPVP}3:| [VKPVP}J rrErT e

Left projection with [—VKPV;}D 1} leads to the Riccati equation

_ 1
[~-VkpVpp 1] Ag {VKPV;}J =0

which is identical to (2.21) so that a solution Rxp = VKPV};}D has been found.
The proof for Rpy is similar.
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Example 1 Let a plant P and a controller K be given by

[ A+1]1 0 B
P—[ﬂﬁ}’f{—

1 -1
Epk =1, EKP:[O 1]

The matrices

are invertible so the loop H is well connected. Its dynamic matrix is then given
by
A0
an=[

Of the Riccati equations (2.21) and (2.22) that simplify to

0=1

0= R%DK
only the second one has a solution

Rprk =0

This is therefore an example of a controller that is a member of K7 (P) C K(P)
albeit one that admits only one loop factorization.

Example 2 Let a plant P and a controller K be given by

P P 310
1 —-6]0 3 110 2
0 110 0 o
The matrices _ }
1 6 1 3
Epk = [0 1} s Exp = o 1]

are invertible so the loop H is well connected. Its dynamic matrix is then given
by

Ay =

_ o O

0
0
0

S = O

However the Riccati equations (2.21) and (2.22) that simplify to

0= Rkp [(1) Rygp—[1 0]

0=Rpx[l O] Rpg— m

have both no solution. This is therefore an example of a controller that is not
a member of K7(P) since it admits no loop factorization.
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Example 3 Let a plant P and a controller K be given by

-1 011 0
0 —-2]0 1
P_17603
0 110 0

The plant and the matrices Epg, Exp are identical to the ones in example 2
and the controller has the same transfer function than the one in example 2,
but an unobservable state has been added to the controller. The loop dynamic
matrix is now given by

0 0 0 0
0 010
An=11 0 0 o
01 0 X
Of the Riccati equations (2.21) and (2.22) that simplify to

00 10 0 0
0=Rgp {1 O}RKP_{O 1]_[0 A]RKP

0 0 0 0
O_R%K_L 0}+RPK[0 )J

the second one has a solution if X\ # 0

0 0
R =
I
This is therefore an example of a controller that is a member of K3 (P) C K(P).
This stands in contrast to example 2 since the only difference is an unobservable
state with a new eigenvalue A # 0 that is added to the controller, while the
transfer functions are all exactly as in example 2. Together with the result of
example 2 this means that K is a member of Ko(P)\ K7 (P) and therefore K is
a loop factorizing controller but the dimension of its state space representation
given in example 2 was too low. Thus a controller in state space representation
can become loop factorizing by increasing its state dimension.

2.4.4 Relation to Estimator Corrector Type Controllers

An estimator corrector type control is characterized by exhibiting the separa-
tion principle which states that the control task can be separated into a state
estimator part and a state corrector part and both parts can be designed inde-
pendently, a fact that is reflected by the eigenvalues of the loop dynamic matrix
Ap being the union of the eigenvalues independently determined by the esti-
mator and corrector stage. In the following it is shown that the fixed order
factorized loop resembles an estimator corrector type controlled loop in that an
estimator mismatch € is formed between the controller part of the state vector
x i and a projection of the plant part of the state vector p in the form of
€ =x&x — Ripkp in the case of factorization (2.23) or with indices exchanged
in the case of factorization (2.24). Despite the similarities, it does however not
exhibit the separation principle, so that the notation general estimator corrector
seems more appropriate.
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Proposition For a given plant P, a controller
K is of the general estimator corrector type < Rip or Rpk exist  (2.32)

with Rip and Rpk being the solutions of the Riccati equations (2.21) and
(2.22).

Proof Assume the existence of Rip, Rpx. Then the basis of the loop’s state
space representation H as given in (2.19) can be changed using matrices

[1 Rgp 1 o
TKP—[O 1 :|7TPK—|:RPK 1}

so that

oo { T AnTkp | TpBu ] _ { TrxAnTrk | T Bu }

CuTkp | Dy CuTpx | Dy

Using (2.23) and (2.24) this leads to the following equivalent state space repre-
sentations of the closed loop system

¢ — Rgpip| _ |Ax + LxCk 0 Tzx — Rgpxp n
BpErpCx Ap+BpFp Tp

—BK + LgDg Lk | |:’I.U]

| BpPDgEpx BpEgp| |v

u _ ErpCik Fp rx — Rgpxp +

] DpEgpCr Cp+DpFp Tp

(D Epk Exp w]
Epk DpEgkp| |v]

for R p and

Tp — RPK-’BK Ap+ LpCp 0 zp — RpxTi n
BrxEpkCp Ag+ BgFgk Tk

{BerLpr Lp ] [v}

+

BxDpEgp BgFEpk| |w

y| _| EpxCp Fy rp — Rpxxi n
DgFEpxCp Cg+ DgFg Tx

n |:DPEKP Epk } {U}
Exp DgFEpg| |w

(2.34)

for Rpg. It can be seen by the structure of the transformed closed loop system
(2.33), that the fixed order factorization describes a form of general estimator
corrector type control in which the plant’s state xp is projected onto the range
of Pxp and then compared to the controller’s state xx. The fact that the
estimator mismatch xx — Rixpxp becomes an independent state of H due to
the block triangular structure of the dynamic matrix Ay already shows the
separation property of estimator corrector type control. However, unlike with
actual estimator corrector type control, the matrices F p, Lk are in general not
independent design variables but are rather both a function of Rg p according to
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(2.23), so the separation principle that helps in the design of common estimator
corrector type controllers is in general not valid. The same is true in the dual
case (2.34) for Fi, Lp that are a function of Rp according to (2.24).

Proposition For a given plant P, a controller
K is of the estimator corrector type & Rk p and Rpg invertible (2.35)

with Rip and Rpg being the solutions of the Riccati equations (2.21) and
(2.22).

Proof Assume the existence of an invertible Rpg. Then Rpg solves

[1 —Rpx] Ay {RPK} —0

1

according to (2.24). Left multiplication by —R;}( and right multiplication by
R;} leads to
[-Rpyx 1] Ay {R;}( =0

Comparing this to (2.23) shows that there exists a solution Rxp = Rpj. This
also works in the reverse direction so that R;k exists if and only if R;(IP exists.
The state space basis transformation ¢, = Rpxxx with Rxp = R;,}( and
accordingly

AIK B/K:RPK 0 AK BK RKP 0
C Dg 0 1||Ckg Dg 0 1

together with F'K = FrRigp and L’K = Rpx Ly leads to

Fp=Egp(DgCp+C)
Lp = (BPDK — B/K)EPK
Fi = Epg(DpC + Cp)
L. = (BxDp— Bp)Exp

using (2.23), (2.24). This further gives

kx + BxFyx =Ap+BpFp
A + L Cx = Ap + LpCp
4 L\ Dy = —Lp
_IL'.=Bp+LpDp
'+ DiF) = Fp
Fy=Cp+DpFp

Since Rixp, Rpx are assumed to exist, the state space representations of the
closed loop system can be written in the forms (2.33), (2.34) which can now be
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given by
T —xp| | Ap+ LpCp 0 z) —xp .
&p i _BP(FP_DKEPKCP) Ap+ BpFp Tp
n —Lp —(Bp—FLpr) w
| BpDrkEpk BpEgp v
u| [ Fp—DgEpgCp Fp xh; —xp N
y| |Dp(Fp—-DgkEprkCp) Cp+DpFp Tp
n [DxEpx  Ekp w
Epx  DpEkp| |v
(2.36)
or alternatively by
J.ZP—Q'S/K_ . [ Ap+ LpCp 0 IEP—ZL'/K I
iy | |(BpDxEpkx —Lp)Cp Ap+ BpFp 2!
I Bp+LpDp Lp ] [v}
(BpPDgEpx —Lp)Dp BpDygEpg — Lp| |w
y| [ EpxCp Cp+ DpFp| [xp — ) N
u_ o _DKEPKCP Fp CI:/K
i [DpExp  Epk v
Exp DgEpg| |w
(2.37)

In contrast to (2.33), (2.34), the matrices Lp, F p are now independent param-
eters so that the separation principle is now valid and thus the controller is of
the estimator corrector type. The controller can then be given explicitly

' =Ap—BpDyCp+ BpEFp+ LpEpkCp+ LpDpEWFp
By = BpDg — LpEp}.
w=EpFp—DgrCp
(2.38)

as a function of the design parameters Lp, F'p. The dynamics of the controller
can then be given explicitly as well

tx = Apzx + Bp(u—v)+ L(y — yg)

estimator
{ Yg = Cpxix + Dpug

corrector { u—v=ug+Dr(y -y
UK = FwK
with F = Fp,L = —LpEIZ}( and it can be seen that K is the generic esti-
mator corrector type controller, consisting of a Luenberger state estimator with
arbitrary parameter L and a static state corrector with arbitrary parameter F'.
Now suppose K is of this generic estimator corrector type

[

C,. | Dx

with A%, B, C' as given in (2.38) for arbitrary Fp, Lp, Dg. Then accord-
ing to (2.19) and using this generic estimator corrector type controller K the
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dynamic matrix of the loop H gives

Ap+ BpDgEpgCp BpFp—-BpDgEpkCp

A =
H = \BpDgEpgCp— LpCp Ap+ Bp(Fp— DgEprCp)+ LpCp

Then clearly
1 1
-1 1] Ay M =0=[1 -1]Ay M

so that the Riccati equations (2.21) and (2.22) thus have the trivial solution
Rixp =1 = Rpg. This means that the generic estimator corrector type con-
troller, which is given explicitly in (2.38) and which can therefore be constructed

for any given plant P, is a factorizing controller of state dimension px = pp,
hence (2.35) follows.

Remark If the state space representation of a given plant P of dimension pp is
minimal, which is equivalent to it having full McMillan degree §(P) = pp, then
there always exists a factorizing controller of state space dimension px = pp
independent of the selected underlying ring Rz so that the Riccati equations
(2.21) and (2.22) have a solution and

P minimal = K,,(Ap, Bp,Cp, Dp) is nonempty (2.39)

which due to (2.20) implies that K(P) is nonempty and the doubly coprime
factorization (2.7) has a solution. This stems from the fact that if the state
space representation of P is minimal, it is controllable so that the eigenvalues
of Ap + BpFp can be assured to lie in a zone Z C C and it is observable
so that the eigenvalues of Ap + LpC'p can be assured to lie in the same zone
Z. Hence, due to the block triangular structure of the loop dynamic matrix in
(2.36) and (2.37), H € RY™™™*" with Ry being the ring of proper transfer
functions with all poles contained in a predefined zone Z so that (2.39) follows.

2.4.5 Parametrization of Fixed Order Controllers

There is a reversible relation between the controller K and the factors X, X g
in the form of K = X pY 3! = YilXL which leads to the idea of the following
change of variables.

Definition The factors X 1, X i of the controller K which appear in the fixed
order loop factorizations (2.23), (2.24) can be made independent of U, V ik by
defining

_ _[Aqr | Bor | .
Q. =UpX = Co: [Das with
AQL BQL _ (1 Ly Ax By (2 40)
Cqor Dgp 0 Exp||Cxk Dg '

_ _ [ Aer|Bor | .
QR_XRVP_ _TQR‘TQR Wlth

AQR BQR _ _AK By 1 0 (241)
Cor Dgr Ckx Dgk| |Fx Epk '
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Since they are based on the controller’s factors X, X p there is a relation
between these variables and the controller K in the form of

K=Qi(YrVp)'=UpYL)'Q, (2.42)
Proposition The new variables Q; and Qp that parametrize the controller
K as defined in (2.40) and (2.41) respectively, lead to the loop’s state space
matrices Ag, By,Cu, Dy becoming linear in Ag;, Bg:i, Cgi, Dgi with i €
{L, R}. In addition to that the quadratic Riccati equations (2.21) and (2.22)
turn into linear Sylvester equations for Rxp and Rpg respectively.

The following tables translate recurring terms appearing in the state space
matrices of the loop (2.19) and the Riccati conditions (2.21), (2.22) in the new
parametrizations.

Original Term

Term using Q.

Riccati (2.21)
Ax+BgDpEgpCgk

BgEpk

ErpCxk

ExpDyix = DgFEpk
Exp=UpVg
Epx =UgkVp

Ly

Fp

A+ LgCg

B + LgDg

Original Term

RigpAp=AqgrRxp+ BorCp
Agr + RgpBpCogr
Bgr + RxkpBpDgr

Bg,Dp — RxpBp
DqgrCp+CorRip
Agr

By,

Term using Qp

Riccati (2.22)
Ag +BgDpEgpCg

ExpCxk

BxEpk

DyxEpx = ExpDg
Epg =UgVp
Exp=UpVk

Fg

Lp

Ag +BgFg
Cg+DgFg

ApRpix = RpxAgr — BpCgr
Aqr — BorCpRpik
Cor — DorCpRpk
Bor

Don

1+ DPDQR

1+ DgrDp
DpCor+ CpRpi
BpDgr — RpxBgr
Aon

CQR

(2.43)

(2.44)

Proof This follows if the definitions (2.40) and (2.41) are applied on the loop’s
state space matrices (2.19) and the Riccati conditions (2.21), (2.22).

2.4.6 Controllability and Observability

Proposition The right and left parametrizations respectively preserve con-
trollability and observability of the controller

K controllable < @ controllable

(2.45)
K observable & Q) observable
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Proof This can be verified by application of (C.33) on K, so that K is un-
observable if and only if there exists an eigenvector @ with Axax = Ax and
Ckx = 0 which is equivalent to Axx + L (Cgax) = Ax and ExpCrax =0
since E p is invertible. This again is equivalent to Agrx = Az and Corx =0
which is true if and only if @ is unobservable and thus verifies the second line
in (2.45). The proof for Qp is similar.

2.4.7 Necessary Condition for Loop Ring Membership

Proposition Ring membership of the parameters is a necessary condition for

loop ring membership
KeK(P)=Q, cR;"™ (2.46)

for i € {L, R}.

Proof Thisis an immediate consequence of (2.7) which for K € K(P) requires
X, € R};™. Since Q;, = UpX and Qp = XpVp with Up,Vp being
constant matrices. This can also be deduced from the triangular structure of
the base transformed dynamic matrix Ay of the loop H in (2.33) and (2.34)
where the dynamic matrices Agr, = Ax + LxCg and Agr = Ax + B Fk
of the parameters Q; and Qp are blocks on the diagonal.
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Chapter 3

Stable Observable Pairs

This chapter introduces the notion of square lossless systems and provides a
parametrization of stable observable pairs by solving a Nudelman interpolation
problem. It has been shown in [2] that lossless systems and the stable observable
pairs that can be extracted from them form a differentiable manifold. The
controller K is in general not stable, so this parametrization can not be applied
to K directly. However, it has been shown at the end of chapter 2 that the left
parameter @; needs to be stable for the loop H to be stable and it needs to be
observable for the controller K to be observable. The parametrization of the
stable observable pair contained in Q; then allows to vary the entire parameter
Q@ infinitesimally. This enables differential calculus to be carried out with Q.
which will be important in the optimization stage in chapter 4.

3.1 Lossless Systems

This section develops representations of discrete square lossless systems from an
energy conservation law. It further shows that any stable observable pair can
be completed to a discrete square lossless system.

3.1.1 Transfer Function Representation
If the output energy of a system L equals its input energy then it is energy

conserving and L is called a lossless system.

Proposition A transfer function L represents a discrete stable lossless system
if and only if
L7 (&™) L(e®) =1 (3.1)

with its analytic continuation

L7z Y)L(z) = 1 almost everywhere (3.2)

Proof To verify this, the energy conserving property has to be exploited. The
H2 norm of a signal provides a measure of the energy contained in the signal.

29
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A linear time invariant system y = Lu is lossless if the energy of the output
signal equals the energy of the input signal

1Yl = [lwllas

According to (B.16) and (B.13) the H2 norm of a signal y analytic in D = {z €
C: |z| > 1} is given by

j2m o 2
ly(D)ll 2 = [|y(e™*™)]| 1, = \//Rlly(ej2 DI dt
The simplest result will be obtained when using the matrix 2 norm (B.7) which

can be given by
|zl = Vaz

for any vector . The H2 norm of the signal y is then given by

(D)l 122 = ¢ / Y (327t Yy (e2mt )t

Applied to the energy conservation condition of a lossless system provides

Ny (D)l g2 = \//R Y (e2)y(er?m)dt =

— \// wH (e327t) L (127t) [ (e327t )y (ed2nt)dt =
R

L \//RUH(ejzm)u(eﬂﬂt)dtz [|[w(D)|| o

The general solution for all inputs w is
L7 (7™ L(e7?™) = 1; Vt€R
so that (3.1) follows. In order to show the analytic continuation, define
F(z)=L"EzYL(z) -1

which is analytic except at its poles and by (3.1) satisfies F(e/®) = 0 on the
unit circle. Since L(z) is stable, it has all its poles strictly inside the unit circle
and consequently L' (z71!) has all its poles strictly outside the unit circle so
that F'(z) is analytic on a small open neighborhood of the unit circle. Then
(B.4) applies and states that if F'(z) = 0 is true on the open neighborhood of
the unit circle, then it is also true almost everywhere, that is everywhere except
at its poles. This then verifies (3.2).

3.1.2 State Space Representation

A discrete lossless system L(s) is called square if its transfer matrix has an equal
number of columns (inputs) and lines (outputs).
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Proposition A minimal realization (A, B, C, D) represents a discrete stable
minimal lossless system if and only if

A B)[C A B-[S Jwneso ey

where G, G~ are the system’s Gram observability and controllability matrices
respectively.

Proof This can be verified by applying the lossless condition (3.1) on a transfer
function L(z) given in terms of the state space matrices A, B,C, D as in (C.7):

1=L"(2)L(z) = (C(x1 - A)"'B+ D)" (C(:1- A)"'B + D)

for |z| = 1< z = 2z~1. This develops into
1=L9>)L(z) = B (z7'1 - A" 'cfC(:1 - A)'B+
+B (11 - A"Yy"1c¥ D+ D"C(:1- A)"'B+D"D (3.4)

Since L(z) is required to be stable, the inverse (21 — A)~! = z71(1 —271A)~!
and thus also (21 — A%)=1 = (2711 — A")~! = 2(1 — 2A") " exist for |2| =

1 & 7z = 27!, And since the realization of L(z) is furthermore required to

be minimal and thus observable, according to (C.34) there is a unique Gram
observability matrix G > 0 that solves

G-A"gA=cCcC (3.5)

In order to simplify the lossless condition (3.4), the expansion of the following
product is helpful:

(z"1-A"G(21-A)=(1-24")G(1 - 271A) =
=G1-2t'A)+(1-:24"MG+ A"GA -G =
=G(1-z'A)+(1-2aMG-CcfC

using (3.5). Left multiplication by (1 — zA)~1 and right multiplication by
(1 —271A)7! leads to

(1-zAHcica-tA) " =("11- A CciC(z1 - A =
=G1l-:'A)'+(1-:24"'G-G
The matrix relation (A.56) can be used to obtain

1-z'A) ' =1+4+21A0-21A) ' =1+ A(:1 - A)!
(1-2AT) V=14 (1—2A") A =14 (711 - Ay Al

and thus

(z"1-A")1CHC(:1-A) ' =GA(:1-A) "1 - AT A G+ G
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Substituting this in (3.4) gives
M1 -A)'B+BY:""1-A")"'M=N

with M = APGB+C" D and N =1-B"GB—- D" D. According to (A.67),
the inverses can now be developed in geometric series:

—1

(21-A) =211 -z1A) =271 Zz_kAk = Z kAR
k=0

k=—o0
> ko —k—1
(z7'11 - AF)L =21 — zAH) ! zzszAH :szAH
k=0 k=1

Now the lossless condition writes as
—1 [e’e)
MH < 3 zkAk1> B+ BY <Z zkAH’“‘1> M=N
k=—o00 k=1
which is equal to
M7AIB, k< -—1

(o]
> *Fj =N with F =3 0; k=0
[l BTAT A k>

Comparing the coefficients provides
M" B AB A’B---]=0fork#0
N =0for k=0

But since the realization of L(z) is required to be minimal and thus controllable,
according to (C.31) the matrix [B  AB A’B-- ] has full line rank and thus
a discrete square stable minimal lossless system is characterized by

M=A"GB+C"D=0
N=1-B"GB-D"D=0
in addition to (3.5). Assembling these three equations leads to the block matrix
form of (3.3).
3.1.3 Discrete Lossless Completion

Proposition A stable observable pair (A, C) with Gram observability matrix
G can be completed by a pair (B, D) so that the realization (A, B,C, D)
represents a discrete stable minimal lossless system

o o] 3 5[ 2[5

parametrized by {g} = [go} U
0

(3.6)

with U unitary.



3.1. LOSSLESS SYSTEMS 33

Proof This is due to the fact that observability of the pair (A € C»™,C €
C™™) implies the existence of a Gram observability matrix G > 0 so that

1 H 1
G2 A G2 A
C C
according to (C.34) and (A.77). This shows that
G:A|_
C

AHGAJrCHC[ ]Gzo

rnk [

so that according to (A.80) there exist orthogonal completions

BB

parametrized by invertible T' so that

A ([ ) A RIETR) R

G—1!

The restriction

N

SERE

with U unitary, reduces the set of orthogonal completions to
X| | Xo
M - {YO] U (35)
Xo| _[Xx0] ([x01" [X5])
Y Y, Y, Y,
x1" X7 _
Y Y|

is fulfilled. This together with (3.7) gives

G® 0] [AGg'A” AGc7'c"l[G: o N xx" o xy™
0o 1| |lcct'A” cc'ct||o 1 Yyx? yy?|

with

D=

so that the constraint

which can be written as

EoIl T e

With the definition of B = G 2X,D =Y and By = G~ %X, Dy = Y the
orthogonal completions (3.8) are given by

-]l e

and equation (3.9) can be written in the form of (3.3) so that (3.6) follows.
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3.1.4 Link to Conjugate Realization

Proposition If an observable pair (A, C) has a matrix I that solves

elrelo 31e] a0

then I is unique and invertible.

Proof Assume there exists a matrix I that solves (3.10). Since the pair (A, C)
is observable the observability matrix

C
o-|CA
has full column rank and provides
or=0

using (3.10). Suppose I not uniquely determined by (3.10) then there should
exist another I' # I with OI' = O hence O(I — I') = 0 which contradicts O
having full column rank so that I must be unique. Suppose I not invertible
then there should exist a vector z # 0 with Iz = 0 hence OIz = 0 which
contradicts O having full column rank so that I must be invertible.

Proposition If the observable pair (A, C) of a discrete stable minimal lossless
system (A, B,C, D) has a matrix I that solves (3.10) then it also solves

TA Rl Ir-1!
e o=l vl ol o 610
with unitary U given by
U=B"1"¢B+D"D (3.12)
and the Gram observability matrix G of the conjugate pair (A, C) satisfying
G=1"GrI (3.13)

Hence the lossless system is real in the sense of (C.27) if and only if U = 1 due
to (C.28).

Proof Assume there exists a matrix I that solves (3.10) for the observable
pair (A, C) of the discrete stable minimal lossless system (A, B,C, D). The
Gram observability matrix G > 0 is uniquely defined by

A"gA-Gc+cic=o0
according to (C.34). With (3.10) the conjugate of this equation provides

AT HGr*A-rfigrt*+cfc=o
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Subtracting this from (3.10) gives
ARG -TT"GIr YA—-(G-T"GIr ) =0

This is a Stein equation and according to (A.88) has a unique solution (3.13)
since A is stable. With (3.10) and (3.13) the conjugate of the lossless condition
(3.3) provides
A 1B]"[G 0][A IB] [G o
e Bl 5yl Bl-[5 Y]
Thus (B, D) and (I B, D) are two lossless completions to the pair (A, C). Then
according to (3.6) there exists a unitary U so that

B I 0| |B

o= lo 5l
Together with (3.10) this can be written in the form (3.11). Due to (3.3) we
can rewrite (3.11) in the form of

I 0] [G o]'[A B]"[G o][T 0][A B
o v’/ |o 1] |Cc D] [0 1]|0 1]|C D
so that U is uniquely defined and (3.12) follows.

3.2 Nudelman Interpolation Problem

This section introduces the Nudelman interpolation problem and provides a
solution to it in the form of a constraint on general discrete square lossless
systems. Extensive work on this subject has been done in [11] wherein it is also
shown that the Nudelman interpolation problem is a matrix generalization of
the Nevanlinna-Pick interpolation problem. A parametrization of the solutions
of the Nudelman interpolation problem then leads to a parametrization of stable
observable pairs.

3.2.1 Interpolation Problem Definition

The Nudelman interpolation problem consists of finding a discrete lossless system
L(z) which for a given stable and observable pair (Ag, Cp) and interpolation
value W solves

1
- 7f LY (31)Co (21 — Ag)~'dz (3.14)
2’/T] c
with C = {z : |z| = 1} being the unit circle and §(L) = col Ay, which means
the McMillan degree of L equals the state space dimension of Ay. Note that
L(z™Y) = L™ '(2) due to (3.2).

Proposition The Nudelman interpolation problem (3.14) has an explicit so-
lution L(z) if the existence condition

3G >0: AlGgA, -G +clico,=w'w (3.15)
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is satisfied. The solution L(z) then has a stable minimal state space represen-
tation (A, B,C, D), with Ag, A having same dimension, that is constrained

) i

with L(z) = C(z1 — A)"!B + D being a square stable minimal lossless system
with Gram observability matrix G and

0<G <Gy (3.17)

wherein Gy is the Gram observability matrix of the pair (A, C)).

Proof In order to verify (3.16), let (A’, B',C’, D') be another minimal state
space representation of L with the dynamic matrices Ag, A’ having same dimen-
sion, then with L¥ (z7!) = BH(2=11 — A"™)~1C"" + D'® | the interpolation
problem (3.14) writes as

1
W = B’HT% (z7'1 - A 1C' Cy(21 — Ag)~tda+
] Jc

- D’HCO%% (21 — Ag)dz
C

For the first integral, using (A.56), we get

(z7h1—AH)"L = (1 — zAH) !
(21— Ag) t=2"11—-271A)) =271 (21 — Ap) Tt A + 1)

For the second integral, using (A.67) on (21 — Ag)~! we get
(21— Ag) =211 -2t =271 szkAg = Z zf(kJrl)Ag
k=0 k=0

which converges on C' since Ay is stable. Using (B.3) the residue of this function
is 1 and the second integral can be evaluated as

1
D'"cy— f (21 — Ag)"'dz = D'H C,
271'] C

so that the interpolation problem can now be written as
1
W = B’H—,j{ (1 —2A)TCHCo(21 — Ag)~tdzAp+
271'] C

+ B’H% yf (1-zA""tdc™"c, + D' C,
Ty Jc

For the first integral, define

1

= 507 (1—2zA™M71C Cy(21 — Ap)~tdz (3.18)
c
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which is a square matrix since Ay, A’ are required to have same dimension. For
the second integral, using (A.67) on (1 — zA"7)~1 we get

(1—zAM)~ Z kit

which converges on C since A’ is stable. Using (B.3) the residue of this function
is 0 and the second integral can be evaluated as

1
B’H2—j f (1—zA"Mtdzc'"cy=0
Ty Jo

so that the interpolation problem can now be written as
w =B"TA,+ D" C, (3.19)

A matrix equation for T as defined in (3.18) can be constructed by calculating
1
AT A, = ﬂ?{ AH(1— 2AM) 1O Co(1 — Ag) ' Agd=
] Jo

Again using (A.56), we get
AHQ — A = A (1 — AP = (1 - zA ) 1)
(Z]. - Ao)_lA() = (1 — z_le)_lz_le = (1 — Z_le)_l -1
so that
APTA =T - QL% 2711 - AL d0 Cp—
)

1 1
—c'o, 0525 P, (21 — Ag)tdz + %7{ a0 Cy
C

For the first integral, using (A.67) on 2~ (1 — 2A"7)~! we get
(o)
(1 - ZA/H —1 Z kA/H ZZkAA/Hk

which converges on C since A’ is stable. Using (B.3) the residue of this function
is 1 and the first integral can be evaluated as

1
— ¢ 211 -zA" a0 ey =P e,
21y
For the second integral, using (A.67) on (21 — Ag)~! we get

(21— Ag) ' =21(1-2"A) " = 122%4‘“ > ek A
k=0

which converges on C since Ay is stable. Using (B.3) the residue of this function
is 1 and the second integral can be evaluated as

cticy— 7{ (21 — Ag)"ldz = C'"C,
2mj Je
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For the third integral, using (B.3) the residue of z~! is 1 and the third integral
can be evaluated as

— ¢ 'dzC"MCy =My
2nj Jo
Assembling the expressions leads to a Stein equation for T’

APTA —T+C Cy=0 (3.20)

which according to (A.88) uniquely determines T since Ay, A" are stable and
thus have eigenvalues |[Aa| < 1,|Aa/| < 1. Together, matrix equations (3.20)
and (3.19) can be written in block matrix form

A BT o0][A)] [T (3.21)
Cc' D 0 1| |Cy| |W '
Since (A’, B, C’, D') is a minimal state space representation of square lossless

L, the adjoint Gram observability matrix G’ > 0 exists and (3.3) applies, so
that (3.21) provides

H -1
H -1 Hyxr | T G 0 T|
rierewiw = oSS ] -

0
(A" [T ol [a” B[G o] '[a BT o] 4] _
| Co 0 1 C'" Do 1 Cc' D 0 1| [Co|
(A" [T 0]"[a" o' [T 0] [A.]
T |Cy 0 1 0 1 0 1| (Cy|
=AlTia'TrA, +clc,
Comparing this to the given existence condition (3.15) provides
TG 'T=G >0 (3.22)

This means, if the existence condition (3.15) is satisfied, the square matrix T'
has full rank which implies T to be invertible. Hence (3.21) can be written as

i\ H
TH 0] [A B[T? o] "\ [4] [1
0 1]|C" D'||o 1 Co| |W
which makes it clear that T is a state space basis transformation matrix as in
(C.36) that naturally leads to a new state space representation (A, B,C, D)

with

G o][A B][G o] [r7 o][A B][T? o]’

0 1||C D|]|o 1] ~ |0 1]/|C" D'||0 1
so that (3.21) leads to (3.16). The old state space representation (A’, B',C’, D")
being stable minimal lossless with Gram observability matrix G', (3.3) provides

A B1"[a o][A B] [G o
¢ Dp| |o 1]|c DT |o 1
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Transformed to the new state space representation and using (3.22) gives

A Bl"[G o0][A B] [G o
C D 0 1/|C D| |0 1
from which can be seen that G is the Gram observability matrix of the state
space representation (A, B, C, D) of the discrete lossless system L.
Condition (3.17) can be readily verified by subtracting the solution existence

condition (3.15) from the Stein equation for the Gram observability matrix Gg
of the pair (Ag, Cyp) in (C.34) which gives

AT Gy -@)A)— (G- G)+WHW =0 (3.23)

According to (A.89), this new symmetric Stein equation has a unique solution
Gyo—G >0 G < Gy since wiw > 0 and Ag is stable and thus has
eigenvalues |[A4| < 1.

3.2.2 Interpolation Problem Solution

Proposition If there exists a matrix G > 0 that verifies (3.15), the interpo-
lation problem (3.14) has a lossless solution L with state space representation
(A, B,C, D) constrained by (3.16). Then the general solution is given by

A Bl _ [A;, G'GyBo| [T o][Gg wW" (3.24)
C D| |Cy Dy 0 S|w -1 .
with
S = (B GoG'GyBo + D{/ Dy) 2 (1 + WG'W")~3 (3.25)
T=(G+wiw)! |

and (Byg, Dg) being any lossless completion to the observable pair (Ag, Cy) with
Gram observability matrix Gy, as in (3.6).

Proof To verify this, first note that according to (3.6), an observable pair
(Ag, Cp) with Gram observability matrix Gy > 0 can always be completed by
(B, Dyg) so that

Ay Bol"[Go 0][Ay Bo] [Gy © (3.26)
C() Dy 0 1 C() Dy ) 1 ’
Now the constraint (3.16) can be written in the form
A Bl[1 X] [A, Bo
[C D} {W Y} = [CO DO} (3:27)

so that the state space matrices (A, B, C, D) of the interpolation problem solu-
tion L are a function of yet unknown matrices X ,Y that have to be determined
in the following.
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Since L must be lossless and thus satisfy (3.3), this condition can be used
on (3.27) to obtain a constraint for X, Y

ST-EYETRY -

:{1 X}H_l[l X]H (3.28)

W'Y W'Y
with .
~|Cy Do| |0 1||Cy Do|  |HY H, ‘
The matrix H is invertible which can be seen by
H, = AflGcA,+Ccllco =G+ W W >0 (3.30)

using (3.15). Thus, according to (A.57), H can be factorized into

o |

with E = H;ng and FF = Hs3 — H?H;lHQ = FH, which is invertible since
H is invertible, so that (3.28) can now be written as

E I 4 e |

With the definition of

R L,
[ 3 -
this gives
w b A 2 -

and thus the constraint for X,Y appearing in V can be written in the form of
1-UU"U)"'U" = (V -UE)F (V-UE)? (3.33)
According to (A.80), there exists a U with
v, vl'v)‘ut =1-vwru)tu?
since U as defined in (3.32) has full rank. In order to find U |, calculate

1-c:(U"v)q: -G*U"U)-twl

1-UUfu)y'uf = :
( ) -wwfu)y'q: 1-wUwiu)-'wH
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With

i)yt =(@G+wiw)y =g ' -g'wlawG!
and A = (1 + WG W)~ and further using (A.56) this can be written as

—iyH - - twH
| U U — [G wWHAWG G W A] _

_AWG ? A

1 1 1 -1 1
_[etw) ([emiw " [atwh)\  [eiwi]T
-1 1 1 1

v, (Uufu,)"'vf

so that
—rwh S reRE
U, = {G w } with UAU | = [G } [G w ] ~0 (3.34)

is an orthogonal completion of U with full rank. Now (3.33) can be written as
v, (U'u,)"'u = (Vv -UE)FY(V -UE)"
which according to (A.77) can be uniquely expanded to

1

RGN (UL(UEUU")H —(V-UE)F*((v- UE)F’%)H

so that according to (A.78), V containing the unknown X,Y can be extracted
in the form of ) )
V=UE+U,(UU,) :ZF2

with unitary parameter Z. With (3.32) and (3.34) this leads to
X| |1 G 'wH H
vl -lwlEe [T

with ) )
St —a1+wGg'wH)2zF2 (3.35)

1 X| [1 g'w'l[1 E

w Y| (W -1 o s”
The solution (3.27) now becomes independent of X, Y and using (3.26) can be
written as

LYETEYEY-
(5% 2] 3 0
Sl BT B Al

[GT'GoAGyt GT'GoBo|l [ 1 0] [a¢ wi
- CoGy? Dy E? 8§

and further to

w -1
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thus

A B] _ [G'GyAGy' +G'GyBoE" G 'GyByS|[¢ WH
[C D} - [ CoGy' + DyE" DS ] [W —1}
(3.36)
The matrix E can be calculated using (3.29) and (3.30) and gives

E=H{'H,=(G+wWiw) '(AllGB, + Cl' D)
which can also be written as
E=(G+wiw) 1Al (G -Gy B, (3.37)
by taking the expression C§ Dy from (3.26). Rewriting (3.26) in the form of
[AO BO} [GO 0] - {AO BO] " [GO o} -
Co Dyl |0 1 Co Dy 0 1
provides the following equations
BoBj =G — 4oG ' Ay (3.38)
DB = —-C,G;' Al

Due to (3.37) and (3.38), the matrix GoBoE" appearing in the solution (3.36)
can be expressed as

GoBoE" = GyByB{ (G — Gy)Ao(G + WHW)~! =
= (G — Go)Ag — GoA Gy A (G — Gy)Ag) (G + WHW)!
Using (3.23) this leads to
GoBoE" = GA\(G + WHW)™! — Gy AG,* (3.39)

Due to (3.37) and (3.38), the matrix DoE appearing in the solution (3.36)
can be expressed as

DyE" = DyBY (G — Gy)Ao(G+WHW)~! =
= CoGy AT (Gy - ) Ay (G + WHW) !
Using (3.23) this leads to
DoE" = Co(G+WH W)™ - CyG,! (3.40)
Substituting the expressions (3.39), (3.40) in (3.36) leads to
[A B] _ l:AO(G +whw)-! G_lGOBOS} [G WH}
C D| |Cy(G+WwWHw)! DS w o -1

so that (3.24) follows. The matrix F' can be calculated by comparing the ex-
pressions for H ™' obtained by inverting (3.29) and (3.31). The first one gives

g1 _ [40 Bo 'f@ 0] '[4, Bo| "
“|lcy Dy |0 1| |cy D]

eyt 0] [Ay Bol" [GoGT'Go 0] [A Bo] [Gy' 0
“lo 1/|c, Dy 0 1| |Co Dol 0 1



3.2. NUDELMAN INTERPOLATION PROBLEM 43

using (3.26). The second one gives

gi_[t -E H' o 1 0
0 1 o F'|-Ef 1

Comparing the lower right block provides
F = (B{'GyG 'GyBy + D¥ D;)™!
which can be substituted in (3.35) so that

S(By,Do,W,Z) = (BYGyG 'GyBy + DI'D) 2 Z(1 + WG 'WH) 2
(3.41)
with unitary parameter Z. This can also be written as
S(By, Do, W, Z) =
=7zZ" Bl GG 'GyBy+ DI Dy) 2 Z1+ WG 'W!)~3 =
=Z(Z"(BlGyG'GyBy+ DI D)) Z) (1 + WG 'WH) 5 =
= ZS(BoZ,DyZ,W,1)

using (A.76). The solution (3.24) then gives

A B

|:C D:| :f(A07B07COaDO7WaZ) =
[Ay GT'GoBol [T o][G wWH]
~|Co D, 0 zZS| W -1|
[Ay G'GyBoz] [T o][G wWH]
T | Cy DyZ o S||\w -—-1|

= f(AOaBOZaC(JaDOZaW71)

with S = S(BoZ,DyZ,W,1) given by (3.41). According to (3.6), this shows
that the unitary Z parametrizes all lossless completion pairs (BoZ, DoZ) and
thus the solution can be written in the form of (3.24) with S given by (3.25)
and (Bg, Dg) being any lossless completion pair.

Remark Note that for a unitary matrix U and according to (A.76) we can
write

UH(BI GG 'GyBy+ DI D)U) 2(1+ WG 'WH)"2 =
= U"(BIG,G'GyBy + DI Do) :U(1 + WG W) —:UulU =
=U"BI GG 'GyBy+ DI Do) 3 (U1 + WG 'WHU") U
so that the functions S(Bg, Do, W), T(W) given in (3.25) satisfy

S(BoU,D U, W) =U"S(By, Dy, UW)U
T(W)=T({UW)
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hence (3.24) satisfies

A(BOU7D0Ua W) B(B0U7D0U7W)
C(BOUa DOU7 W) D(BOU7 DOUa W)
_ [A(Bo. Do, WU)  B(By, Do, WU)U| (o 1o

C(B07DOaWU) D(BOaDO;WU)U ’

3.2.3 Link to Conjugate Realization

Proposition If the observable pair (Ag,Cp) of the discrete stable minimal
lossless system (Ag, Bo, Co, Do) has a matrix I that solves

[gﬂ I= [é (1)} {éﬁ] (3.43)

then I is unique and invertible and the observable pair (A, C) of the discrete
stable minimal lossless system (A, B, C, D) defined by (3.24) satisfies

A I 0] A —
Ao ] w-owr "
with unitary U defined by
Uv=B"1"¢B+D"D=B1"G,B, + D D, (3.45)

Proof First suppose there exists a matrix I solving (3.43) then it is unique
and invertible due to (3.10). According to (3.11) the matrix I also solves

[AO BO} _ [I o} {AO BO] [11 0] (3.46)
Cy Dy 0 1/|Cy Dy|| O U
with unitary U given by
U =B, I"G,B, + D, D, (3.47)
according to (3.12) and Gram observability matrix G satisfying
Go=TI"GoI (3.48)

according to (3.13).
To verify sufficiency suppose there exists a matrix I’ that solves

Al o I' o][A

c|” |0 1] |C
then it is unique and invertible due to (3.10). According to (3.11) the matrix
I' also solves

A B I' ol][A B|[r!' o
{C D] - {0 1} {C D] [ 0 U’} (3.49)
with unitary U’ given by

U =B"I'"¢B+D"D (3.50)
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according to (3.12) and Gram observability matrix G satisfying
G=I"Gr (3.51)

according to (3.13). The constraint (3.16) can be rearranged in the form of

1] [A Bl '[4] [G o] '[a B]"[G o0][A,
W| |C D Co| |0 1 C D 0 1| |Cy
using (3.3) since (A, B, C, D) is discrete stable minimal lossless. This provides

G=A"GgA,+C"Cy
o o (3.52)
W =B"GAy+D"C,
With (3.46), (3.48) and (3.49), (3.51) the conjugate of (3.52) provides
GI'T' = A"GI'T'A,+ C"Cy
Uwit=BYGr'ra,+ bp“c,
Subtracting this from (3.52) gives
AP(G-GI'T YA - (G-GI'T ") =0
BY(G-GI'T YA — (W -U"WI =0

The first equation is a Stein equation and according to (A.88) has a unique
solution G = GI'T™! since A, Ag are stable. Since G > 0 this provides

I'=r1 (3.53)
The second equation then provides
W=UWI (3.54)

With (3.46), (3.48), (3.49), (3.51) and (3.53), (3.54) it follows from (3.25) that
T = ITI" and the solution (3.24) can be written as

e ol alle sl ol |
_[AO GIGOBO} [T 0 HG wh

~1Co D, o U”su’||w -1

This can be rewritten in the form

T o0 ] [A G'GyBy] '[A Bl[¢ wH]™' [T o]
o Ufsu’|  |c, D, C D|l|\w -1 o S

hence -
S=Usu'? (3.55)

With (3.46), (3.48), (3.49), (3.51) and (3.53), (3.54) the conjugate of S in (3.25)
gives

g = U(B(I)LIG()G_IG()BO —+ D(})LIDO)_%UHUI(:[ + WG_IWH)_%UIH
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using (A.76). With (3.55) and the fact that the matrices (Bf GoG ™ *GoBy +
DEDg) 2, (1+ WG 'WH)~2 are invertible this provides UZU’ = 1 hence

U =U (3.56)

Thus (3.45) follows from (3.46) and (3.49) using (3.53), (3.56) and (3.44) follows
from (3.54) using (3.56), which verifies sufficiency.
To verify necessity suppose that parameter W satisfies

W=UWI (3.57)

with unitary U given by (3.47). With (3.43) and (3.57) the conjugate of (3.15)
provides
AV HGI Ay - TG ' + Ccllcy =WwHw

Subtracting this from (3.15) gives
Al G-1""Gr YA, - (G-1"Gr ') =o0
This is a Stein equation and according to (A.88) has a unique solution
G=TI"GI (3.58)
since Ag is stable. With (3.46), (3.48) and (3.58) the definitions (3.25) provide

=USsu”

3.59
‘rr 7 (3:59)

N Wl

using (A.76). With (3.46), (3.48) and (3.57), (3.58), (3.59) it can be seen that
the solution (3.24) satisfies

A B] [I ol[A B|[I' o

C D| o 1||Cc D|l|o U
so that (3.44) follows and according to (3.12) and with (3.47) matrix U is given
by (3.45), which verifies necessity.

3.2.4 Parametrization of Stable Observable Pairs

Proposition The set of all stable observable pairs (A, C) with Gram observ-
ability matrix G > 0 is a differentiable manifold and can be parametrized by a
matrix W of same dimension than C in the way

A=ATG+ G 'GyB,SW

(3.60)
C = C\TG + DySW
with
S =(B{'GoG™'GoBo + D/ Do) 2 (1+ WG'W") =2 (3.61)
T =(G+wWiw)! |
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while (Ao, Cp) is a stable observable pair with Gram observability matrix G
and lossless completion (B, Dy) as in (3.6). The Gram observability matrices
are uniquely determined by

AllGoAy -Gy +CliiCco=0

3.62
Allga,-Gc+clicy,=wiw (3.62)

and G < Gy must obey the condition
G>0 (3.63)

Proof This parametrization is a particular consequence of the solution to the
Nudelman interpolation problem (3.24), (3.25). It further follows from (3.42)
that any lossless completion pair (Bg, Dg) can be chosen since they are all
parametrized by (BoU, DoU) according to (3.6). The effect of a different com-
pletion pair is only that in order to reach the same pair (A,C) a different
parameter W has to be used.

Remark Moreover it has been shown in [2] that the set of lossless systems and
the set of stable observable pairs are differentiable manifolds. A differentiable
manifold is a smooth curved surface of a dimension d that locally resembles
the well known straight euclidean vector space R%. This means that locally,
calculations can be carried out in the usual straight euclidean space instead of
the curved manifold. The local link between the euclidean space and the mani-
fold is provided by a local chart. A complete collection of local charts is called
an atlas and globally describes the curved manifold like a complete collection
of planar road maps describe the curved surface of earth. Topologically, these
charts are an homeomorphism between an open subset of the curved manifold
and an open subset of the straight R¢ whereby an homeomorphism is a bicon-
tinuous function, that is a continuous function which has a continuous inverse
function. Such an homeomorphism allows for a point on the manifold to find
the corresponding point on the local chart and the other way round.

In this context, the stable observable pair (Ao, Cy) with Gram observability
matrix Gy is the center of a chart since for W = 0 we get G = G from
(3.62) and further § = 1,7 = G~ from (3.61) and (3.3) which states that
Bé{GoBo + Dé{DO =1 so that by (3.60) we get A = Ay, C = Cy for W = 0.
The stable observable pair (A, C) is displaced from the center as a continuous
function of W while observing the condition (3.63). If this condition is close
to be violated, another chart of the atlas has to be selected, which is done by
centering on the current pair (A, = A,C[ = C) balancing this realization
(Ag = JA,J ' Cy = C)J ') with J defined by G = J.J so that Gy = 1
and finally resetting W = 0. Balancing is necessary because otherwise the
Gram observability matrix of the new center pair remains Gy = G which is
a poor choice since this value triggered the changing of the chart by almost
violating condition (3.63). Since condition (3.63) defines an open set, it is
fulfilled on the center at W = 0 by G = Gy > 0 but it will also be fulfilled in
some neighborhood of the center, so that this condition does not prevent this
parametrization from becoming differentiable.
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Chapter 4

Multiobjective
Optimization

This chapter sets up a multiobjective optimization problem. For a given plant
P, a controller K has to be found which is optimal with respect to a given
cost function and within given constraints. These optimization objectives are
formulated in terms of L1, L2/H2, Hoo system norms. The advantage of using
the L1, L2/H2, Hoo norms is that the calculation of these norms can themselves
be set up as standard semidefinite optimization problems which allows the local
sensitivities and eventually the subgradient of the multiobjective optimization
problem to be calculated. Formulating the optimization problem in terms of the
parametrization found in chapters 2 and 3 then allows to move the parameter
Q) instead of K infinitesimally in the descending direction indicated by the
subgradient. Once the optimization task is complete, the controller K can
be regained from the parameter Q@;. This enables a local improvement of a
provided initial controller K to a better one K™ with respect to the cost
function and within the constraints.

4.1 Problem Formulation

In this section, an extended version of the plant is constructed that incorporates
various filters and the plant itself. Together with the controller to be designed,
this leads to an extended feedback loop that provides more freedom in the
formulation of the optimization objectives. The objectives can then be defined
on certain channels and over certain frequencies of this system.

4.1.1 Extended Loops

The plant P that is to be controlled by the controller K is extended by filter
systems Py, , Pyw,, Py, to form the extended plant P;, which together with
the controller K forms the extended loop H; as shown in figure 4.1. These filters
can be used to select performance channels and to emphasize certain frequencies.
The fact that these filters become a part of the system to be optimized makes the
formulation of objectives easier. A bridge structure (C.56) has been chosen for
the extended plant P; to cover all possible filtering situations. Many different

49
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w
C — | § wi ——— iz
5 Paw, o Py, ? 5 P, :
0 UE ]y
‘ qui< » P () K
. u Yy .
PI K |« HI

Figure 4.1: The plant P is extended by filters P, , Pyw,, Py, to form the
extended plant P;, which together with the controller K forms the extended
loop H;.

extended plants P; and loops H; can be defined and the index i is used to
distinguish them.

Proposition The extended loop shown in figure 4.1 has a transfer matrix H;
given by

H,=P,, +P,,1-KP)'KP,,, (4.1)
A state space representation of H; is given by
A, | B; |
Hi= [%W} -
Az, 0 0 0
0 Ay, 0 0
_ 0 BzuiDKEPKCywi Azui BzuiDKEPKCP
B 0 BpDgEpCyy, 0 Ap+BpDgEpgCp
0 BrgEpgCyy, 0 BrgEprCp
Czwi Dzul DKEPKCywi Czu.b Dzui DKEPKCP
0 Bzw;,
0 Bywi
BpEkpCxk BpDkEpg Dy, '
Ag + Bk DpEgpCk BrgEpkD,,,
DZU”LEKPCK -DzwI +DzulDKEPKDyw1
In the important special case of the filter system matrices satisfying
Azwi = Awa = Azui = AP
Bzwi = Bywi = Bwi
Czwi = Czu,i = Czi

Cywi =Cp
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this state space representation reduces to

Ap+ BpDgEpgCp
Hi=|-c1p | = BkEpkCp
! ! Cz,i + Dzu,iDKEPKCP
BpEgpCyk B,, + BpDgEpgD,y,,
AK +BKDPEKPCK BKEPKDywi (44)
DZUq‘,EKPCK ‘ Dzw,+DzuiDKEPKDywl

Proof The transfer matrix (4.1) follows from figure 4.1. Using H as defined
in (2.2) it can be seen that the transfer matrix can also be given by

H;=P.,, +qui(1 _KP>_1Kwai =Py, + Py, [O 1] H [(1)] Py,

Now let the state space representations of plant P, controller K and loop H
be given by (2.18) and (2.19) and the filters P, , Pyw,, P-u, be given by

[ Ay, | B, }

P =
M Chri, | Dy,

i

with k € {y, 2z} and | € {u,w}. Then the state space representation (4.2) follows
from this transfer matrix using (C.46), (C.44) and (2.19). In the special case
given by (4.3) the state space representation (4.2) then further reduces to (4.4)
by applying simple state transformations that allow to cut off uncontrollable
and unobservable parts.

4.1.2 System Norms

In order to find an optimal controller, a method of comparing the effects of
different controllers is required. One such method is to define norms on the
input and output signals of the extended loop H; to measure its performance.
The two most common signal norms are the L2 norm that measures the energy,
hence a sort of average of the signal, and the Loo norm that measure the peak
value of the signal. The following inequalities taken from [14] relate the norms
of input and output

12Dl L2 < [ Hi($)| oo [ ()] 2
12D Loo < [HH (O] L1 [[w(B)]] oo
12Ol oo < HH (O] 2 0] L = [1Hi(5)]] g2 [0 ()] 2

The correspondence between the L2 and H2 norm in the last inequality is due to
the Parseval theorem (C.9). These inequalities show that H; needs to be stable
for the L1, L2/H2, Hoo norms to remain bounded. If the filters of the extended
plant P; as in figure 4.1 are selected so that the input w; consists of external
disturbances and the output z; contains error signals that are to be kept small,
then the system norms L1, L2/H2, Hoo can be used on H; to minimize or limit
the effect of the disturbances on the error signals. This explains the interest
to use the system norms L1, L2/H2, Hoo as objectives in system specifications.
These norms or best upper bounds on them are presented in the following in
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the form of matrix inequalities for a discrete system H ;. To our best knowledge
there exists yet no matrix inequality form for the L1 norm. However, an upper
bound, called the star norm, has been found by replacing the reachable set of
the system state trajectories by the tightest ellipsoid that contains the reachable
set, see [1], [9], [12] and section C.1.4. The intermediate variables «;, B;,v:, Z;
are called decision variables. The variables «;, 8; follow from the application
of the so called S-lemma on quadratic constraints as demonstrated in [1] for
continuous systems. The variables v; represent an upper bound on the norm
and the hermitian and positive definite matrices Z; define Lyapunov functions
or are Gram controllability or observability matrices.

L1 Norm An upper bound is the star norm derived in [1], [9] and leads to
[ H k][ < [HGK]I]L <7 (4.5)

if and only if 3Z; > 0,«; € [0,1],3; € [0,77] so that

cic, - gz, C!'D; .
H H 2 <0
D; C; D; Di"’(ﬁi_%‘)l
L2/H2 Norm According to (C.12), (C.13) direct calculation leads to
[[H k]| 1o = [[Hi(2)|| o < i (4.7)
if and only if 3Z; > 0 so that
Az, A +ClCi -2z, <0
" " (4.8)
tr(BfZ;B; + DI D;) — 42 <0
Hoo Norm It follows from the strict bounded real lemma that
H ()| oo < i (4.9)
if and only if 3Z; > 0 so that
Ho A He~o 7 Hpy p Hry
A Z,A+CC,— Z, AZ,B;+C,; D, <0 (4.10)

B{'Z;A;+D{'C;  B{'Z;B,+D{' D, -1

4.1.3 Optimization Problem

The typical optimization problem is formulated in terms of optimization ob-
jectives that have to be met. These objectives consist of a cost function and
constraints. The constraints limit the set of all possible controllers to a subset
of admissible controllers. Among these admissible controllers, the set of best
controllers can then be found by minimizing the scalar cost function. Here, each
objective is defined in terms of one of the norms L1, L2/H2, Hoo presented in
the previous section, acting on one extended loop H ;. There can be as many dif-
ferent extended loops as objectives. Each objective comes with a set of decision
variables o; > 0,8; > 0,v; > 0,Z; > 0.
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Proposition The multiobjective optimization problem of finding the con-
troller K that minimizes a cost function under constraints formulated in terms
of the L1, L2/H2, Hoo norms can be given in the general form

K*=arg inf f(5) subject to G'(a, B3,7,€,Z,K) <0 (4.11)
a>0
B=>0
>0
e>0
Z >0
K

The vectors «, 3,~ contain the decision variables «;, 5;,7y; and the block di-
agonal matrix Z contains the decision variables Z; of the different objectives.
In addition to these, the vector € contains variables €; that are introduced to
formally transform definite constraints of the form M < 0 to semidefinite con-
straints by M + €1 < 0 with € > 0.

Proof The decision variables ~; in (4.5), (4.7), (4.9) represent upper bounds
of the system norms, so the cost f will be formulated as a function of these. The
constraints are then given by a combination of (4.5), (4.7), (4.9) together with
user defined norm limits such as 7 < Ypaz. Aside from the decision variables
ai, Bi, Z;, these constraints depend on the realizations (A;, B;, C;, D;) of the
extended loops H; which according to (4.1) are a function of K. The ¢; are used
to formally transform definite constraints M; < 0 into semidefinite constraints
by M; + €1 < 0 with ¢; > 0. All constraints can then be combined in the
single unified semidefinite form G’ < 0 used in (4.11) by putting the separate
semidefinite constraints as diagonal entries G'; into a block diagonal G’. Then
G’ <0 if and only if all G} = [G"];; < 0.

4.2 Parametrized Optimization

In theory, the solution of (4.11) yields the optimal controller K* but in prac-
tice, the problem is difficult to solve since the constraints are bilinear. The
solution proposed in this section is therefore based on the idea of a local opti-
mization. The fixed order parametrization developed in chapter 2 parametrizes
all stable loops H formed by the controller with a given plant P with stable
parameters Q;,Qpr. The parameter Q; is observable if and only if K is ob-
servable. It is therefore sensible to concentrate on stable observable Q;, so
that the parametrization of stable observable pairs developed in chapter 3 can
be applied. Since stable observable Q = Q; form a differentiable manifold, a
subgradient can be calculated from a local sensitivity information so that a local
optimization can be carried out. However, this requires the constraints to be
formulated as linear matrix inequalities in order to get access to the sensitivity
information. Therefore, a two step optimization is proposed. In an evaluation
step the controller parameter @ and the L1 parameters «, 3 are kept constant
so that the L1, L2/H2, Hoo norm constraints become linear matrix inequalities
in the remaining variables and the sensitivity information can be accessed. In an
actualization step the local subgradient is calculated from the sensitivity matrix
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so that the parameter values (Q, a, 3) can be changed in order to improve the
cost function.

4.2.1 Passage between Controller and Parameter

Proposition If the Riccati equation

R(Ap + BPDKEPKCP) + RBpExpCkR =
=BgEpkCp+ (AK + BKDPEKPCK)R (412)

has a solution R = Rk p then the left parameter Q = Q; can be calculated
from the controller K by

Ao Bol [1 Lx][Ax By
Cq Dq| |0 Ekp||Cx Dk

Lk =(BxDp— RBp)Ekp (4.13)
Exp=(1-DgDp)!
Epg =(1-DpDg)™"

If the Sylvester equation
RAp = AQRJrBQCP (4.14)

has a solution R = R p then the controller K can be calculated from the left
parameter Q = Q; by

Ax Byx] [1 Lx] '[Aq Bo
CK DK - 0 EKP CQ DQ
Ly =BogDp—- RBp
Exp=1+DyDp

(4.15)

Proof This is just a summary of (2.21), (2.23), (2.40) and (2.19) with R =
Rkp.

Remark Note that the quadratic Riccati equation (4.12) becomes a linear
Sylvester equation (4.14) if it is expressed in terms of the parametrization. The
Riccati equation has to be solved at the start of the optimization when an initial
Qo has to be calculated from the initial K. The Sylvester equation has to be
solved at the end of the optimization when a final K* has to be calculated from
the final Q*.
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4.2.2 Parametrized Extended Loops

Proposition A state space representation of the extended loop H; in terms
of parameter Q = Q, is given by

A; | B;
=G -
Ay, 0 0 0
0 Ay, 0 0
| o B...DoCyu, A B..,DoCp
o 0 BPDQCywi 0 AP+BPDQCP
0 (BQ +RBPDQ)Cywi 0 (BQ +RBPDQ)CP
Czwi Dzui DQCy'w,-, Czu,,; Dzu,-, DQCP
0 B,
0 Bywi
B..,Cq B, DqDyu, (4.16)
BrCo BpDoD,yu, :
AQ +RBPCQ (BQ —I—RBPDQ)Dywi
D.., CQ D.y, + D, DqD,y.y,

In the special case (4.3) this state space representation reduces to

A | B, Ap + BPDQCP
H; = [ c 1D, } = | (Be+RBRBpDq)Cp
’ ’ Czi + DzuiDQCP
BPCQ Bwi + BPDQDywi
Ag + RBpCy (BQ + RBPDQ)Dywi (4.17)
Dzuq,CQ ‘ Dzwi + DzuiDQDywi

Proof The parametrized state space representations (4.16) and (4.17) respec-
tively follow from (4.2) and (4.4) by replacing all terms containing state matrices
of the controller K according to (2.43) with R = Rkp.

4.2.3 Parametrized Optimization Problem

Proposition If condition (4.12) or (4.14) have a solution R at all times during
the optimization process, then the multiobjective optimization problem (4.11)
is equivalent to the formulation in terms of the parameter  which can be given
in the general form

Q" =arg inf f(v) subject to G(e, B,7,€6,Z,Q) <0 (4.18)
a>0
B=>0
¥>0
e>0
Z >0

Q
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Proof Problem (4.11) can be formulated in terms of @ by formulating the
extended loops H; as given in (4.2) in terms of Q as given in (4.16). This leads
to (4.18). If the conditions (4.12) or (4.14) have a solution R at all times, then
there is always a reversible relation between the controller K and the parameter
Q expressed by (4.13) or (4.15) so that the problems (4.11) and (4.18) become
equivalent.

4.2.4 Evaluation Step

However, despite being formulated in terms of the parameter @, problem (4.18)
can not be solved directly with the currently known convex optimization tech-
niques since these require the constraints formulated as linear matrix inequalities
in all variables which is not the case as can be seen by (4.6), (4.8), (4.10). To
circumvent this problem we propose an optimization consisting of two alternat-
ing steps, an evaluation and an actualization. The evaluation step calculates
the local sensitivity matrix which is the optimal Lagrange multiplier associated
to the constraint function for constant parameter values (Q, a, 3).

Proposition For a given constant controller parameter value @ and given con-
stant L1 parameter values «, 3, the problem (4.18) reduces to an optimization
problem for given constant extended loops H;. This means a search for the best
upper norm bounds v* for a given system and may therefore be rather called a
norm evaluation problem. If f is a cost function of the form f(v) = 4% J~ with
diagonal J > 0 and if all objectives are formulated in terms of the L1, L2/H2,
Hoo norms this evaluation problem is convex with linear matrix inequality con-
straints. If this convex optimization problem exhibits strong duality then the
local sensitivity matrix Q* for the given parameter values (Q, o, 3) can be found
and there is a relation in the form of

fY*)=9(Q") = inf  f(v) subject to Ggap(v,€, Z) <0 (4.19)
~ >0
e>0
Z >0

The function g is the Lagrange dual function to the cost function f as defined
in (B.20). The sensitivity matrix € is the Lagrange dual to the variable v and
is known as the Lagrange multiplier. The sensitivity matrix is hermitian. The
evaluation constraint function G g equals the function G from (4.18) but for
(Q, o, B) kept constant.

Proof For fixed parameters (Q, o, 3) and thus fixed A;, B;, C;, D; the bilin-
ear matrix inequalities in the L1, L2/H2, Hoo norm objectives given in section
4.1.2 reduce to linear matrix inequalities in the variables 42, Z;. If the cost func-
tion takes the form f(y) = 47 Jv with diagonal J > 0 then f(v) = >,[J]i7?
becomes linear in v2. Under these circumstances the optimization problem
(4.18) consists of a linear cost function f in the variables 72 with linear matrix
inequality constraints in the variables 72, Z; and therefore becomes a convex op-
timization problem. Most often, convex optimization problems exhibit strong
duality, see [5] for extended information. The equality in (4.19) then follows if
the optimization problem exhibits strong duality (B.22).
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4.2.5 Actualization Step

The actualization step then calculates the local subgradient from the sensitiv-
ity matrix so that the parameter values (Q, o, 3) can be changed in order to
improve the cost function.

Proposition If the optimization problem (4.19) exhibits strong duality and
the local sensitivity matrix £* is known then the local subgradient of the cost
function f can be calculated. This information can then be used to find the
direction in which the parameter values (@, c, 3) have to be actualized so that
the cost function f decreases. The subgradient can be given by

df < Q* e 56G (4.20)

The scalar product e of two matrices is as defined in (A.68).

Proof This is a result of the perturbation analysis of optimization problems
that can be found in [4]. Tt is the generalization of a similar result in linear pro-
gramming applied to a semidefinite programming. A simplified proof is given
in section B.3. The key to understand these proofs is to note that the opti-
mization problem (4.19) can be seen as an optimization problem with (Q, a, 3)
as optimization parameters such as in (B.23). Then if the problem is convex
and exhibits strong duality, the effects of a parameter perturbation on this opti-
mization problem can be studied, which leads to (B.24) with Lagrange function
defined as (B.25). In this context, the Lagrange function is given by

L(a,ﬂ,’y,e,Z,Q,Q) = f(’}’) +Q.G(aa/677767ZaQ>

with v, €, Z forming the optimization variables, (Q, e, 3) the optimization pa-
rameters and €2 the Lagrange multiplier. Then due to the linearity of the scalar
product, the effect of parameter changes on the cost function takes the varia-
tional form

df < 6L = Q" ¢ 6G

for a variation of the parameters (Q, e, 3), which verifies (4.20).

Remark The total variation df of the cost function is defined as
df = f(v3) - f(v7)

and the partial variation dG of the constraint function is defined as

0G =G(oy, B, 7" €,.27,Q,) — G(a, 8,7, €, Z",Q)

The values v*, €*, Z* are the optimal values of the decision variables obtained
after the last evaluation step (4.19) for the current parameter values (Q, «, 3).
The value «7 is an optimal value which would be obtained after the next eval-
uation step if the parameters were actualized to Q,,ay, 3, .

4.2.6 Variation of the Constraint Function

In order to obtain the subgradient in (4.20) the variation G of the constraint
function or at least the directional variation " e dG has to be calculated.
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Proposition If all objectives are formulated in terms of the L1, L2/H2, Hoo
norms then equation (4.20) can be written in the form

df <Red (4, 06A;+Qp,00B;+Qc,06C;+Qp,00D;)+Qped [g] (4.21)

with (A;, B;, C;, D;) being a realization of the extended loop H; and the sensi-
bility matrices 4,,Q2p5,, Qc,, 2p,, g depending on the actual constraint func-
tion G.

Proof Variables € are used to formally transform definite constraints of the
form M < 0 into semidefinite constraints by M + €1 < 0 with € > 0 and de =0
since € does not depend on the optimization parameters (Q, a, 3). Hence the
directional variation of the definite constraint M < 0 in semidefinite form is
given by Q2 e §(M + €1) = Q2 ¢ §M. Then using (A.69), (A.70), (A.71), (A.72)
and (A.81) the first order variations of the constraint function given in unified
semidefinite form G < 0 formulated in terms of the L1, L2/H2, Hoo norm
constraints can be calculated.

The first order directional variations of the L1 norm constraint (4.6) can
then be given by

HZiA; + (i —1)Z; iy B,
ﬂ.(SGLli:th(;[Ai Z A+ (a; — 1)Z; AP z,B; :|+

B'Z;A; B{'Z;B; - a;1
clic, -5z, C;' D, ] _
D¢, D{'D; + (8; — )1
—2Re(Q o ([4; Bi]" Z,[6A, §B)]))+
+2Re(Qq @ ([Cl Di]H [(501- (5D1‘D)+

Z;, 0 Z, 0],
+910|:0 1}5%—920[0 1:|(561

+QQ.5|:

which can be written in the form

Qe (SGLli =
= Re((2Z1(Athl + Biﬂlgl)) L] 5A1 + (QZZ(AZQhQ + Bi9122)) [ ] §Bz+
+2(CiQs,, + Difds,,) @ 6C; + 2(Cif2,, + Dif2s,,) @ 6D;)+

Z;, O
v [ ] Ql
0 -1 (50@
+ _Z, 0 .0 ° {6&} (4.22)
0 1 2

The first order directional variations of the L2/H2 norm constraint (4.8) can be
given by
Qe 3G Lo/, = Qe 6(AfZ,A;+CICi— Z)+
+Qued(tr(BFZ,B; + DI D;) —~?) =
=2Re(Q3 0 (AFZ,6A, + CHsC)))+
+2Re((Q41) o (B¥ Z:6B; + D 6D)))
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which can be written in the form

Qe 6GL2/H2.L- = R,e((QZZAZQzJ,) o (SAl + (2213194) L] (SBl—i-
+ (201Q3) e C; + (2DZQ4) ] 6DZ) (423)

The first order directional variations of the Hoo norm constraint (4.10) can be
given by

Az, A, +clc, -z,  AT"z,B,+CID,
Bfz;A;,+Dfc; Bfz,B,+DD;-~21

—2Re(R; 0 ([A; B;]" Z,[6A, 6B +[C; D,]"[sC; D))

NeiG o, =500

which can be written in the form

NeiGpo, =
= Re((QZl(AlQ5H + Biﬂ521)) L[] (SAZ + (221(A19512 + Biﬂ522)) (] (SBl—‘r
+ 2(Ci9511 + DiQ521) [ ] (SCZ + 2(Ciﬂ512 + Diﬂ522) (] 6D7,) (424)

Due to the linearity of the scalar product, the directional variations of all L1,
L2/H2, Hoo norm constraints given in (4.22), (4.23), (4.24) and thus the direc-
tional variation of any constraint function G that is formulated in terms of the
L1, L2/H2, Hoo norms can be written in the form (4.21).

4.2.7 Variation of the Extended Loops

In order to obtain the subgradient in (4.21) the directional variations €24, €5 A;,
Qp, e0B,;, N, 0 0C;, Qp, e 0D, of the extended loops have to be calculated.

Proposition If the Sylvester equations

F;AL — AJF; = E"(Q4,Eg, + Qp D[}, DGBY) (4.25)

yw;
have solutions F'; then equation (4.21) can be written in the form

df < RG(QAQO5AQ+QBQ O(5BQ+QCQ .5CQ+QDQ O§DQ)+QE05 [g} (4.26)

with

0., = (B0, B+ PR
i
Qp, = Z(EH(ﬂAiEBi + QBinwi) + Ficg)
: H H (4.27)
Qc, = > (EEQa, + DL, Qc)E
Qp, = Z(Eg, (Q4,Ep, + QBinwi) + Di, (Qc,Ep, + QD@'wai))

%

Q
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and
0 0 0
0 cl, 0
E=|0|,Ep,=| 0 | ,Ec,=|B.. |,Er =(EC§+EpDj)B}
0 ch Bp
1 0 RBp

(4.28)
which in the special case (4.3) reduce to Ep, = Ep,Ec, = Ec,Er, = Ep
with

0 ch Bp H HypH
E=\||.Es=|"¢| Bc=|pp,| - Er=(ECE + EzDZ)B (4.29)

Proof The first order variations of the extended loops can be calculated from
(4.16) and can then be given by

6A; = ESAQE" + ESBoE], + Ec,0CqE" + Ec,6DoE}, + ESREY,
5B, = (E6Bg + Ec,6D¢ + ESRBpD() Dy,
6C; = D.,,(6CoE" + DgE7)
0D; = DzuiéDQDywi
using (A.81) with E, Ep,, Ec,, ER, as defined in (4.28). In the special case (4.3)
the first order variations of the extended loops can be calculated from (4.17) in

a similar way and are given by the same expressions but with E, Ep,, Ec,, ER,
as defined in (4.29). Then using (A.70) equation (4.21) can be written as

df <Re> ((E"Q4,E)e5Aq+ (E"(Q4,Ep, +Qp D), )) eiBg+
+ (B, (R4, Ep, + Qp, Dy, ) + DI, (0, Ep, + Qp,D,\,.)) # 6Dg+

+ (E"(Q4,Eg, + Qp,D,!, DiB})) e 0R) + Qpes [g} (4.30)

The variable R is constrained by the Sylvester equation (4.14) whose first order
variation is given by

0RAp =0AgR + AQdR +0BoCp
so a directional variation for an arbitrary F'; is given by
F,e(RAp — AQdR)=F,; e (JAgR + dByCp)
which using (A.70) can be written in the form
(F;Af — AGF;)e SR = (F;R")e5Aq+ (F;CZ)eéBg

Then if the F'; solve the Sylvester equations (4.25) equation (4.30) can be written
in the form (4.26) with Q4,,25,,Qc,, 2D, given by (4.27).
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4.2.8 Variation of the Parameter

In order to obtain the subgradient in (4.26) the directional variations 2., e5Aq,
Qp, e 0Bg, Qc, ¢ Cq, QAp,  dDg of the parameter have to be calculated.
This is done by applying the parametrization of stable observable pairs in (3.2.4)
based on lossless systems. Thereby an infinitesimal variation (§Ag,dCq) can
be calculated as a function of the variation dW of the stable observable pair
parameter and thus an infinitesimal variation 6Q = (0Ag,dBg,dCq,0Dg) of
the parameter @ and hence the directional variations required in (4.26) can be
calculated as a function of dW and the variations §Bg, Dq.

Proposition If the pair (Ag,, Cq,) defining the center of the current chart is
stable and observable then it has a lossless completion (B, D) and the Stein
and Sylvester equations

AQ,LuAf, —La=TA{ Qu, — Ag,TAL, Qu,GTAy —

~ Gl WS B GG +

+G'GyBiM sBG,.G™' + GT'WHEN ,WwG™!
Ag,LcA] — Lo =TC{ Qc, — Ag,TCH N, GTA +

+ G 'GyBoM:Bl'G,G™' + GT'WIN-WG™!
UiMj+MaU? = V:SIBIG,G ', W s!
U:Mc+MoU? = VisIDIQq, Wi s!
VEIN,+N.V:=STBIG,G 10, ,WsTU?
ViNe+ NoV:=S8"Dlliac, whslius:

(4.31)

have unique solutions L4, Lo, M 4, Mo, N 4, N¢ respectively and equation
(4.26) can be written in the form

df < Re(Qw o W + Qp, e 6Bg + Qp, Do) + Uy e d [g] (4.32)

with

Qw = S" (B GoG ', + D Q) + W(La+ Lc + LY + LE)-
~(Na+Nc+ N+ NEWG™  (4.33)
and
S=U":vV~:
T = (G+wWHw)™!
U = B{'GyG™'GyB, + D{ D,
V=1+WwWGa 'w¥

The Gram observability matrices G of the chart center (Ag,,Cq,) and G of
the current pair (Ag, Cq) are uniquely determined by the Stein equations

(4.34)

Al GoAg, — Go+C( Co, =0

4.35
AjGAg, —G+C{ Co, =WI'W (433)
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respectively and G < Gy must obey the condition
G>0 (4.36)

otherwise the current chart is no longer valid and a new one has to be selected
by centering on the balanced current pair (Ag, = JAgJ *,Cq, = CoJ ™)
with J defined by G = J.J and resetting W = 0 so that due to (4.35) there
is G = Gy = 1 and condition (4.36) again becomes valid.

Proof Equations (4.34), (4.35) and condition (4.36) are taken from (3.61),
(3.62) and (3.63) respectively. Note that G > 0 is required so that T > 0,V > 0
and since (B, D) is a lossless completion also U > 0. The first order variations
of the stable observable pair (Ag,Cq) can be calculated from (3.60) and can
then be given by

§Ag = Ag,0TG + Ag,T6G — G '6GG 'GyBySW +
+ G 'GyBySW + G 'GyB,SsW

5Co = Co,0TG + Co,T5G + DysSW + DySW

using (A.81), (A.82). The first order variations of G, S, T, U,V can be calcu-
lated from (4.34) and (4.35). First

Aj 5GAq, = 6G + sWHITW + WHsw
then since S~! = VIU? we get
08+ 8VIU2S+ SV36U?S =0
and since T™! = G+ WHW = AHUGAQ0 + C’gOCQO we get
6T +TA( 0GAG,T =0
and finally

U3U? +6UU? + B GG '6GG 'GyBy =0
VisVIL6VIVE WG GG ' WH = swGa'WH t wa lswh

using (A.81), (A.82), (A.83). According to (A.77) the matrices U?>0,V?>0
are the unique positive matrix square roots of U, V. The first order directional
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variations of these variables can then be given by

Re(Q24, 0 0Ag) = Re((TAJ Qa, — G 'Qu ,W'S"BI'G,G™) e 5G+

+ (BY'GoG "4, W) 058 + (A Q4,G) ¢ 6T+

+(S"B{GoG'4,) ¢ W) (4.37)
Re(Qc, @ 6Cq) = Re((TCH Q) @ 6G + (D Qe , W) 0 65+
(CE,Q,G) o 0T + (S" D Q) o 6W) (4.38)
e((Ag, LAy, — L) ¢ 6G) = Re((W (L + L)) ¢ 6W) (4.39)
e(2e5S) = —Re((ViSTQST) e sU> + (STQSTU?) e 5V ?) (4.40)
Re(Q ¢ 6T) = —Re((Ag, TQTAf ) ¢ 6G) (4.41)
( (4.42)
((

=+

=

Re(U*M + MU?) e 5U?) = —Re((G™'GoBoMBI GG ") ¢ §G)
Re((VEN + NV2)e6V3?) =Re((N+ NTYWG™') e sW-—
—(GT'WENWG™) e 6G) (4.43)

using (A.69), (A.70) and particularly Re(A e B) = Re(Be A) =Re(Be A) =
Re(A™ o« BY). Using (4.40), (4.41) on (4.37) leads to

Re(Qa, e 6Aq) = Re((TAJ, 4, — G 'Q4 ,W'S"BIGyG™") e 6G—
— (A, TAy, QAQGTAH )¢ 0G + (S" B GoG 'Q4,) o SW -
— (VESTBIG,G ', W ST) e sU* -
— (S"BI GG, WTSTUZ) e 5V ?)
According to (A.86) the Sylvester equations
UsMa+ MU = ViSTBIG,G 1, W s
VEIN,+N,V:=S"BIG,G 0, ,WisiU?

have unique solutions M 4, N 4 since U: > 0, V> 0. With (4.42) and (4.43)
this leads to

Re(Q, ¢ 6Ag) = Re((TAH Qa, — G Qs ,W"S"B{G,G™") e 6G—
— (AQ,TAJ Qu,GT Ay ) e 0G + (S"BI GG 'Q4,) e W+
+ (G 'GyByM 4Bl GyG™' + GT'WIN ,WG™) e 6G—
—(Na+NHWG™) e sW)
According to (A.88) the Stein equation
AQ,LaAf —La=TAj Qa, — Ag,TAj Q4,GTAj —
-G ', WTSY B GG+
+G 'GyBoM sBY GG + GT'WHIN , WG
has a unique solution L 4 since Ag, is stable. With (4.39) this leads to
Re(Q24, 0 0Ag) = Re((S"B{ GoG ™', + W (L4 + LY)—
—(NA+ NTHWG ™) esW) (4.44)
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Using (4.40), (4.41) on (4.38) leads to

Re(Qc, # 6Cq) = Re((TCH Q) @ 6G—
— (A, TCH, Qc,GTAL) ¢ 6G + (S"D{'Qc,,) o W -
— (ViSTDIQ, WTST) e sUs -
— (S"DIQc ,WHSHU?) e 5V ?)

According to (A.86) the Sylvester equations
U:M¢+MoU? = VisiDlaq, wi s
ViNg+ NoVE = 8TDlac, wistus

have unique solutions M ¢, N ¢ since U? >0,V? > 0. With (4.42) and (4.43)
this leads to

Re(Qc, » 6Cq) = Re((TCH Qc,,) ® 6G—
— (AQ,TC{ Qc,GTAy ) ¢ 6G + (S"D{Qc,,) ¢ W+
+ (G 'GyByMcB{ GyG™ ' + GT'WHN-WG™) 0 6G—
~(Nc+ NZWG ™) e sW)

According to (A.88) the Stein equation

H H H H
AQO LCAQO — LC = TCQ() QCQ — AQOTCQU QCQ GTAQ0+
+G'GyBoMBl'G,G' +GT'WIN.-WG™!

has a unique solution L¢ since Ag, is stable. With (4.39) this leads to

Re(Q2c, # 6Cq) = Re((S"D{ ¢, + W(Lc + L) -
—(Ne+ NEYWG ™) e 6W) (4.45)

The above Stein and Sylvester equations are collected in (4.31). Replacing the
directional variations 4, ® Aq and ¢, @ ICq in (4.26) by the terms in
(4.44) and (4.45) respectively leads to the equation for the subgradient (4.32)
with Qu given by (4.33).

4.2.9 Realness Constraint

To be practically usable, the parametrized controller K must remain real in the
sense of (C.27) so that additional constraints have to be considered, according
to the following idea, see also figure 4.2. If the plant P and the initial controller
K is real, then it is shown that a real initial parameter @, can be found among
the possible initial parameters Q. It is then possible to keep the parameter Q
real by satisfying some constraints. If the dynamic matrix A p of the given plant
P has no eigenvalues in common with the dynamic matrix Ag of the current
real parameter @, then the reconstructed controller K is real.
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P real
KO real \
Q, real
W =Uwl
= 1
EQ =" B,
DQ = DO
\
K real [= Q real
Ny # AQ

Figure 4.2: Principal idea behind the process to assure realness of the controller
K for areal plant P. The spectra of the dynamic matrices Ap, Ag are denoted
by Ap, Ag respectively.

Proposition If the Riccati equation (4.12) has solutions and if the plant P
is real, then
K real = exists a Q real (4.46)

and K, @Q share the same realness transformation matrix I
Ax Bg||[I 0 o I 0| |Ax Bk
Cx Dgll0 1| |0 1||Cx Dg
Ag Bg||I 0| |I 0||Ag Bg
CQ Dg| |0 1 10 1 CQ Dy

Proof Plant P and controller K are real if and only if there exist I'p, I so

(4.47)

that .
e ol [5 e Bl
Cp Dp| |0 1||Cp D 0 1
P i - (4.48)
Ax Byl [I 0][Ax Bx|[I ©
Ck Dg| |0 1||Cx Dg||0 1
according to (C.28). Hence
Ay Byl [Ix 0][Ay By|[Ix 0] " (4.49)
Cy Dy| |0 1||Cyg Dy||O0 1 '

with (Ag, By, Cp,Dpy) being the realization of the loop H as given in (2.19)
and with

Iy = [IP O] (4.50)
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which shows that the loop H is real. With (4.48) and (4.50) and by using the
substitutions in (4.13) equation (4.49) provides

Ao+ RBpCq=IAQI ' + RBpCqoIl™*
BQ + RBPDQ = IEQ + R/BPEQ
CQ = 6@171
with R = IRI }_,1. This can be written in block matrix form
1 (R-R)Bp|[Ag Bg| [I 0][A, Bg|[I o] " (451)
0 1 CQ DQ 01 CQ DQ 01 ’

Matrix R is a solution of the Riccati equation (4.12) which can be written as
the Sylvester equation (4.14) using the substitutions in (4.13). With (4.48) the
conjugate of (4.14) provides

R'Ap =TAQI 'R +IB,Cp

Subtracting this from (4.14) gives

(R—R)Ap=AqR - TAQI 'R + BoCp — IBoCp
Using (4.51) this simplifies to

Ag(R-R)=(R—-R)(Ap + Bp(CoR + DyCp))
One solution of this Riccati equation is R = R’ = TRIp"'. This solution leads
to @ real as can be seen in (4.51) with transformation matrix I.
Proposition Realness of the parameter Q is preserved

Q, real = Q real (4.52)

if and only if the parameter Q that is itself parametrized by (W, Bg, Dg)
satisfies

W=UWI
Bo=1"'Bg (4.53)
with invertible I uniquely defined by
Aol + |1 0] [Ag,
el v e st
and unitary U defined by
U =B,1"GyB, + D Dy (4.55)

while the pair (B, Dyg) is a lossless completion (3.6) of the stable observable
pair (Ag,, Cq,)- Then Q,, Q share the same realness transformation matrix I

& Bl 0L I &

CQO DQO 0 1] |0 1 CQo DQO

Ag Bg|[I 0] _[I 0][Aq Bq| (45
{CQ DQ] [0 1} [0 1} [CQ ch



4.2. PARAMETRIZED OPTIMIZATION 67

Proof Parameter Q realized by (Ag,, Bg,; Cq,, Dq,) is real if and only if
there exists a matrix I so that

AQO BQO _ I 0 AQo BQo 1 0_1
CQO DQO 01 CQU DQO 0 1

according to (C.28). The first block column in particular gives (4.54) hence
condition (3.43) is satisfied and (3.44) can be applied so that

{ég} = B (1)} [ég} e W=UWI (4.57)

with unitary U defined by (3.45). Now @Q is real if and only if there exists a
matrix T" so that

AR I I R

according to (C.28). Since the pair (Ag, Cq) is observable I is uniquely defined
by (4.57) according to (3.10). Comparing this to (4.58) shows that T' = I since

I is unique, so that realness of @ follows from realness of Q) if and only if the
conditions (4.53) are satisfied.

Proposition If the dynamic matrix Ap of the given plant P has no eigenval-
ues in common with the dynamic matrix Ag of the current parameter @ and
if the plant P is real, then

Q real = K real (4.59)

and @, K share the same realness transformation matrix I
Ag Bg||I 0| |I 0||Ag Bg
Cqo Dg| |0 1 0 1 Cqo Dg
Ag Bg||I 0| |[I 0| |Ax Bg
Cx Dgk||0 1 o1 Cx Dg

Proof Plant P and parameter @ are real if and only if there exist Ip, I so
that

(4.60)

Ap Bp] [Ip 0] [Ap Bp|[Ip 0]
Cr Dp| |0 1||Cp Dp||0 1

Ao Byl [1 0][A, Bol|[I o]"
CQDQ_OlcQDQ()l

according to (C.28). With (4.61) the conjugate of (4.14) provides

(4.61)

IRI;'Ap = AQIRI;' + BoCp
Subtracting this from (4.14) gives

Ag(R—IRIp') — (R—IRI;' )Ap =0
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This is a Sylvester equation and according to (A.86) has a unique solution
R=I'RIp (4.62)

if and only if A4, # Aa, for all eigenvalues Aa,,\a, of Ap, Ag respectively.
With (4.61) and (4.62) it follows from (4.15) that

Lyx=I"'Ly (4.63)
and with (4.63) further

Ax By] [T 0]7'[1 Lx][Ag Bol[I o
Cx Dg| |0 1| |0 Exp||Co Do|l0 1

so that K is real with transformation matrix I.

4.3 Sufficient Conditions

The proposed multiobjective optimization method presented in the preceding
sections roughly consists of first constructing a controller parameter @ for a
given initial controller Ky and constructing initial L1 norm parameters «, 3,
then calculating the local subgradient and thereby constantly improving the
parameters (Q, o, 3) and finally reconstructing a final controller K* from the
improved parameter Q. While a detailed algorithm is presented in section 4.4,
this section provides some sufficient conditions for these constructions, calcula-
tions and reconstructions to work.

4.3.1 Sufficient Condition for Parameter Construction

A necessary and sufficient condition for the ability to construct a parameter
Q@ from an initial controller K is the existence of a solution R to the Riccati
equation (4.12). A sufficient condition for the existence of R can be given.

Proposition If the dynamic matrix Ay of the closed loop H formed by the
given plant P and a given controller K is diagonalizable, then there exists a
not necessarily unique R so that a parameter @ can be constructed from the
given controller K. If in addition to that H is stable and K is observable, then
Q is stable and observable.

Proof If Ay is diagonalizable then according to (2.30) a not necessarily unique
solution R = Rk p to the Riccati equation (2.21), which is equal to the Riccati
equation (4.12), exists. Then a parameter @ can be constructed from controller
K by application of (4.13). If the closed loop H is stable then K is a stabilizing
controller and thus @ is stable due to (2.46). If K is observable then Q = Q,
is observable due to (2.45).

4.3.2 Sufficient Condition for Subgradient Calculation

A necessary and sufficient condition for the ability to write the subgradient
(4.20) in the explicit form (4.32) is the existence of solutions F'; to the Sylvester
equations (4.25) and the existence of solutions La, Lo, M4, Mo, N a4, N¢ to
the Stein and Sylvester equations (4.31). A sufficient condition for the existence
of Fi,Ls,Le, M 4, M, N 4, N¢c can be given.
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Proposition If the dynamic matrix Ap of the given plant P has no eigenval-
ues in common with the dynamic matrix Ag of the parameter @ and if Q is
stable and observable, then there exist unique F;, L, Lo, M a, Mo, N o, N¢
and the subgradient of the cost function f can be given in the explicit form of
(4.32) so that it can be calculated.

Proof The subgradient in (4.20) can be written in the form (4.21). Due to
(A.86) the Sylvester equations (4.25) have unique solutions F'; if and only if
Aap # Aa, for all eigenvalues Aa,,Aa, of Ap, Ag respectively. Then the
subgradient (4.21) can be written in the form (4.26). If the pair (Ag, Cg) of Q
is stable and observable it can be set as the center of a chart (Ag, = Ag,Cqo, =
C(). Hence the Stein and Sylvester equations (4.31) have unique solutions and
thus the subgradient (4.26) can be written in the form (4.32).

4.3.3 Sufficient Condition for Controller Reconstruction

A necessary and sufficient condition for the ability to reconstruct a final con-
troller K* from a parameter @ is the existence of a solution R to the Sylvester
equation (4.14). A sufficient condition for the existence of R can be given.

Proposition If the dynamic matrix Ap of the given plant P has no eigenval-
ues in common with the dynamic matrix Ag of the current parameter Q, then
there exists a unique R so that a controller K can be uniquely reconstructed
from the current parameter Q.

Proof Due to (A.86) the Sylvester equation (4.14) has a unique solution R
if and only if A4, # A4, for all eigenvalues A4, , A4, of Ap, Ag respectively.
Then a controller K can be uniquely reconstructed from parameter Q by ap-
plication of (4.15).

4.3.4 Sufficient Condition for L1 Parameter Construction

In order to construct initial L1 parameters «, 3 for extended loops H ; controlled
by an initial controller K, upper bounds of the .1 norms of the extended loops
H; have to be found by solving the bilinear matrix inequalities in (4.6) which is
difficult. A method for iteratively solving the bilinear matrix inequalities is to
alternately fix «;, 8; and Z; and to solve the resulting linear matrix inequalities
at each step in order to decrease the upper bound v;. That way the linear matrix
inequalities for fixed «;, B; are solved for Z; and provide a potentially better Z;
for the following linear matrix inequality for fixed Z; and so on. A sufficient
condition for the existence of initial «;, 5;, Z; can be given so that the iterative
process can be started, eventually resulting in the initial L1 parameters «, 3.

Proposition If the extended loop H; is stable, then valid initial o, 8;, Z; can
be derived from the spectral radius p; of the extended loop dynamic matrix A;
by selecting an «; €]0,1 — p?[, solving the first linear matrix inequality in (4.6)
for Z; and then solving the second linear matrix inequality in (4.6) for ;. The
spectral radii p; can be collected in a radius vector p.
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Proof The proof follows the ideas presented in [1] applied to the discrete case.

If A; is stable then it has a spectra radius bounded by p; = maxy, |A\x| < 1 with

Ak denoting the eigenvalues of A;. Now select a; €]0,1 — pf[ then \/11_70,141‘ is

still stable with spectral radius ﬁ pi < 1. Since ﬁAi is stable the Stein
equation in Z;l
1

— oy

1
AZ7TAY —z7 4 ;BiBfI +E; =0

with E; > 0 so that %BiBfIJrEi > 0 has a unique solution Z;l > 0 according
to (A.89). Thus there always exists a Z; ' > 0 for any a; €]0,1 — p?[ so that

1
1—0[2‘

1

AZ7'AY —z7'+ —B,Bf <0
a;

which is equivalent to

_ Lzt o0][A”
z;' - [A; Bi] [Hb 11} [BlH] >0

Using (A.65) this is equivalent to

z! A; B;

AT 1-apz; 0 |>0

B 0 a;1
Using (A.64) this is equivalent to

Z; Z;A,; Z;B;

Using (A.65) this is equivalent to

[(1 —a)Z; 0 } B [Af[Zi

-1
0 a;1 BzHZi:| Z;'|Z;A; Z;Bi] >0

This finally gives

which is a slightly stricter version of the first matrix inequality in (4.6). This
means that for any a; €]0,1— p?] this linear matrix inequality in Z; has at least
one solution Z; > 0 which can then be put as a constant matrix into the second
matrix inequality in (4.6) that then becomes a linear matrix inequality in ;.

4.4 Complete Algorithm

This section summarizes the steps to carry out a multiobjective optimization
based on the parametrization of fixed order controllers and the parametrization
of observable pairs with objectives formulated in terms of the L1, L2/H2, Hoo
norms. The proposed algorithm consists of the three stages initialization, opti-
mization, finalization. An overview of this algorithm is presented in figure 4.3
while a more detailed description is provided below.
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* Get realization of the plant P, get observable
realization of a working controller K,

* Calculate parameter Q from K,

* Define extended loops H;

* Define cost f(y):yTIy with diagonal I20, define
semidefinite constraint G(o,B,v,€,%,Q)=0 in
terms of L1,L2/H2,H» norms on the extended
loops H;

* Initialize a,P using the spectral radius p by
solving L1 linear matrix inequalities

* Extract stable observable pair (Ry,Cy) as

initial chart center from parameter Q,
calculate Gram observability matrix G, of pair

(ByprCyy) » find lossless completion (By,D,) of
pair (Ay,Cy), set W=0 and Gram observability
matrix G=G,

Repeat as long as cost f improvement is above
threshold

* Obtain sensibility matrix Q" by evaluation
of Lagrange dual function for current
parameter values Q,a, B

* Actualize the current parameter values
Q,a,B in direction provided by the
subgradient of cost f as a function of
the variations of W,B,, D,

« If smallest eigenvalue of G below
threshold set current pair (A, C,) as new

center (A,,,Cy), balance it so that G;=1,
set W=0 and G=G,

* Calculate locally optimized cbservable
controller realization K" from current
parameter value Q

Figure 4.3: Overview of the optimization algorithm.
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4.4.1 Initialization

In the initialization stage, the optimization problem is set up for a given plant
P that is to be optimally controlled by a controller K in a feedback loop H.
The optimization objectives are defined in form of a scalar cost function and
a negative semidefinite matrix constraint function. An initial parameter Q is
constructed from an admissible controller K.

e Get a realization of the plant P and an observable realization of an initial
working controller K.

o Define filters Py, Pyw,, P.u, and thereby formally construct the ex-
tended loops H; as defined in section 4.1.1 for each optimization objec-
tive which allows to refine the objectives by selecting certain performance
channels or by emphasizing certain frequencies.

e Define the optimization objectives in form of a scalar cost function f(+)
of the form f(v) = 4T Iy with diagonal I > 0 and a constraint function
G'(a, B,7,€, Z, K) < 0 formulated in terms of the L1, L2/H2, Hoo norms
given in section 4.1.2 while assuring the initial working controller K¢ to be
admissible. It is admissible if there exist « > 0,83 > 0,7 > 0,6 > 0,Z > 0
so that G’ (e, 3,7,€,Z,K() < 0. The optimization problem is now set
up and can be written in the form (4.11).

e Try to construct initial L1 parameters o, 3. It has been shown in sec-
tion 4.3.4 that if the extended loop H; is stable then this is possible by
first selecting an initial a; €]0,1 — p?[ then calculating the initial Z; and
finally the initial 8;, with p; being the spectral radius of the extended
loop dynamic matrix A;. Alternately fixing oy, 8; and Z; and solving the
resulting linear matrix inequalities at each step in order to decrease the
upper L1 norm bound «; should then lead to usable initial L1 parameters

a, (.

e Try to build Q from K using the relations provided in section 4.2.1. If
equation (4.12) has a solution R then @ can be calculated by (4.13). It has
been shown in section 4.3.1 that if the closed loop dynamic matrix Ay is
diagonalizable then this is possible. Since K is required to be observable,
also Q = @, is observable due to (2.45). Further the extended loops H;
need to be stable for the L1, L2/H2, Hoo norms to remain bounded so that
K is a stabilizing controller and thus @ is stable due to (2.46). Hence
Q is stable and observable. The optimization problem is now ready for
optimization and can be written in the form (4.18).

o Extract the stable observable pair (Ag, Cg) from parameter Q and set it
as the center (Ag, = Ag,Cq, = Cq) of the chart for the parametriza-
tion of stable observable pairs. Reset W = 0 and let Gy be the Gram
observability matrix of the center stable observable pair (Ag,,Cq,). Find
a lossless completion pair (Byg, Do) of the center (Ag,,Cq,) as defined
in (3.6).
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4.4.2 Optimization

In the optimization stage, the parameter Q along with «, 3 are improved, which
means that they are moved from their initial positions so that the cost function
f decreases and the constraint function G remains negative semidefinite. The
whole optimization stage is repeated until the cost function reaches a local
minimum.

e Evaluate the Lagrange dual function of the cost function f for the current
parameter value Q and current values «, 8 and obtain the local sensitivity
matrix ¥ as described in section 4.2.4.

e Actualize the parameter Q and «, 3 so that f decreases, the decreasing
direction being indicated by the subgradient of the cost function f as
described in section 4.2.5. Try to calculate the subgradient as a function
of the variation of the parameter state space matrices Bg, Dg and the
stable observable pair parameter W as shown in the sections 4.2.6, 4.2.7,
4.2.8. It has been shown in section 4.3.2 that if the dynamic matrix Ag
of the stable and observable parameter @ has no eigenvalues in common
with the dynamic matrix Ap of the plant P then this is possible.

e If the condition G > 0 is close to be violated, center on the current
balanced stable observable pair (Ag, = JAgJ ', Cq, = CoJ ") with
J defined by G = J¥J and reset W = 0 and Gy = 1. Find a lossless
completion pair (Bg, Dg) of the center (Ag,,Cq,) as defined in (3.6).

4.4.3 Finalization

In the finalization stage, an optimal controller K™ is reconstructed from the
improved parameter Q.

e Try to build K* from Q using the relations provided in section 4.2.1. If
equation (4.14) has a solution R then K™ can be calculated by (4.15).
It has been shown in section 4.3.3 that if the dynamic matrix Ag of the
parameter @ has no eigenvalues in common with the dynamic matrix Ap
of the plant P then this is possible.
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Chapter 5

Conclusion

In this report, a way to improve an existing controller with respect to a multi-
objective specification, written in terms of the L1, L2/H2, Hoo system norms,
has been presented. Three key elements distinguish the proposed approach.
First, a parametrization of fixed order controllers by a stable and observable
controller parameter, based on the work in [13]. Second, a parametrization of
all stable observable pairs that allows an infinitesimal adjustment of the con-
troller parameter, based on the work in [2]. And third, the use of a sensitivity
information to calculate the local subgradient of the optimization problem so
that the controller parameter can be adjusted the right way, based on the work
in [4].

Although many performance measures to quantify the specifications of a
multiobjective optimization problem exist, the L1, L2/H2, Hoo system norms
are possibly the most important ones. They have been chosen in this report
due to their practical relevance and also to illustrate the scope of the proposed
approach. For a given system, the H2 and Hoo norms stand exemplarily for
linear matrix inequality constraints and the L1 norm stands exemplarily for a
bilinear matrix inequality constraint. Despite these inherent differences, these
constraints are treated in a unified way, as part of a more general semidefi-
nite constraint. The necessity for the proposed approach to gain access to the
sensitivity information currently limits the possible constraints to these three
normes.

The proposed solution is based on the left controller parameter @ ; on which
a parametrization of stable observable pairs is applied. However, the dual ap-
proach is also possible, based on the right controller parameter Q on which a
parametrization of stable controllable pairs is applied. In practical applications
one could imagine to use @Q; and the stable observable pair parametrization in
case of K having more inputs than outputs since the output matrices C'x,Cgqr,
are then of smaller dimension than the input matrices Bx, Bgor and thus the
stable observable pair parametrization of (Agr,Cqr) is then simpler than the
stable controllable pair parametrization of (Agr, Bor) and to use Q and the
stable controllable pair parametrization in the other case.

The Riccati equations (2.21), (2.22) may have multiple solutions Rxp, Rpx
for a given plant P and controller K. The implications on the proposed algo-
rithm are yet unknown. It may be possible that the descending paths of the
algorithm are different for different Rxp, Rpx so that in the case of the de-

(6]
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scending algorithm starting from a saddle point or a maximum of the cost
function, the outcome of the local optimization may be totally different.



Appendix A

Algebra

A.1 Ring Structure

This section serves as the mathematical foundation on which the main text is
built upon and provides in particular the coprime factorization and coprime
completion that are the starting point in the search for parametrizations.

A.1.1 Rings and Units

This section introduces the algebraic structure of a ring and provides the laws
that follow from the definitions. Some special rings are given and the notion of
unit is defined.

Ring

A ring R is a set with two binary relations “+” called addition and “.” called
multiplication with multiplication having priority over addition. Every element
of a ring has an inverse with respect to addition, but not all elements have
inverses with respect to multiplication. A ring is defined by the properties

R+R=R (completeness) (A.1)

Va,b,c€ R:a+ (b+c)=(a+b)+c (associativity) (A.2)
Va,be R:a+b=b+a (commutativity) (A.3)
VaocR:a+0=0+a=a (identity) (A.4)
VaeR:a+(—a)=(—a)+a=a—a=0 (inverse) (A.5)
RR=R (completeness) (A.6)

Va,b,c € R: a(bc) = (ab)c (associativity) (A.7)
VYVa€e R:al=1la=a (identity) (A.8)

Va,b,c€ R:a(b+c) =ab+ac, (a+b)c=ac+bc (distributivity) (A.9)

7
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Remark 1 Multiplication with the additive identity
YVae R: a0=0a=0 (A.10)

since a =al =a(l+0)=al4+a0 =a+ a0 < a—a = 0= a0 and by analogy
a = la leads to 0 = Oa.

Remark 2 Multiplication with an additive inverse
Va,b € R: a(-b) = (—a)b = —ab (A.11)

since ab + a(—b) = a[b + (=b)] = a0 = 0 & a(—-b) = —ab and by analogy
ab+ (—a)b leads to (—a)b = —ab.

Trivial Ring

The ring R = {0 = 1} is called the trivial ring. In a nontrivial ring R that has
other elements a € R: a # 0 we always have

0 # 1 < nontrivial ring (A.12)

Proof Let 0 =1 and take an arbitrary a € R then ¢ = al = a0 = 0 and thus
a =0 for all a € R so that R must be the trivial ring.

Commutative Ring
If in addition to laws (A.1) to (A.9) the elements of ring R further obey
Va,be R: ab=ba (A.13)
then R is said to be a commutative ring.
Integral Ring
If in addition to laws (A.1) to (A.9) there is no solution to
Va,be R\ {0}: ab=0 (A.14)

then R has no zero divisors and is said to be an integral ring.

Remark On an integral ring, the equation axz = a with z € R,a € R\ {0}
has a unique solution x = 1 since ax — a = a(z — 1) =0 and a # 0.

Unit

If an element v in a ring R is invertible with respect to multiplication, then it
is called a unit and obeys the rule

YVueR: wvut=utu=1 (A.15)
This leads to a special property for units u € R

Ru=uR=R (A.16)
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Proof since on the one hand Ru C R and uR C R and on the other hand
R =Rl = Ru='u C Ruand R = 1R = wu"'R C uR and therefore being
subsets of each other the two sets are equal and Ru = uR = R. This is in
contrast to Rr C R, "R C R for an arbitrary r € R due to multiplicative
completeness (A.6).

Field

If every nonzero element 7 # 0 in a ring R is a unit then the ring R is called a
field.

A.1.2 Ideals and Equivalence

This section introduces important subsets of a ring, the ideals. A measure for
the size of ideals is given and the smallest ideals containing a number of elements
are calculated. Finally, the notion of equivalence on a ring is defined and its
relation to ideals is shown.

Ideal

An ideal I is an additive subgroup of a ring R that is invariant under multi-
plication by R. Since multiplication on a ring is not necessarily commutative,
there exist left and right ideals. On a commutative ring they are both equal. A
left ideal I is defined by the properties

ICR (subset) (A.17)
I-I1=1 (additive subgroup) (A.18)
RI=1 (multiplicative invariance) (A.19)

For a right ideal, equation (A.19) changes to IR = I. Equation (A.17) assures
that I inherits the laws of the ring except completeness (A.1) and (A.6). Fur-
thermore, since I is a subset, it not necessarily contains the identities 0 and
1 and the additive inverse —a of an element a € I. Equation (A.18) assures
additive completeness of I and provides the ideal with the additive identity 0
and the additive inverse —a of an element a € I. With these two equations I
becomes an additive subgroup of R. Equation (A.19) provides the multiplica-
tive invariance property and since I C R = II C RI = I assures multiplicative
completeness.

Remark That means an ideal I is almost a ring. If I also contained the
multiplicative identity 1, then I would indeed be a ring. Equation (A.20) will
show that this ring is R.

Ideal containing a Unit

If any ideal I contains a unit w € R then the ideal is the ring itself
I=R&suel (A.20)

Proof Since R = Ru = uR C I using (A.16) and (A.19) and I C R due

to (A.17) and therefore being subsets of each other the two sets are equal and
I = R. The ideals 0 and R are called trivial ideals.
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Intersection of Ideals

The intersection of two same sided ideals is again an ideal of the same side

I=5LNI (A.21)

Proof This is because first [y C R and Io C Rso I = I; NIy C R which
verifies (A.17),second Iy — [y = and Iy — b =1y so [ — I C I; — I} = I; and
I-ICIly—1I,=1Iysothat I —I C Iy NIy = I and thus I — I = I which verifies
(A.18) and third RI; = I and RIs = Iy so RI C RI; =1, and RI C Rl = I
so that RI C Iy NI = I and with 1 € R this gives RI = I which verifies (A.19).
The same is true for right ideals.

Sum of Ideals

The sum of two same sided ideals is again an ideal of the same side

I=I+1, (A.22)

Proof This is because first Iy C Rand Iy, C Rsol =11 +Ib, C R+ R=R
which verifies (A.17),second Iy — 1 =L and Iy — b =Ty so [ -1 = (I; + I5) —
(h+L)=1 — L)+ (I — 1) = I + I = I which verifies (A.18) and third
RI; =1, and Rl = I so RI C RI1} + RI; = I + I = I and with 1 € R this
gives RI = I which verifies (A.19). The same is true for right ideals.
Principal Ideal

A principal ideal I(x) is an ideal with one additional property
Rz = I(x) (generation) (A.23)

This defines a left principal ideal. For a right principal ideal, this equation
changes to xR = I(z). This equation means that there is one element z € I(x)
that generates the ideal. A principal ideal is therefore the set of all multiples of
x by ring elements.

Size of an Ideal

Two same sided ideals can be compared in size with respect to mutual inclusion
I, C Iy & I; smaller than I (A.24)

and an ideal I # R is said to be mazimal if it is not contained in any other
ideal of the same side.

Smallest Ideal containing two Ideals

The smallest ideal that contains two ideals I, Iy C R is the sum of the same
sided ideals I1 + Is generated by these ideals

I, + I5 is the smallest ideal that contains I, I> (A.25)
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Proof Let I be the smallest ideal that contains Iy, I, thus I C I1 + I5. But [
as an ideal verifies (A.18) and since I1 C I and Iy C I this leads to Iy + I C I
and therefore being subsets of each other the two sets are equal and I = I + I5.

Smallest Ideal containing one Element

The smallest ideal that contains an element a € R is the principal ideal I(a)
generated by this element

I(a) is the smallest ideal that contains a (A.26)

Proof Let I be the smallest ideal that contains a, thus I C I(a). But for left
ideals I(a) = Ra C RI = I and therefore being subsets of each other the two
sets are equal and I = I(a). The same is true for right ideals.

Smallest Ideal containing two Elements

The smallest ideal that contains two elements a,b € R is the sum of the same
sided principal ideals I(a) + I(b) generated by these elements

I(a) 4 I(b) is the smallest ideal that contains a,b (A.27)

Proof Let I be the smallest ideal that contains a,b, thus I C I(a)+ I(b). But
for left ideals I(a) = Ra C RI = I and I(b) = Rb C RI = I with (A.18) leads
to I(a) + I(b) C I and therefore being subsets of each other the two sets are
equal and I = I(a) + I(b). The same is true for right ideals.

Equivalence

Two elements x,y € R are said to be left equivalent if there exists a unit u € R
for which x = uy. By analogy, they are right equivalent if there exists a unit
v € R for which x = yv. Two equivalent elements generate the same principal
ideal

Ix)=1y)ex~y (equivalence) (A.28)

Proof Left equivalence z ~ y < x = uy leads to I(x) = Rx = Ruy = Ry =
I(y). To verify the reverse direction, let  » y. If 3a € I(y) : a ¢ I(x) then
clearly I(x) # I(y). If this is not the case then Va € I(y) : a € I(z) and therefore
I(y) C I(x) = y € Rx. So Im € R : y = ma, but m is not a unit since = ~ y
so that I(m) # R. Hence 3p € R : p ¢ I(m) and thus fig € R : p = ¢m. This
allows the construction of a = px so that a € I(x) but since g € R : p = gm
this leads to 3¢ € R : a = pr = gma = qy. This means that a ¢ I(y) so indeed
Jda € I(z) : a ¢ I(y) and therefore x » y = I(x) # I(y) which is equivalent to
x ~y < I(x) =I(y). The same is true for right equivalence.

A.1.3 Division

This section introduces the notion of divisibility on a general ring, using the
concept of ideals. It is shown how the least common multiple and the greatest
common divisor of two ring elements can be found.
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Divisibility

Since a principal ideal is the set of all multiples of its generator, any element of
the ideal can be written as a product of the generator and a ring element. This
introduces the notion of divisibility

a € I(b) & a can be divided by b (divisibility) (A.29)

Proof Let I(b) be a left ideal then a € I(b) = Rb and hence Im € R: a =mb
and thus b is a right divisor of a. If it is a right ideal then, by analogy, its
generator is a left divisor.

Remark A unit v € R is a divisor to every element of the ring since following
equation (A.20) any ideal containing a unit is the ring itself. Especially I(u) = R
and thus every ring element is contained in this ideal and therefore divisible by
its generator u.

Least Common Multiple

If the intersection of two principal ideals is itself a principal ideal, then the least
common multiples are defined by

The generators of I(a) N I(b) are the least common multiples of a,b (A.30)

Proof If the intersection of two principal ideals I(a) NI (b) is itself a principal
ideal, then we have I(a) N I(b) = I(m). Since I(m) C I(a),I(b) and especially
m € I(a), I(b) divisibility (A.29) shows that m can be divided by a, b or in other
words m is a common multiple of a,b. If m’ is another common multiple of a, b
of the same side as m, then m’ € I(a),I(b) so that m’ € I(a) NI(b) = I(m).
This means m/’ is itself a multiple of m and therefore m is the least common
multiple if I(a) N I(b) is principal.

Remark Due to (A.28) all generators of I(a)N1(b) and thus all least common
multiples are equivalent.

Greatest Common Divisor

If the sum of two principal ideals is itself a principal ideal, then the greatest
common divisors are defined by

The generators of I(a) + I(b) are the greatest common divisors of a,b (A.31)

Proof If the sum of two principal ideals I(a) 4 I(b) is itself a principal ideal,
then we have I(a)+I(b) = I(d). Since I(a), I(b) C I(d) and especially a,b € I(d)
divisibility (A.29) shows that d is a common divisor of ¢ and b. If d’ is another
common divisor of a,b of the same side as d, then a,b € I(d'). But following
(A.27) the ideal I(d) = I(a)+ I(b) is the smallest ideal containing a, b, we have
I(d) C I(d’") and thus d can be divided by d’ and therefore d is the greatest
common divisor if I(a) 4+ I(b) is principal.
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Remark Due to (A.28) all generators of I(a) + I(b) and thus all greatest
common divisors are equivalent.

Coprime Elements

Two elements a,b € R are called coprime if their greatest common divisor is a
unit v € R
I(a) 4+ I(b) = R < a,b are coprime (A.32)

since R = I(u). For a greatest common right divisor, they are right coprime
with I(a) and I(b) being left ideals. They are left coprime in the other case.

Coprime Quotients

Since the greatest common divisor d of a, b contains all other common divisors,
a, b divided by d do not share any common divisors and thus the quotients are
coprime

a =md and b = nd = m,n are right coprime (A.33)

if d is the greatest common right divisor of a, b

If it is the greatest common left divisor, then we have @ = dm and b = dn with
m,n left coprime.

Proof Let m,n have a greatest common right divisor z so there are v,w € R
with m = vz and n = wz so that a = md = v(zd) and b = nd = w(zd). So zd
is a common right divisor of a,b so a,b € I(zd) and because (A.27) and (A.31)
show that I(d) is the smallest ideal to contain a,b thus I(d) C I(zd). But
I(zd) = Rzd C RRd = Rd = I(d) and therefore being subsets of each other the
two sets are equal and I(d) = I(zd) < d ~ zd using (A.28). Therefore z must
be a unit and thus m, n are right coprime. The same is true for left division and
left coprimeness.

Bezout Identity

The greatest common divisor d of a,b € R is a generator of I(a)+ I(b) and thus
d € I(a) + I(b). If the ideals are left sided then d € Ra + Rb and therefore

Jz,y € R: za+ yb=d, the greatest common right divisor of a,b  (A.34)

which is called the Bezout identity. For right ideals and left divisors, this equa-
tion changes to ax + by = d. On integral rings, the Bezout identity (A.34) can
be reduced to

xv + yw = 1 with z,y left coprime and v, w right coprime (A.35)

Proof According to (A.33) there are right coprime v,w € R with a = vd
and b = wd so that xvd + ywd = d leads to zv + yw = 1 on an integral ring.
Let x,y have a greatest common left divisor z so there are m,n € R with
x = zm and y = zn so that zmv + znw = 1. By z(mv + nw)z = z we have
z(mv+nw) = (mv+nw)z = 1 since the ring is integral. So the greatest common
left divisor z is a unit and therefore x,y are left coprime.
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A.1.4 Factorization

This section develops the factorization of elements on a special case of a ring, the
principal commutative ring. On such a ring, it is shown that the factorization
is essentially unique.

Principal Ring

A principal ring is a ring where every ideal is principal. So if in addition to laws
(A.1) to (A.9) the elements and ideals of R further obey

VICR,3x € R: I=1I(x) (A.36)

then R is said to be a principal ring.

Irreductible Elements

Every element p € R is at least contained in two principal ideals, namely the
ideal I(p) generated by p itself and the trivial ideal I(1) = I(u) = R. If p is not
contained in any other principal ideal, then p is said to be irreductible. Hence,
irreductible elements are only divisible by itself and the units v € R. On a
principal ring R the following equivalence holds

I(p) is maximal < p is irreductible (A.37)

Proof If on the one hand p € R is not irreductible, there is a ¢ € R that
divides p so that p € I(q) and using (A.26) this means I(p) C I(¢q) and thus
I(p) is not maximal. If on the other hand I(p) is not maximal then there is an
ideal I so that I(p) C I and since the ring is principal, I has a generator ¢ € R
so that I(p) C I(q) and p can be divided by ¢ and thus p is not irreductible.

Irreductibility and Coprimeness

For any element x € R, the following equivalence holds if p € R is irreductible:
I(z)+1I(p)=R<xz ¢ I(p) (A.38)

with the two ideals being same sided. In other words, if an irreductible p € R
does not divide z € R, then with (A.32) z,p are coprime and their greatest
common divisor is a unit u € R.

Proof If on the one hand = € I(p) then using (A.26) this leads to I(x) C I(p)
and thus I(z) 4+ I(p) = I(p) # R so that I(z) +I(p) = R= = ¢ I(p). If on the
other hand I(x) + I(p) # R then clearly I(p) C I(z) + I(p) and because p is
irreductible and with (A.37) I(p) is maximal, this gives I(z) 4+ I(p) = I(p) and
thus I(x) C I(p) and especially « € I(p) so that I(x) + I(p) = R < = ¢ I(p).

Irreductibility and Divisibility

If a product ab of elements of a commutative ring a,b € R is not divisible by an
irreductible p € R, then neither of the factors a, b is divisible by p

ab=ba ¢ I(p) & a,b ¢ I(p) (A.39)
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Proof If a € I(p) then with (A.26) this gives I(a) C I(p) and because I(ab) =
Rab C Ra = I(a) we have I(ab) C I(p) hence ab € I(p) and thus ab ¢ I(p) =
a,b ¢ I(p). Now let ab € I(p), then at least one of the factors a,b must be
divisible by p to verify the reverse direction. If a ¢ I(p) then with (A.38)
this gives I(a) + I(p) = R and can be written as 3,y € R : xa + yb = 1.
Multiplying this by b leads to xab + ypb = b and since ab € I(p) can be written
as 3z € R : ab = zp this gives zzp + ypb = b so that (zz + yb)p = b and thus
b € I(p) which verifies ab ¢ I(p) < a,b ¢ I(p).

Factorization on Principal Commutative Rings

Any element of a principal commutative ring x € R has an essentially unique
factorization in irreductible elements

rT=1u H pr, where u € R is a unit (A.40)
k=1

Proof This factorization is due to an algorithm that reduces = to a unit u. If
2 is not a unit, there must be a maximal ideal I(p;), which is principal since R
is principal, with « € I(p;) so that 3z1 € R : @ = x1p;. If 1 is not a unit, there
must be a maximal ideal I(p2) with x1 € I(p2) so that Jzo € R : 1 = zap2 and
so on, until 2, = w is a unit. Since the ideals I(p;) are maximal, with (A.37)
the py are irreductible. It can be proven by Zorn’s lemma that this algorithm
and hence n in (A.40) is finite.

Now let = u[[;—, pr = v][[j_; qx be two factorizations of z. Since a g;
divides = we have = u[[,—, px € I(g;) and using (A.39) there is at least one
p; with p; € I(g;). Using (A.26) this gives I(p;) C I(g;) but I(p;) is maximal
so that I(p;) = I(g;) and with (A.28) the two generators are equivalent p; ~ g¢;.
So for every p; there is an equivalent ¢; and thus the number of irreductible
factors is the same m = n and the factorization (A.40) is essentially unique,
with the word essentially referring to the possibility of exchanging a factor by
an equivalent factor.

A.1.5 Extension to Matrices

This section treats matrices that are built from elements of a principal commu-
tative integral ring.

Unit Matrices

A square matrix U built from elements of a principal commutative ring R is a
unit if and only if its determinant is a unit in R

U is a unit in R™" < detU is a unit in R (A.41)

Proof since on the one hand if U is a unit in R™™ then by definition (A.15)
there exists a U™! with UU™* = U 'U = 1 where 1 denotes the R™"
identity matrix. Therefore det(UU ') = detUdetU ™! = det(U'U) =
det U 'detU = det1 = 1 shows that detU is a unit in R. If on the other
hand det U is a unit in R then (detU)~! € R. Cramer’s theorem states that
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for every matrix M € R™™ there is a unique adjoint matrix adj M € R™™ that
satisfies M adjM = adj MM = 1det M. Since (detU)~! € R, the matrix
adjU(det U)~! € R™" is a valid inverse of U which therefore is a unit in R™".

Bezout Identity for two Elements

The relations among two elements of a principal commutative integral ring a, b €
R and their greatest common divisor d € R can be brought into the matrix
representation of the Bezout identity

b 0

with d being the greatest common divisor of {a,b}

Jwit U € R>?: U m = [d} (A.42)

Proof Since R is integral, the Bezout identity (A.34) can be reduced to (A.35),
so for any two elements a,b € R with greatest common divisor d € R there exist
v,w,x,y € R so that za+yb = d, zv+yw = 1, wa = vb with the third equation
stemming from the fact that d is a common divisor of a, b so that a = vd, b = wd
hence wa = wvd = vwd = vb since R is commutative. These three equations
can then be brought into the matrix form (A.42)

[:wa fv} {Z] = {g] with det [:me fv] = drvtyw = =+1

Because of (A.41) the matrix U is a unit in R%? since det U = +1 is a unit in
R.

Bezout Identity for multiple Elements

This form of the Bezout identity can be generalized to a relation between a set

of elements {aj,as,...,a,} C R and their greatest common divisor d € R
al d
ag O
Junt U e R™™: U | .| =]. (A.43)
an 0
with d being the greatest common divisor of {a,as,...,an}

Proof This is proven by induction. Following (A.42) this equation is correct
for n = 2. Suppose (A.43) correct for n — 1 so that there exists a unit U €
R=1n=1 with

G G
Lo |l p ol
=17 {0 U} =
n-1 0 G 0
where d is the greatest common divisor of ay, as,...,a,_1. In order to get from

n — 1 to n, equation (A.42) may be used for the greatest common divisor d’ of
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elements a,,, d and thus the greatest common divisor of all ay, as,...,a, so that
there exists a unit V' € R?? with:

Qn

d/
an| _ [d vV o 0 0
vid=Bl= [0 L))
0 0
Hence the equation can be formulated for n:
n a1 d/
ay
V. o[t 0] e |_[v o7 o]0 1]|e@|_|O°
0 1n—2 0 U . 10 1n—2 0 U 1n—1 0 -
Ap—1 v’ n 0

It is now left to verify that U’ is still a unit in R™" what according to (A.41)
is equal to det U’ being a unit in R:

., [v o 1 0 0 1] s
detU" = det {0 1n_2] det [0 U] det {17;—1 0} =(-1)""detVdetU
Since (—1)"™! = £1 is a unit in R and detU,det V are units in R, detU’ is
also a unit in R and thus the matrix U’ is a unit in R™".

Equivalence to Triangular Matrix

Any matrix M € R™" is left equivalent to an upper triangular matrix T' € R™"
that has zeros below the diagonal

Junit U : UM = T upper triangular (A.44)

For right equivalence this equation changes to M TUT =TT when transposed,
so that any matrix M7 is right equivalent to T? which is a lower triangular
matrix with zeros above the diagonal.

Proof This is proven by induction. For m = 1 matrix M is a single line
and thus already an upper triangular matrix. For n = 1 matrix M is a single
column that according to (A.43) is left equivalent to an upper triangular matrix.
Suppose (A.44) correct for m—1,n—1 so that there exists a unit U € Rm~—1m~1
with
UM =T upper triangular

For m,n the first column of a matrix M’ € R™" can be brought in upper
triangular form using (A.43):

I R A i

0 M 0oU 0 UM 0 T
—_——— ———
U’ T

with V being a unit and det U’ = det U det V' shows that U’ is a unit in R™™
so that M’ is equivalent to the resulting upper triangular matrix 7' and thus
(A.44) is valid for m,n. It is interesting to note that due to (A.43) the entry d
in T' is the greatest common divisor of the first column of M.
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Equivalence to Diagonal Matrix

Any matrix M € R™" is equivalent to a diagonal matrix D € R™" that has
zeros below and above the diagonal

Junits U,V : UMYV = D diagonal (A.45)

Proof This is proven by induction. For m = 1 matrix M is a single line and
thus by (A.43) already equivalent to the diagonal matrix [d 0]. Forn =1
matrix M is a single column and thus the transpose of a single line and thus
also equivalent to a diagonal matrix. Suppose (A.45) correct for m — 1,7 — 1 so
that there exist units U € R™~ ™~ ! and V € R* 11 with

UMYV = D diagonal

For m,n the first column of a matrix M’ € R™" can be brought in upper
triangular form using (A.43):

’r_ dy my

UM = [ b

with U, being a unit. If d; divides all elements of vector m, so that mq, = nid;

then
’ 1 —ni| d1 my 1 —ni| d1 0
onrly 1[5 mlle =10 an)
—_——
Vi

with V1 being a unit since det V; = 1. If d; does not divide all elements of

vector my so that my # mid; then again, using (A.44), there exists a unit
Vi, € R™™ with

do m

N ) 2

vawary =[]

where dy is the greatest common divisor of the first column of (U1 M) thus

there exists a ro € R so that di = rods. Here the algorithm repeats until

eventually a dj, divides all elements of my, so that my = nydy. It can be proven

by Zorn’s lemma that this algorithm and hence k is finite so that there exist
units U’ € R™™ and V' € R™" with

! ! ! d 0

UMYV = [0 M]

Since (A.45) is supposed to be true for m — 1,n — 1, this leads to

1 0], ,[1 0] [d o ] [d o
{0 U}UMV{O V]{O UMV}[O D}
——

U’ v D’

with det U” = det U det U’ and det V" = det V det V' shows that U” and V"
are units in R™™ and R™" respectively so that M’ is equivalent to the resulting
diagonal matrix D’ and thus (A.45) is valid for m, n.
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Smith Normal Form

Any matrix of elements of a principal commutative integral ring M € R™™
is equivalent to a diagonal matrix D € R™"™ that has zeros below and above
the diagonal and whose ith diagonal element [D];; = d; is a divisor of all lower
diagonal elements d;

Junits U,V : UMYV = D diagonal (A.46)
with [D];; = d; being a divisor of d;

Proof Due to (A.45) matrix M is equivalent to a diagonal matrix D. It is left
to verify the sequential divisibility of its elements. This is proven by induction.
For m =1 or n = 1, matrix M is equivalent to a diagonal matrix with only one
diagonal element hence (A.46) is true. Suppose (A.46) correct for m —1,n — 1
so that there exist units U € R™~1™~1 and V € R*~1n~1 with

UMYV = D with [D);; = d; being a divisor of d;

For m,n, using (A.45), there exist units U’ € R™™ and V' € R™" so that
matrix M € R™" is equivalent to diagonal matrix D’ € R™™:

Iarivs! d 0

UMYV = [0 D}

By using another unit V" € R™", matrix D’ can be brought into the form

;i1 0] [d o
DL; 1}_[Dv D]
——
V'//

with a vector v € R"~! having identity elements [v]; = 1. Since D is diagonal,
Do gives
dy

Dv = || withl=min(m—1,n—-1)
dy

Following (A.43) there exists a unit U” € R™™ that reduces the first column
of D'V" to upper triangular form:

(5% U2 d 0 _ ) n _
[ug U4] [Dv D} = [o N} = wd+upDv =9

U’

with ¢ being the greatest common divisor of d and Dwv that is the greatest
common divisor of {d,dy,...,d;}. Since U” is a unit, it has an inverse U so

that this transformation is reversible:

up uH| |0 m| [ d O re
{ug Uﬁj {0 N}_[Dv D]:Bul‘s_d
—_——

U//—l

With 6 = u1d + us Do this gives u)(u1d + usDv) = d hence vjus = 0 and
uju; = uyu) =1 so that uy,u| are units since this must hold for all d and D.
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But u}d = d and u} being a unit means that d, § are equivalent greatest common
divisors of {d,dy,...,d;} so d divides all elements d; of diagonal matrix D so
that we have

U'M'V' = D' with [D'];; = d; being a divisor of d;

and thus (A.46) is valid for m,n.

Bezout Identity for Matrices

Two matrices A € R™* and B € R™* with the same number of columns have
a common square right divisor matrix D € R**

X, Y: XA+YB=D (A.47)
with D being the greatest common right divisor of A, B

which is the Bezout Identity for matrices. For left divisors this equation changes
to AX + BY = D for A € RF™ and B € R*"™ having the same number of
lines, so this is the transpose of (A.47).

Proof To verify the equation for right divisors, the matrices A, B can be
collected in a vertical block matrix since they have the same number of columns.
Then by applying (A.45) this leads to

Junits U,V : {A] _ {U1 Uz] [DO} v

B Us U,y
| S ——
U

with D’ diagonal. This gives
A=U,D'V, B=U3;D'V
so that A, B have a common right divisor D = D’V Since U is a unit, it is

invertible over R:
1| XY
v = {Z 1 Zo

This then provides the following representation:
1 |A X Y| [|A D’ D
1 _ _ _
o [al =1 2l 3] - [0]v - 2]
This equation includes the Bezout identity in the first line:

XA+YB=D

It is now left to verify that the common right divisor D is also the greatest
common right divisor of A, B. Let D" be another common right divisor of
A, B, then there exist matrices M and N so that A= M D" and B = ND".
Since XA + Y B = D this leads to (XM + YN)D" = D. This shows that
D" is itself a right divisor of D and therefore D is the greatest common right
divisor of A, B.
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Coprimeness

The pairs of matrices Ar € R™* Br € R™* and A;, € R*™, B € R*" are
respectively right and left coprime if their respective greatest common right and
left divisor is a unit matrix U € R¥*:

A AR+ B.Br=U (A.48)

which can be compared to (A.35) for ring elements.

Proof To verify the matrix version, comparison of (A.48) to (A.47) leads to U
being the greatest common right divisor of Agr, Bg and by symmetry also to U
being the greatest common left divisor of Ay, By. Since their greatest common
divisor is a unit matrix (A.41), the pairs Ar, Bg and Ay, B, are right and left
coprime respectively.

A.1.6 Extension to Fractions

This section extends the preceding equations for elements of a principal com-
mutative integral ring to equations for fractions of two elements of such a ring.

Fractions on a Ring

A fraction § of two elements of a principal commutative integral ring a € R,b €
R\ {0} is an element of the set F' = ﬁ. It can be proven using laws (A.1) to
(A.9) and (A.13) and (A.14) that F is itself a commutative integral ring where
every nonzero element is a unit and thus F' is a field, in this case the field of
fractions of R.

McMillan Normal Form

Any matrix M € F™"™ is equivalent to a diagonal matrix D € F™" that has
zeros below and above the diagonal and whose ith diagonal element is [D];; = %7
with a;, b; coprime and where a; divides all lower a;n and all lower b;n divide

b;
Junits U,V : UMYV = D diagonal (A.49)

with [D];; = % where a; divides a;4n and b,y divides b;

and a;,b; € R are coprime

with U € R™™ and V € R™"™.

Proof By multiplying M € F™"™ with the least common multiple d of all its
denominators the resulting product dM € R™"™ is a matrix with elements in
R so that (A.46) applies. Hence there exist units U € R™™ and V € R™"
so that UdMV = D is diagonal and [D];; = d; € R being a divisor of d;1y
so there exist r,4ny € R with d;4n = d;j7i4ny. Thus UMV = éD is diagonal
with d";N = %THN. In general, a fraction can be reduced if its quotients are
both divided by their greatest common divisor so that following (A.33) the
reduced quotients are coprime. In this case the reduction of the quotients leads
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to dj = ‘;— with a;,b; € R coprime and =4% = Z;—ig’ with a;1n, bjan coprime.
This gives Z:z = 4 = %THN = ‘Z—ZTHN so that a;1nb; = a;b;ynTi1N. Since

a;, b; are coprime a; must be a divisor of a;y and since a;+n, b;+Nn are coprime
b;+n must be a divisor of b;.

Coprime Factorization

Any matrix P € F"™"™ has a non unique right and left coprime factorization
with matrices M r, M € R™"™ Ngr € R™", N € R™"™ in the form of

P=MgN;'=N;'M[ (A.50)
with M g, N g right coprime and My, N, left coprime

Proof Let P be factorized using (A.49) hence there exist unit matrices U, V/
with P = UDYV so that D € F™" is diagonal with [D];; = % and a;,b; € R
are coprime. Matrix D can be factorized easily since it is diagonal so that D =
ABIQ1 = BilA with diagonal matrices A € R™"™, Br € R™"™, By, € R™™ of
the shape [A];; = a; and [BR,1]i; = {b; for i« < min(m,n), 1 for 4 > min(m,n)}.
Since a;,b; are coprime, using (A.34) there exist x;,y; € R so that z;a; +
y;b; = 1. In matrix form this means there exist diagonal matrices X € R™™,
Y, € R"", Yr € R™™ of the shape [X];; = z; and [Y 1 gli = {b; for i <
min(m,n),1 for ¢ > min(m,n)} with XA+Y  Br=1and AX+B. Yy =1.
Following (A.48) this means that A, B are right coprime and A, By, are left
coprime.

With D = ABR' = B;'A the factorization P = UDV can be written in
the form

P=(UA)(V'Br) ' =B U Y)Y (AV)= MyN,' = N;'M,,
with Mz = UA, Ny = V !By, right coprime since
1=XA+Y Bp=XU 'Mz+Y_ VNg
and M, = AV, N = BLU71 left coprime since
1=AX+B, Yr=M,V!X+N,UYg

using (A.48).

Coprime Completion

A given coprime factorization of P € F™™ as in (A.50) can be completed by
a non unique set of matrices X, X € R, Yr € R™™, Y € R™" in the
form of

o XL YL MR _YR
[ Y] e )

with X g, Y g right coprime and X 1, Y, left coprime
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Furthermore all valid matrices X,;,Y; with ¢ € {R, L} are a function of a free
parameter matrix Q € R™™

Kgg] - B/(:g _J_]\(IRR} {é} with Y g invertible

X Yoo

(A.52)
[XL YL] = [1 Q] [NL _MJ with Y ; invertible

with X0, Y ;0 being a set of valid initial matrices that satisfy (A.51) and allow
the construction of all other solutions X;,Y; using (A.52).

Proof According to (A.50) there exists a coprime factorization of P in the
form P = MRNI_%1 = NleL so that My Nr — N Mpgr = 0. The factors
Mp, N are right coprime so with (A.48) there exist X’ ,Y ", and unit Up,
so that X’LMR + Y’LNR = Uy. The factors M, N are left coprime so
with (A.48) there exist X'z, Y, and unit Ug so that M Xp+ N Y g =Ugp.
These equations can be written in block matrix form

Al e

~-N;, Mp||Nr Xi| |0 Ug
with @ = Y7 X3 — X7 Y',. The matrix on the right side is a unit matrix
which can be inverted on R. This can be done without affecting the given
factors M;, N; with ¢ € {R, L} by factorizing the unit matrix in the way

[UL Q’] _ {UL QL} {1 QR}
0 Ug 0 1|0 Ug

sothat Q' =U Qg + Q, Ug. Hence
U Q) '[X, Yi][Mr -YR|[1 Q] ' _,
0 1 ~-Nr M| |Nr X3||0 Ugr

which using (A.59) can be written in new variables in the form of (A.51). The
new variables are then defined as

Xr=(Xk - NrQpUzg'

Yr= (YR +MrQpUZ

Xp=Up (X, +Q.N¢)

Y =Up (Y- Q. My)
It can be seen that there is a degree of freedom in Qj,Qp since these two
matrices of R™™ only obey one equation Uy Qr + Q,Ur = Q" of R™™. This
degree of freedom can be extracted in the form of a free matrix @ so that
UrQr=1Q ~U,QUg and Q, Uy = 1Q’ + U ,QU. This allows the new
variables to be written in the form of (A.52).

It is now left to show that @Q is a ring matrix. The right coprime part of the
solution (A.52) can be written as

—Ygr| _ |[Mr —Yro||@Q
Xr Nr Xpo||[1
—_——
U
But following (A.51) the matrix U is a unit and hence Q € R™™.
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A.2 Matrix Calculus

This section provides some important definitions and formulae for matrices that

are used throughout this text.

A.2.1 Blocks

This section provides basic formulae for the treatment of block matrices.

Factorization of Block Matrices

A block matrix of the following shape can be factorized into

AEB AED] [A
CEB CED|” |C

} E [B D]
Determinant of Sums

The determinant of a sum of matrices is given by

det(A + BCD) = det Adet C det(C™' + DA™'B)

Inverse of Sums

The inverse of a sum of matrices is given by

(A+BCD)'=A"'-A"'B(C'+DA'B)"'DA™!

Useful Relations
Two useful relations between inverses of sums are
A(1+BA)'=(1+AB)'A
AB(1+AB)'=1-(1+AB)!

Schur Decomposition

A block matrix can be decomposed in its block Schur form

A B] [ 1 o0][A 0 1 A'B
C D| |cAt' 1|0 D-cA'B||o 1
if A is invertible.

Determinant of Block Matrices

The determinant of a block matrix is given by

det [A B]

det Adet(D —CA'B); 3A°!
C D

det Ddet(A — BD™'C); 3D™!

which follows from (A.57).

(A.53)

(A.54)

(A.55)

(A.56)

(A.57)

(A.58)
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Inverse of Block Matrices

The inverse of a block matrix is given by

X ~A'BY

_yCA! y | 347,307

[ X ~XBD™! 1 o
A B! D 'cx Y : 47,3
{C D} ") [A'+A'BYCA! -AT'BY 1

. —vca! y |3 34

X —-XBD™! . 3p-t

-D'cX D '+D'CXBD'|’

(A.59)

with X = (A—BD 'C)"'and Y = (D — CA 'B)~! which follows from
(A.57).

A.2.2 Spectra

This section provides formulae for eigenvalues and definiteness of matrices.

Eigenvalues

If X is an eigenvalue of A € C™™ that is det(A1 — A) = 0 then

Matrix | Eigenvalue

AT A

A A

A1 \-1 (A.60)
aA a\

BL+A | B+ A

Proof This is due to det(A\1—A) = 0 < det(A1 —A)T = det(\1-AT) =0 &
det(A\1 — A) = det(A\1—A) =0 = det(ANA(A™ =X"11)) = A" det Adet(A™" —
M) =0sdet(AV"1-AH) =0s a”det(A\1— A) = det(adl —aA) =0 &
det((8+ M1 — (B1+ A)) =0.

Spectral Decomposition of Normal Matrices

A matrix A is normal if and only if AAT = A® A. Then there always exists a
spectral decomposition of A in the form of

A=UDU" =" \araf (A.61)
k

with unitary U so that U~' =U". The \; are the eigenvalues and the ay the
eigenvectors of A with a’a; =1 and afa;4; = 0.

Remark Hermitian matrices A = A are normal since AA” = A2 = A7 A.
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Definiteness of Hermitian Matrices

A hermitian matrix A = A is called positive semidefinite if
T Ax >0V #0e X\, >0 (A.62)

for all its eigenvalues A\;. A matrix is called positive definite if “>” can be
replaced by “>”. A matrix B is called negative (semi)definite if —B is positive
(semi)definite.

Proof Since A is hermitian it always has a spectral decomposition A =
UDU" due to (A.61). Then we have &7 Az = (U 2)A(U"x) = y" Dy =
Dok Melyul> > 0,Vy # 0 < A, > 0 for all eigenvalues \. Finally since
y = Uz with unitary U we have y # 0 < & # 0 so that (A.62) follows.

Remark For a hermitian matrix A = A¥ the notation A = 0 is equivalent
to A = 0. On the one hand A = 0 = x” Az = 0,Vx and on the other hand
e Az = 0,Vz = 2UDU "z = (U"2)"D(U"z) = y" Dy = 3, M ly,|* =
0,Vy < A, = 0 for all eigenvalues \; so that D = 0 and thus A = UDUY = 0.
Definiteness of Hermitian Block Matrices
A necessary condition for a hermitian block matrix can be given by
A B
> > > .

{BH C]_OﬁA_OandC_O (A.63)

The condition also holds if “>” is replaced by “>”.

Proof Tt follows from (A.62) that

{AB

BH C] >0s zf Az + 2Re(z By) + y"Cy >0

for all [:L’ y]T #0. Let * # 0,y = 0 then 7 Az > 0 for all  # 0 so that
A>0andlet £ =0,y # 0 then y“Cy > 0 for all y # 0 so that C > 0. The
proof for positive definiteness is similar.

Congruence

Congruence preserves definiteness
A>0eTHAT >0 (A.64)

for invertible T'.

Proof It follows from (A.62) that A > 0 < 2 Az > 0,V and with z = Ty
we have o Ax = y"T" ATy, Vy & TH AT > 0. The same is also true for
positive and negative (semi)definiteness.
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Schur Congruence
If C > 0 then the following is true
{ A B

BH c} >0 A—-BC'BY >0

A B (A.65)

> -~ BC'Bf >
[BH C} >0 A-BC "B" >0
which is an application of the congruence.

Proof Rearranging the matrix gives
A B| o 1]l[c B"][o 1
B ¢/ (1 0/|B A||]L O
Then according to (A.57), the block matrix can be factorized

c B [ 1 o][C 0 1 c'B”
B A| |Bc! 1|/|0 A-BCc'BY||o 1

Due to (A.64) this leads to
A B >0& ¢ B* >0« ¢ 0 >0
B" C B A 0 A-BC 'B"

A B c BY C 0
{BH C]EO@[B A}ZO@{O A—BclBH]ZO

Hence (A.65) follows since C' > 0.

S-Lemma
The so called S-lemma states

Jo > 0:Q > oP is equivalent to

A.66
Vw:wHP:c20:>:vHQa:ZO ( )

if there exists a y so that y” Py > 0.

A.2.3 Operations

This section provides formulae for special operations on matrices.

Geometric Series
The inverse of 1 — A can be expressed in form of the geometric series
oo
(1-A)'=> AFif A4 <1 (A.67)
k=0

for all eigenvalues A4 of A.
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Proof Let S =57, AF which only converges if [A\4| < 1. Then S satisfies
the equation AS =S — 1 so that (A.67) follows.

Scalar Product of Matrices

The trace of the hermitian product defines a scalar product

AeB=1tr(A"B) = ZZ% ij (A.68)

Proof This is a scalar product since Ae B =37, > @b =32, >, aijbij =
BeAand Ce(aA+f3B) = atr(CHA)+,8tr(CHB) =aCeA+pCeB and
Ae A= Zz Zjaija’” Z Z |a|zg -

General Properties

Aside from that, the scalar product has the properties
AeB=DB"e A" = AT ¢ BT (
Ae(BC)=(B"A)eC=(AC")eB (A.70
aetrB=aleB (
[A B}o[C D]:AoC+BoD (

Proof The first line is due to A e B = tr(A” B) = tr(BA") = B ¢ A" =
tr(BA")T = AT e B”. The second line follows from Ae(BC) = tr(A? BC) =
tr(BYA)HC) = (B7A) o C = tr((AC")" B) = (AC™) @ B. The third line
is due to aetr B=tr(atrB) =atr B =tr(aB)=aleB.

Properties for Hermitian Matrices

For hermitian matrices, the scalar product has the additional properties

A=A" B=B" = AeBecR (A.73)
_aH Ae(B+B")=2Re(AeB)

A=4 ;‘{ Ae(B-B")=2Im(AsB) (A.74)

A=A">0B=B" >0=AeB>0 (A.75)

Proof For hermitian matrices A, B the scalar product is commutative since
AeB = B e A" — Be A = A e B due to (A.69) and the definition of the scalar
product. Thus being equal to its conjugate, the scalar product of hermitian
matrices is real. The next equality follows from Ae(B+B") = AeB+AeB" =
AeB+BeA" — AeB+BeA = AeB+ A e B which gives the double of the
real and imaginary parts of A e B respectively. Since A is hermitian it always
has a spectral decomposition A =", Agarai! due to (A.61). Applying this on
(A.68) gives Ao B = tr(A”"B) = 3", A tr(agafl B) = 3, M\ tr(afl Bay) =
Dok )\kakHBak. > 0 since A\, > 0 due to A > 0 and akHBak > 0 due to (A.62)
and B > 0.
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Matrix Square Root

A matrix B is a square root of matrix A if

A=B?s B=A% & UBU" = (UAU")? (A.76)
A=B?>>0=B= Az > 0 is unique (A7)
A=B"B>0= B=UA? (A.78)

with U unitary, that is UPU = 1.

Proof The first line is the definition of the matrix square root followed by
a property that can be verified by UAUY = UB*U" = UBURUBU?" for
unitary U. The second line can be verified since for hermitian matrices and
thus positive semidefinite matrices there always exists a spectral decomposition
which can be written in the form of A = VDV*H with diagonal D > 0 and
unitary V. Then due to (A.76) this leads to B = A? = (VvDVH): = vD:vH
and since D > 0 is diagonal we have [D];; = d; > 0 and thus its square root

[D%]n’ = di% is unique and positive semidefinite. The third line again makes
use of the spectral decomposition A = VDV which can be written as A =
vD:D:VH —vD:VIUTUVD: V! s that B=UVD:V? —UA*,
Pseudoinverse Matrix

A matrix A € C™" with m > n and rnk A = n has a unique pseudoinverse
matrix AT € C»™ with rnk AT = n so that

AtA=1
(AATH = AAT (A.79)
with AT = (A% A)~1A"

This is the full column rank case of the Moore Penrose pseudoinverse.

Orthogonal Completion

A matrix A € C™" with m > n and rnk A = n has an orthogonal completion
A, € C"™™™ ™ with rnk A = m — n so that
ATA =0

A A EH ~1 (A.80)

parametrized by A; = A T

with T invertible and the pseudoinverse given by (A.79).

Proof Let A = [al an}. Since A has full rank, all ap € C™ are
linearly independent. Then m — n linearly independent vectors b; € C™ can be
found so that af'b, = 0;Vk € N,,,Vl € N,,,_,,, which means that they are all
orthogonal on every vector ai. The vectors b; can then be stacked to form a
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matrix A| = [b1 e bm,n] € C™™~" with rnk A| = m — n so that due to
their orthogonality on the vectors aj we get
a{lbl e a{{bm,n
ATA = : =0
al’b, - allb,,_,

This property does not depend on the ordering of the column vectors by in A |
so that an invertible matrix T' parametrizes the orthogonal completions in the
form of A; = A, (T. Since matrices A, A have full rank, according to (A.79)
there exist pseudoinverse matrices AT = (A% A)~1A" AT = (AfA,) AT
so that ATA =1, AIAJ_ = 1. Along with the orthogonality A A, = 0, this
can be written in the form

)i aie
so that (A.80) follows.
Matrix Variations
The product rule for matrices is given by

0(AB)=0AB + AjB (A.81)
The variation of an inverse matrix is given by

s(AhH=-A"15447"1 (A.82)
The variation of a matrix square root is determined by

5B =5§(B?)B*? + B2§(B?) (A.83)

Proof The product rule for vectors can be deduced from the scalar product

rule i i .
5(G,Tb) =0 <Z albl) = Z §a1b1 + Z a15bl = 5aTb + aT§b
i=1

i=1 i=1

so that the product rule for matrices follows

al a’b, --- aly,
0(AB) =9 by e ba] | =6 : =
al alb, --- alb,
satb, +aléby --- dalb, +aldb,
= : : =0AB + A/B
sal by +alsb, --- édalb, +al b,

For the identity matrix, the variation is zero

S(AAH)=61=0
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so that the variation of an inverse matrix follows
SAA™ '+ AS(A ) =6AA ) =0=5A ) =-A"1sAaA7!
The variation of a squared matrix is given by the product rule

5(A*) =5AA+ ASA

so that the variation of a matrix square root follows by setting A = B 3,

A.3 Matrix Equations
This section discusses some important matrix equations and provides their so-
lutions or solution existence conditions.

A.3.1 Underdetermined Linear Equations

The linear equation
XA=B (A.84)

for A € C™" with m > n and rnk A = n has solutions
X=BA"T+Y(1-AA") (A.85)
with free parameter Y.

Proof Define XA, = C using the orthogonal completion A; of A. This
together with (A.84) gives

A+
X[A A=[B Clex=-[B C| [Aﬂ
according to (A.80), so that X = BAT+C AT. This is a solution of (A.84) since
XA =BA"A+CA} A= B which does not depend on the choice of C so that
instead of C = X A, also any other C = Y A, with an arbitrary compatible
matrix Y leads to a valid solution X. Hence X = BAT+Y A AT = BAT +
Y(1 - AA™) using (A.80).
A.3.2 Sylvester Equations

The Sylvester matrix equation
AX+XB+C=0 (A.86)

with square matrices A, B has a unique solution X if and only if Ay + Ag # 0
for all eigenvalues A4, Ag of A, B respectively. For the important special case
B = A there is an additional property

B=A"andC>0=X>0 (A.87)

The same is true if C > 0 then X > 0.
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A.3.3 Stein Equations

The Sylvester matrix equation
AXB-X+C=0 (A.88)

with square matrices A, B has a unique solution X if and only if AgAp # 1
for all eigenvalues A4, Ap of A, B respectively. For the important special case
B = A" there is an additional property

B=A" andC>0=X>0 (A.89)

The same is true if C > 0 then X > 0.



Appendix B

Analysis

B.1 Complex Analysis

This section provides some important theorems of complex analysis.

B.1.1 Analytic Functions

A function f is analytic on a domain D C C if it is equal to its unique Taylor
series representation

flz)= i cr(z — 20)* < f analytic on D (B.1)
k=0

for any zg € D.

B.1.2 Isolated Singularity

A function f has an isolated singularity at zg € C if it is analytic on a domain
D\ zp C C. Then it is equal to its unique Laurent series representation

o0

f(z)= Z cx(z — 20)* < f analytic on D\ 2o (B.2)

k=—o0

B.1.3 Residue

The residue of a function f with an isolated singularity at zy € C is defined as
Resf= 5o § f(a)de = (B:3)
es =25 L z)dz =c_ .

where C' is a circle around zy and c_; is the coefficient of (z — 29)~! in the
Laurent series representation of f as in (B.2).
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Proof Parametrizing the circle C by C = {z : 2 = 2y + re??™; vt € [0,1],7 >
0} so that dz = 271j(z — 20)dt and then integrating the Laurent series represen-
tation of f leads to

27rjj{f % ij{ z—2p) kdzf Z ij{ 7"6]27Tt 1t = ¢y

k=—o0

B.1.4 Identity Theorem

If a function f that is analytic on an open and connected domain D C C vanishes
on a small region R C D, then it also vanishes on the entire domain D:

f(R)=0< f(D)=0,if f analyticon D and R C D (B.4)

and f(D) is then the analytic continuation of f(R).

Proof From R C D the direction f(D) = 0 = f(R) = 0 follows imme-
diately. To verify the reverse direction, assume f(R) = 0. Then due to
(B.1) the Taylor series on z € R around an arbitrary z; € R is given by

_ vy 1 9%f(z0) _ : :

f(2) o m ot (z — 20)F = 0 for all z € R. This can be derived so
that 2 f Z) =Y o 83,5{1(20) (z — 20)¥ =0 for all z € R and for all [ € Z, so
that we get o f(ZO) =0 for all k € Z,. Since f is analytic on D the Taylor series

onzeD around 2o is the same, so that f(z) = Y12 & g afk(z‘)) (z—2)F =0

since the gradients are all zero in zp and thus (B.4) is verified.

B.1.5 Open Mapping Theorem

If a function f is analytic on an open and connected domain D C C then either
f(D) is also open or f is constant:

D open = either f(D) open or f constant, if f analytic on D (B.5)

Proof Define an infinitesimally small circular region R(zg) = {2z : 2 — 20 =
€el?} around zg € D. Since R(z) is infinitesimally small and f is analytic, the
Taylor series of f around 2z can be reduced to f(R(z0)) = f(z0)+5=> af(zo) (z—20) =
f(zo)+%eej¢ and with % = gel?0 it can be seen that f(R(z )) flz0) =
gee?($F90) - On the one hand if g # 0, f(R(20)) also defines an infinitesimally
small circular region around f(zp) and therefore f(zp) cannot be a boundary
point. This reasoning is valid for every zo € D so that f(D) must be open.
On the other hand if g = 0 then f(R(20)) — f(20) = 0 and using (B.4) we get
f(D) — f(z0) = 0 and thus f is constant.

B.1.6 Maximum Modulus Theorem

If a function f is analytic on an open and connected domain D C C then its
modulus |f| is maximal at the closure 9D of the domain D:

= if lytic on D B.6
max |f(z)| = max |f(2)] , if J analytic on (B.6)
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Figure B.1: The modulus of f has its extrema on the closure of f(D).

Proof As can be seen in figure B.1, the modulus |f| has its maximum on the
boundary 9D and (B.5) states that either f(D) is open or f is constant. So
either a z € 9D provides a maximal |f| and (B.6) is verified or f is constant
and (B.6) is also true.

B.2 Norms

This section introduces the norms as a universal measure of length for vectors,
matrices, signals and systems.

B.2.1 Norms for Constants

The matrix and induced matrix norms measure the length of constant matrices
and transformation matrices.

The p Norm

For a constant matrix A € C™" the p norm is defined by

Al = 21D layl? (B.7)
i=1 j=1
Usually p € {1,2,00} and in the case p = oo the p norm is given by
All = ij B.8
Al = max la| (B.3)

The ip Norm

For a linear transformation y = Ax with A € C™" the ip norm is defined by

1Al = Xl\yllp: .
W g0 Hw||p |||, =1

|Az]], (B.9)
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and the ip norm is induced by the matrix p norm. Usually p € {1,2,00} and in
these cases, the ip norm is given by

|| Al; :?elgle‘aiﬂ (B.10)
||AH22 = Omax (B.ll)
Al = max > lagl (B.12)

whereby omax is the largest singular value of A.

B.2.2 Norms for Functions with Real Variables

The Lebesgue norm measures the length of a function that depends on a real
or integer variable.

The Lp Norm

For continuous function f. and discrete function f; defined on domains D, C
R, Dy C 7Z respectively, the Lp norm is defined by

[fe(De)llr, = /D || fo(t)|[Pdt
- (B.13)

1falDall, = of > I falk]I

Dg

Any matrix norm of f.(t), fa[k] can be used. Usually p € {1,2,00} and in the
case p = oo the Lp norm is given by

fe(De)llpoo = sup [[fe(8)]]
teD

‘ (B.14)
| falDalll oo = sup || alF]]
k€Dgy

B.2.3 Norms for Functions with Complex Variables

The Hardy norm measures the length of a function that depends on a complex
variable.

The Hp Norm

For a function F' analytic on a domain D C C the Hp norm is defined by

E (D)l gz, = [1EF(OD)][ (B.15)

Proof This is due to the matrix version of (B.6) which states that ||F|| is
largest on the boundary 9D and with the boundary parametrized by a t € R,
the problem of finding the largest ||F|| over a complex domain reduces to the
Lp problem of finding the largest ||F|| over a real domain.
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Example In the case of F, analytic on D, = {s € C : Res > 0} and Fy
analytic on Dg = {z € C: |z| > 1} the Hp norm is given by

[Ee(De)ll g, = [1Fe(0D)| 1, = || Fe(527R)][

o R (B.16)

1Ea(Da)ll gz, = [1Fa(@Da)ll ., = || Fa(e”™)|[
The examples are important in the study of continuous (index c¢) and discrete
(index d) stable systems, where the system transfer function is analytic in D,
and Dy respectively. The factor 27 appearing in these definitions stems from
the normalization condition provided by the Parseval Identity (C.9).

B.3 Optimization

This section provides some helpful results in the domain of constrained opti-
mization, with the constraint given in the form of a matrix inequality. Details
can be found in [4].

B.3.1 Problem Formulation

An optimization problem of minimizing a scalar function f under matrix in-
equality constraint G = G may be formulated in the following way

flx*) = ilelgf(a:) with F ={x € X : G(x) <0} (B.17)

with & being the vector of variables over a space X. The set F' is the feasible
set, the set of all  that satisfy the constraint G. A maximization of f can be
formulated as a minimization of —f.

B.3.2 Lagrange Function

The constrained problem (B.17) can be formulated as an equivalent uncon-
strained problem
f(x*) = inf sup L(x,Y) (B.18)
xeX Y >0
with the Lagrange multiplier Y = Y >0 and the Lagrange function defined
as
Lz, Y)=f(x)+Y ¢ G(x) (B.19)

Proof This stems from the fact that

sup L(z,Y) = f(x) +

Y >0 oo; else

{ 0; G(x)<0

since in the case G(x) < 0 the upper limit follows by applying (A.75) on the
hermitian matrices Y > 0, —G > 0 and in the other case there is no upper limit
to the scalar product Y e G. This means that in order to get L(x,Y ) minimal,
@ must be in the feasible set F' so that supy -~y L(xz,Y) = f(x) and hence (B.18)
is equivalent to (B.17) in the sense that they share the same minimizing z* and
the same minimal value f(x*).
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B.3.3 Primal and Dual Problem

To the primal optimization problem (B.17) and equivalently (B.18), a dual prob-
lem in the form of
g(Y") = sup inf L(z,Y) (B.20)
Y >0 xeX

can be assigned due to the symmetry to (B.18). In general

f(x*) > g(Y") & weak duality (B.21)
which is called weak duality. In the case

f(x*) = g(Y™) & strong duality (B.22)

which is called strong duality, the Lagrange function L has a saddle point at
L(z*,Y™) = f(x*) = g(Y™). This case is of high practical importance which is
due to the large number of problems that can be found to exhibit strong duality
and the performance of the solvers that specialize on these problems. It also
allows the parameter perturbation analysis.

B.3.4 First Order Perturbation Analysis

The problem (B.17) may depend on parameters z that can be made explicit in
the form of

f(x*, z) = inf

zeF(z

)f(a:,z) with Fi(z) = {zx € X : G(=z, z) <0} (B.23)

in order to allow the analysis of the effects of small parameter changes on the
optimal value f(x*,z). In the case of strong duality (B.22) an upper limit on
the first order effects on the optimal value can be given by

OL(x$, Y, z0)
0z

with f and Y, being the solution of the primal and dual problems for a nom-
inal parameter vector zg and * and Y™ being the solution of the primal and
dual problems for a perturbed parameter vector z = zg 4+ dz. The parameter
dependent Lagrange function is defined as

f(x", 2) — f(xg,20) =df <L = 5z (B.24)

L(x,Y,z)= f(x,z)+ Y ¢« G(x, z) (B.25)
in analogy to (B.19).
Proof This upper limit can be verified by using strong duality (B.22) and
(B.20) to get
fla*2) = L' ¥* 2) = inf L(@.Y".2) < L(X,¥" 2)
xc

For z§ € X this leads to

fx",2z) < L(zg, Y, 2) =
OL(x§, Yy, z0) OL(x§, Y, z0)
Y
oY LA
Y oG (xf,20)

0z

= L(x}, Y5, z0) +
—_————

f(=x§,20)
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with Y* =Y + Y. An upper limit for the scalar product can be given by

>0 <0
0Y e G(xf,z0) = Y™ ¢ G(xf,z0) — Y| @ G(x], 20)
<0 =0

The first term is non positive due to (A.75) applied on the hermitian matrices
Y* > 0,-G(z, z0) > 0. The second term is zero because with strong duality
we have

f(mg,zo) = L(wé»YS,zo) - f(ajaazo) + YS i G(alS,Zo)

so that 0Y e G(x{,z9) < 0 and (B.24) follows. A more rigorous proof and
further results can be found in [4].
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Appendix C

Systems

C.1 Linear Systems

This section provides some important characteristics of linear time invariant
systems.

C.1.1 System Representations

A linear time invariant system with input w € R™, output y € R™ and state
x € C? may be time continuous or discrete. Continuous (discrete) systems can
be represented by a set of linear first order differential (difference) equations in
the following standard form

(C.1)

for continuous systems and

z[k + 1] = Az[k] + Bulk]

y[k] = Cx[k] + Dulk] (©2)

for discrete systems. These are the state space representations in time domain
of these systems. The matrices A, B,C, D are often called dynamic, input,
output and throughput matrices respectively. These systems being linear, there
exist integral transforms

2(s) = /R 2(t)e—tdt (C.3)

for continuous systems and

x(z) = Zw[k]z‘k (C.4)

for discrete systems, that transform these systems to a set of linear algebraic
equations

y(s) = P(s)u(s) (C.5)
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for continuous systems and
y(2) = P(2)u(z) (C.6)

for discrete systems. These are the transfer function representations in frequency
domain of these systems. The matrix of transfer functions P is called the trans-
fer matrix. The link between state space and transfer function representation

can be given by
A | B
— _ -1 —.

with « € {s, z} for continuous and discrete systems respectively. There is also
a link between a continuous and a discrete system given by

x[k] = (kT) and z = T (C.8)

with T being the sample time of the discrete system.

Proof This can be seen by approximating the integral in (C.3) as a sum

x(s) ~ Z x(kT)e kT

Zy

and comparing this to (C.4).

C.1.2 Parseval Theorem

The transformations (C.3) and (C.4) relate the L2 norm of continuous x.(t) and
discrete x4[k] to the H2 norm of their respective spectra x.(s) and x4(z) in the
form of

e ()]l 12 = llzc($)]
llzalk]|| Lo = [lZa(2)]] g2

which is called the Parseval theorem.

(C.9)

Proof This can be verified for a discrete signal x[k]. According to (B.16) the
square of the H2 norm of x(z) is given by

1
2l = 2], = [ [[o(e) | d

The 2 norm (B.7) is used so that Ha:(ej2”)||2 =zl (e/2™)x(e/2™). With the
transformation (C.4) this leads to

||33(Z)H§{2:/ (ZwH[k]ej%kt) (Zw[k]e—j}nkt> dt =
0 \k=0

=0

=33 2 [kaf /O " erenebigy

k=0 1=0

~
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Note that

1
. 1; k=0
j2mkt —_ )

/06 & {0; kez\ {0}

l(2)] 772 = Zw K = [|e(k]|[7,

therefore

and (C.9) follows for x4 = x. The proof for continuous systems is similar.

C.1.3 L2/H2 System Norm
The L2/H2 norm of a discrete system P as in (C.2) can be given explicitly by

P, = PGy = \/u(B"GB+D"D)  (C.10)
with G being the Gram observability matrix that according to (C.34) solves
AlgA-G+cfc=0 (C.11)
using the 2 norm as in (B.7). This can also be stated in inequality form by

[PE o = [1P(2)]l o < (C.12)
if and only if there exists a Z > 0 so that

AlzA-z+CcPC <0
" o , (C.13)
tr(BYGB + D" D) < v

Proof Due to (C.9) we have ||P[k]||;, = |[P(2)||go- The impulse response
P[k] of the discrete system (C.2) is given by

D; k=0
Pk :{ CA*'B; k>0

so that the L2 norm can be calculated directly
| PK]|2, = Z |1P[K]|* = (D7 D) + 3" tr(BY A" C"CA*B) =
k=0

= te(D"D + BY (Z AH’“CHCAk> B)
k=0

according to (B.13) while using the 2 norm (B.7). It can be easily verified that

the series G = Y-, A" CH C AF solves the Stein equation (C.11) so that the
result (C.10) is obtained.

Now assume A stable and (C.12). Let Z(e) = >, A (CHC + e1)A*
so that Z(0) = G. Since Z(e) is a continuous function there exists a small
enough ¢y > 0 so that tr(B” Z(e))B + D" D) < 4. Tt can be easily verified
that Z(eo) solves the Stein equation A7 Z(eg)A — Z(eo) + CHC + 01 = 0.
Due to A stable and C”C 4 ¢y1 > 0 we get Z(eg) > 0 according to (A.89).
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Thus A" Z(e0)A — Z(ep) + C”C < 0 so that (C.13) follows. In order to
verify the reverse direction assume (C.13). Then there exists an E > 0 so
that A"ZA —Z + C"C + E = 0. Since C'C + E > 0 and Z > 0 the
dynamic matrix A is stable and the L2/H2 norm is given by (C.10) with Gram
observability matrix G' being the unique positive definite solution of (C.11).
Thus C¥C = G — A" GA so that A" (Z -G)A— (Z—-G)+ E = 0. Since A
is stable and E > 0 this Stein equation has a unique positive definite solution
Z — G > 0so that 42 > tr(B?Y ZB + D" D) > tr(BYGB + D" D) and (C.12)
follows.

Remark A dual result to (C.10), (C.11) can be obtained using the Gram
controllability matrix. The L2/H2 norm of P as in (C.2) can be given by

1P| = PGz = \/u(BYGB + D D)
with G being the Gram controllability matrix that according to (C.32) solves
AGA" -G+BB" =0

using the 2 norm as in (B.7).

C.1.4 Star Norm

The concept of the star norm used in section 4.1.2 as an upper bound on the
L1 norm was developed in [10] and thoroughly treated in [1] for the continuous
case. The discrete case was treated in [9], [12]. An alternative proof of the
discrete case matrix inequalities based on the concept given in [9] is presented
in the following.

Proposition Consider z = Ax + By and let X,Y, Z be the spaces of x,y, z
respectively and define

Xp={z: "Rz <1}
Vs ={y: y"Sy<1} (C.14)
Zr={z: 20Tz <1}

with R>0,8 > 0,7 >0 but R#0,S # 0. Then

Ve € Xp,Vy€eYs: z€ Zp &

svVeeXVyeY: eRe <y"Sy= 20Tz <ySy (C.15)

svVereXVyeY: yISy<zfRr= 21Tz <z"Rx (C.16)

eVreX,VyeY,3ac(0,1]: 20Tz <oz Rz + (1-a)ySy (C.17)
H B H

sdacl): A TA-aR ATTB <0 (C.18)

BiTA BiTB - (1-a)S

Proof On the one hand suppose 3z € X, 3y € Y : 2Rz < yHSy =
zHTz > y” Sy. Hence there exists a 8 > 0 so that 27Tz > 32 > yH Sy. Now
define = x/B,y = y/B,z2 = 2/ then z = Az + By and 27Tz > 1 as well
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as T Rz < 1 and 9y Sy < 1. Thus Iz € X,y € Ys: 2z ¢ Zr which verifies
sufficiency in (C.15).

On the other hand suppose V& € X,Vy € Y : 2 Rx < y'Sy = 21Tz <
y Sy. Using z = Ax + By this translates into

%ﬂeXxY:
Y
H H H H
x —-R O |x x —A"TA —-A"TB T
> > .
[y] { 0 S} M =0 M [BHTA s —BHTB} M 20 (G19)
Since R > 0,5 > 0 but S # 0 there
H
T T —R 0| |x
3 e X xY: >0 C.20
[y] [y] { 0 S} M (C.20)

Due to (C.20) the S-lemma (A.66) can be applied on (C.19) which then becomes
equivalent to

H - H
EIaZO:[A TA—-aR A"TB }SO

BATA BYTB - (1-0a)8

With BYTB > 0 and S > 0 and by applying (A.63) it can be deduced from
the lower right block that o < 1 so that the right hand side of (C.18) follows.
This matrix inequality form is equivalent to the right hand side of (C.17) from
where it can be seen that V& € Xp,Vy € Yg: 2z € Zp which verifies necessity
in (C.15). Condition (C.16) then follows from the symmetry in (C.17) with
respect to , R and y, S.

Definition Consider the discrete system (C.2) written shortly as

= Az + B
T T AT (C.21)
y=Cx+ Du

and let U, X, Y be the input, state and output spaces. Define
U ={u: uu<1}
Xy ={x: 2" Zx <1} (C.22)

1
Yz={y: yH?yS 1}

with Z > 0,7 > 0 but Z # 0. Then the ellipsoid

Xz is inescapable & Vu € U1,V € Xz : x4 € Xz

. (C.23)
Y, is inescapable & Vu € U,V € Xz : yeYy

Proposition Consider the discrete system (C.21) and the ellipsoids as defined
in (C.22). Then the ellipsoids Xz, Yz are inescapable if and only if

APZA - (1-a)Z AzB
Bfiza BYZB - a1
clc-pz c’D
27 .
3186[0’7}|: DHC DHD_(,YQ_B)]_

aaemﬂk[ ]SO (C.24)

E
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Proof From the definition (C.23) and the definitions (C.22) the ellipsoids
X7,Y, are inescapable if and only if

Ve e X,Vu e U, 3 €[0,1] 2 Zz, <d/'z2"Zz + (1 - )u"u
1

Vo e X,vuecU,38 €0,1] " Sy <pfa"Zz+ (1-p)u"u
Y

according to (C.17). With (C.18) and the substitutions a = 1 — o/, 8 = 7?4’
the matrix inequalities in (C.24) follow.

C.1.5 Realness

A physical signal, continuous x.(t) or discrete x4[k], in time domain is a mea-
surable real quantity, hence x.(t), z4[k] € R. In frequency domain, this implies

z(3) (C.25)

A linear time invariant continuous or discrete system P(x) with « € {s, 2z} and
with realization (A, B,C, D) is real if it maps real valued input signals onto
real valued output signals. This is true if and only if

P(z) = P(2) (C.26)
or equivalently if and only if
A|B] [4|B
213 [313]

which means that these realizations are equivalent, see (C.35) and hence

A Bl [T o][aA B][T o]
T [C D]:{O 1} [C D] [0 1] (C.28)
according to (C.36).

Proof The condition (C.25) for signals can be verified with the transforma-
tions (C.3) and (C.4) so that

x.(s) :/R x.(t)e tdt :/ x.(t)e S dt = x.(3)

Ry

zq(z) = me’“ = Z:cd[k]z*k = x4(2)
Z, Zy

because x.(t) = x.(t), x4[k] = x4[k] since they are real. With the same rea-
soning a system P(x) continuous or discrete with x € {s, z}, is real if and only
if for all real inputs w(x) = u(T) it produces real outputs y(z) = P(z)u(x) =
P(z)u(z) = P(T)u(T) = y(T). Hence P(z) = P(z) with = € {s, z}. Using the
link (C.7) this then leads to (C.27).
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C.1.6 Stability

A linear time invariant system with dynamic matrix A is said to be stable if
and only if
Res < 0Vs:det(s1—A)=0 for continuous systems

C.29
|z2| <1Vz:det(z21—A)=0 for discrete systems ( )

Furthermore is the system stable if and only if for any @ > 0 there exists a
unique P > 0 which is the solution to
AP+ PA+ Q=0 for continuous systems

- ) (C.30)
A"PA-P+Q=0 for discrete systems

which are called Lyapunov matrix equations.
Proof This is due to the solutions of (C.1), (C.2) being respectively given by

t
y(t) = Ce?t <a:(0) +/ EATB’U,(T)dT> + Du(t) for continuous systems
0

k—1
y[k] = c A* (:1:[0] + Z A_(“H)Bu[ﬁ]) + Dulk] for discrete systems

k=0
so that the solution only converges and thus the output only remains bounded
for bounded inputs if (C.29) is satisfied. Now on the one hand assume A stable
then according to (A.87), (A.89) the Sylvester and Stein equations in (C.30)
have a unique solution P > 0 for any @ > 0. On the other hand assume (C.30)
and define V(z) = & Pz which is a Lyapunov function candidate due to P > 0
then

V(z)=z"(A"P+ PA)x = —2"Qx for continuous systems
AV(z) =2 (A"PA - P)x = —2"Qu for discrete systems

so that V() is a Lyapunov function since @ > 0 and A is stable according to
Lyapunov stability theory.

C.1.7 Controllability

A linear time invariant system with dynamic matrix A € CP-? and input matrix
B € CP™ is said to be controllable if the future state  can be controlled by
system input w which is true if and only if

mk[B AB .- A"'B]=p

BTz £0Vr: ATx = \x (C.31)

A, B controllable < {
Furthermore is the system controllable if and only if the Gram controllability
matrix G which is the unique solution to

AG +GA" + BBY =0 for continuous systems

- - (C.32)
AGA” -G+ BB" =0 for discrete systems

exists and G > 0.
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C.1.8 Observability

A linear time invariant system with dynamic matrix A € CP’P and output matrix
C € C™P is said to be observable if the past state  can be observed by system
output y which is true if and only if

mk[CT ATCT ... ATV'CT|=»

(C.33)
Cxr#£A0Vx: Az = \x

A, C observable < {

Furthermore is the system observable if and only if the Gram observability
matrix G which is the unique solution to

APG+GA+CHC =0 for continuous systems

" " (C.34)
A"GA-G+C"C=0 for discrete systems

exists and G > 0.
C.1.9 Equivalence

Two state space representations are equivalent if their transfer functions are
identical:

(A1,B1,C1,Dy) ~ (A2, B3,Cs, Ds) < [ A1 | By } = [ Az | Bs ]

C, | D, C, | D,

(C.35)
with z € {s,z} for continuous and discrete systems respectively. Equivalent
state space representations therefore describe the same system.

C.1.10 Change of Basis

The basis in which the states of a system in state space representation are de-
scribed can be changed. However, stability, controllability, observability and the
transfer matrix P are preserved under basis transformation and the transformed
state space representation is equivalent to the original one.

[A|B] [TAT'|TB
(3R]
This also means that two realizations are equivalent according to (C.35) if and
only if there exists an invertible T so that (C.36) is true.

Proof The equivalence follows from (C.1) or (C.2) if the original state x is
replaced by the transformed state £ = T'x. The invariances follow by reexamina-
tion of (C.29), (C.31), (C.33) and (C.7) with the new state space representation.

C.1.11 Kalman Decomposition

A change of basis can be used to recover the controllable and observable eigen-
modes of the system. This special basis transformation is called the Kalman



C.1. LINEAR SYSTEMS 119

decomposition that transforms any system P into the form

Ac() A12 A13 A14 Bc()
0 Aco 0 A24 Bco

P = 0 0 A@a A34 0 Wlth
0 0 0 A, | O
0 C, 0 Cux| D
controllable and observable [ Aco | Beo }
C., | D (C.37)
Acé A12 Bcé
controllable 0 A. | B.
0o C,. ‘ D
Aco A24 Bco
observable 0 A, | O
Cco Céo ‘ D
This decomposes the system’s total number of states p into
P = Pecs + Peo + Pes + Peo (038)

where P¢s, Deo, Pes, Peo are the respective dimensions of A 5, Aco, Azs, Azo- Re-
garding input output behavior, the system P can be reduced in state dimension
to its controllable and observable subsystem by cutting off the uncontrollable
and unobservable parts so that

ACO BCO
P= { D } (C.39)

since the input controls only controllable parts and the output observes only
observable parts. The resulting state space representation can not be further
reduced without changing the system P. Therefore a controllable and observ-
able state space representation is called minimal.

C.1.12 McMillan Degree

The state dimension p,, of this minimal state space representation of the system
P is the number of controllable and observable eigenmodes. Since controllability
and observability is invariant under change of basis (C.36), this number is also a
characteristic property of P regardless of the state space representation chosen
and is called the McMillan degree § of the system

5(P) =Peo <P (0'40)

where p is the state dimension of any state space representation of P. This
inequality reflects the fact that a controllable and observable state space repre-
sentation has state dimension p = p., and is therefore minimal.
The combined McMillan degree §(P1, P3) of two systems P7, Po can not
exceed
0(P1,P3) <§(P1) + 6(P2) (C.41)

but may be lower, depending on the actual state space representations and the
connection between them.
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Figure C.1: The different system connections: a) parallel b) serial ¢) common
input d) common output e) bridge f) feedback loop.

Proof This stems from the fact that using (C.37) we can reduce the state space
representations of P, P to its minimal form so that the combined state vector
has the dimension p = §(P7) + §(P2). From (C.40) we have §(P1, P3) < p so
that (C.41) is obtained.

C.2 Connections
This section provides some formulae for operations on systems and the various

possible connections between systems to form super systems as illustrated in
figure C.1.

C.2.1 Flow Inversion

The signal flow through a system

-5

may be inverted if 3D~ and the inverted system is then given by

-1 -1
Plz{ABD C | BD } (C.42)

-D'Cc | D!
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with McMillan degree
S(P)=4d(P™h) (C.43)

Proof This follows from the application of (A.55) on (C.7). To verify the
preservation of the McMillan degree let P~* be unobservable so that Va : (A —
BD 'C)x = M\x we have D™'Cx = 0 using (C.33). This leads to (A —
BD 'C)x = Az = Mz and Cx = 0 so that if P~! is unobservable then P
is unobservable or alternatively if P is observable then P! is observable. The
same is true for controllability, so that if P is minimal then P~' is minimal.
This means there may be cases where P is not minimal with P~' minimal.
Since P! has the same state dimension than P following (C.42) this leads to
§(P) < §(P1) and therefore §(P) < 6(P~') < §((P~')~!) = §(P) so that
(C.43) follows.

C.2.2 Parallel Connection

Two systems

in parallel connection give
A1 0 B 1

P, +P,=| 0 A, B, (C.44)
C1 CQ ‘ D1 + D2

with McMillan degree

6(P1+ P2) < 0(P1) +6(P2) (C.45)
Proof Thisisduetoy =y;+y, = C1x1+Carx2+(D1+D3)u. The McMillan
degree can have maximal range §(P; + P2) € [0,6(P1) + 6(P2)]. The lower
bound is attained if for example Py = —P; so that §(P; + P3) = 6(0) = 0.
C.2.3 Serial Connection

Two systems

in serial connection give
A1 B.Cy | B1Dy

PP = 0 A2 B, (046)
C: D.C,| DD,

with McMillan degree
§(P1P2) < 6(Pq1) 4 6(P2) (C.47)

Proof Thisis duetow = Coxs+ Dsu so that &1 = A1z +B1(CQ$2+DQU)
and y = Cixy + D1(Coxy + Dou). The McMillan degree can have maximal
range d(P1.P2) € [0,0(P1)+3(P2)]. The lower bound is attained if for example
P, = P! so that §(P1Py) = 6(1) = 0.
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C.2.4 Feedback Loop
A plant P and controller K

- Ap Bp . - AK BK
s altars

may be put in feedback loop if 3E = (1 — DpDg) ', 3F = (1 — DgDp)~*
then the closed loop system is given by

m :H[Zﬂ with H = [K 1 ]—1:

u 1 -P
Ap+ BpFDgCp BpFCgk BpF BpFDyg
o By ECp Ax +BxkEDpCgk | BKkEDp By E
o ECp EDpCyg EDp E
FDKCP FCK F FDK
(C48)
with McMillan degree
5(H) = 3(P) + §(K) (C.49)

Proof The result follows from y = Cpxp + Dpu + w and u = Cgxg +
Digy+vsothat y = E(Cpxp+ DpCrxx+w+ Dpv) and u = F(Cgxi +
DyCpxp + v+ Dgw) leads to the above result by making use of (A.56).
To verify the McMillan degree let the state space representation of P, K be
minimal and assume H unobservable. Using inobservability from (C.33) on
(C.48) there exist xp,xx so that

Ap+ BpFDgCp BpFCg TTp
By ECp Ax + Bk EDpCxk |:.’13p:| — TK
ECP EDPCK LK 0
FDiCp FCg 0

This simplifies to

Ap 0 rp
0 AK |:33p:| Y LK
Cp DPCK LK 0
DKCP CK 0

But P, K are supposed to have minimal state space representations thus in
addition to that we have P, K observable

prp 75 0 Vdﬁp : APCL‘P = )\wp

CKCIIK 75 0 V:I?K : AK:BK = )\:I?K

If X\ is an eigenvalue of Ap but not Ag then &g = 0. This further simplifies
the inobservability equation

Ap T p
Cp .’BPZ)\ 0
DKCP 0
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But Cpxp = 0 contradicts the observability of P so H is observable. The same
is true if A is an eigenvalue of Ax but not Ap. If A is a common eigenvalue of
Ap, Ak then the inobservability equation gives

Cpxp+ DpCrxr =0
DCpxp+Crxg =0

This leads to

(1 — DPDK)CPCEP = ECP:BP =0& Cp:l:p =0
(lfDKDP)CK.’BK :FCK$K :0<:>CKCCK =0
since E, F' are required to be invertible to form the feedback loop. This contra-
dicts the observability of P and K so H is observable. So P, K minimal leads
to H observable. The same is true for controllability so that if P, K are mini-
mal then H is minimal. This means there may be cases where one of P, K is
not minimal with H minimal. Since the state dimension of H is the sum of the

state dimensions of P, K following (C.48) this leads to 6(H) > §(P) + §(K).
But from (C.41) we see that §(H) < 6(P) + §(K) so that (C.49) follows.

C.2.5 Common Input

Two systems

with common input give

(C.50)

with McMillan degree

max(8(Py), 5(P2)) < 6 ([HD < 5(P1) + 6(P2) (C.51)

Proof To verify the lower bound of the McMillan degree, let P, Py be min-
imal or reduce them to their minimal subsystems. Then the connected system
is observable:

c;, O 1| |Cizy
S o)) - em] o
v T1| . A1 0 T1| Al.’Bl —\ Ty
) ’ 0 AQ ) - AQQ)Q - o
If A is an eigenvalue of A; but not Ay then &3 = 0 however Cixy # 0 from

P, being observable suffices to assure observability. The same is true if A is
an eigenvalue of A, but not A;. If A is a common eigenvalue of A, Ay then
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C1x; # 0 from P, being observable and Coxs # 0 from Ps being observable.
But the connected system is not always controllable:

T ?
{Bl} [:1:1} =BTz, +Blz, #0

B, T2
Rl ) ][]
ol |0 Ay To| A§m2 ARF 2
If A is an eigenvalue of A; but not Ay then o = 0 and Bszcl # 0 from P;
being controllable suffices to assure controllability. The same is true if \ is
an eigenvalue of A, but not A;. If A is a common eigenvalue of A, As then
BTz, + Bl z, = 0 is possible. In this case, the common A is an uncontrollable
eigenmode of the connected system and reduces the McMillan degree by one.
If it is a multiple eigenvalue of both matrices then it reduces the McMillan
degree by its multiplicity. Now let 6(P1) < §(P2) then the lower bound of the
McMillan degree of the connected system can be attained if all eigenvalues of A4
are also eigenvalues of Ay. Then the McMillan degree of the unconnected system
d(P1)+0(P3) can be reduced by the degree of the smaller system §(P7) through
connection. The result is the McMillan degree of the larger system 6(Ps) of the
two or in general max(§(P7),d(P3)).

Remark An important special case is A; = A, B; = B; i € {1,2} then

p A| B
[Pl}z C, | D, (C.52)
2 C, | D,

C.2.6 Common Output

Two systems

A | B | .
Pi:{ci Di},z€{1,2}

with common output give
A, 0 |B; O

[Py Py]=| 0 Ay| 0 By (C.53)
Cl CQ‘Dl D2

with McMillan degree
max(6(P1),6(P2)) <6 ([P1 P2]) < 6(P1) +6(P3) (C.54)

Proof To verify the lower bound of the McMillan degree, let Py, Po be min-
imal or reduce them to their minimal subsystems. Then the connected system
is controllable:

|:B1 0 :|T [;p1:| o |:B,{1151] # 0
0 BQ L9 - Bgmg

vwl.Al OTwleP{wlewl
L9 ’ 0 A2 o A§$2 L9
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If X is an eigenvalue of A; but not A, then s = 0 however B{a:l # 0 from
P being controllable suffices to assure controllability. The same is true if A
is an eigenvalue of Ay but not A;. If A is a common eigenvalue of A, Ao
then BlTrL'l # 0 from P; being controllable and BQT:BQ # 0 from Ps being
controllable. But the connected system is not always observable:

?
[Cl Cg] |:2;:| =Cix1 + Caoxs 7é 0

I 2R [
) ) 0 A2 ) AQQ)Q o

If A is an eigenvalue of A; but not Ay then s = 0 and Cx; # 0 from P,
being observable suffices to assure observability. The same is true if A is an
eigenvalue of Ay but not A;. If A\ is a common eigenvalue of A, Ay then
Cixy + Cyxo = 0 is possible. In this case, the common A is an unobservable
eigenmode of the connected system and reduces the McMillan degree by one.
If it is a multiple eigenvalue of both matrices then it reduces the McMillan
degree by its multiplicity. Now let §(P1) < §(P2) then the lower bound of the
McMillan degree of the connected system can be attained if all eigenvalues of A4
are also eigenvalues of As. Then the McMillan degree of the unconnected system
0(P1)+6(P3) can be reduced by the degree of the smaller system §(P1) through
connection. The result is the McMillan degree of the larger system 6(Ps) of the
two or in general max(§(P7),d(P2)).

Remark An important special case is A; = A,C; = C; i € {1,2} then

[ A|B, B,
P, Py - [ 212 DJ (C.55)
C.2.7 Bridge
Four systems
_ A | Bij | .
Py = |-G e 12
in bridge connection give
Aq 0 0 0 B 0
0 Ao 0 0 0 Bqs
P,y Pip| 0 0 Ay 0 | By O
[P21 P22] - 0 0 0 Ax| 0 By (C.56)
C11 012 0 0 Dll D12
0 0 Cy Ca | Dy Dy
with McMillan degree
max(6(P11),6(P12), 6(P21),6(P22)) <
Py Pio
<4d <
- <[P21 P22]> -
< 6(P11) + 6(Pi2) + 6(Pa1) + 0(P22) (C.57)
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Proof The bridge can obtained by first connecting P11, P12 and Pay, Poo
each to common outputs using (C.53) and (C.54). And then connecting the two
resulting [PH Plg] and [Pgl ng] to a common input using (C.50) and
(C.51).

Remark An important special case is A;; = A, B;; = B;,C;; = Cjy; i,j €
{1,2} then

A| B B
[ﬁ“ Ilﬂz C.| D D (C.58)
2 22 Cy | Da1 Dy

C.3 Factorizations

This section provides formulae for the important right and left factorization of
systems.

C.3.1 Right Factorization

- 445

has a right factorization in the form of

A system

x A+ BF | BU
[Y} — | C+DF | DU (C.59)
F U

with free parameters F',U and U invertible. Its McMillan degree is bounded

by
5 <[§D > §(P) (C.60)

see [7] for details.

Proof Start with two systems having common input

A | B
[)}f] =| Cx | Dx
Cy | Dy

with Dy invertible in order to allow the inversion of Y. Using flow inversion
(C.42) and serial connection (C.46) this leads to

A"  -B'Dy'Cy | B'Dy!
Xy '=| o A -B'Djy'Cy| B'Dy'
Cx —-DxDy'Cy |DxDy'

Applying the transformation T as in (C.36) and cutting off the uncontrollable
part leads to

Xy !

[ A'-B'Dy'Ccy | BDy' withT— |+ 1
| Cx - DxDy'Cy | DxDy' o1
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Comparing this to

provides a solution:
B=B'D;'= A=A"-BCy, D=DxD;'=C=Cx - DCy

with free parameters F = Cy,U = D;l and U invertible since Dy is supposed
to be invertible, this immediately gives (C.59). To verify the McMillan degree
let (C.59) be uncontrollable so that by using incontrollability from (C.31) on
(C.59) there exists « so that

[A+BF BU|"z=\[z 0]
This simplifies to
[A Bl'z=X[z 0

since U is invertible. This means that if (C.59) is uncontrollable then P is
uncontrollable or alternatively if P is controllable then (C.59) is controllable.
Now let (C.59) be unobservable so that by using inobservability from (C.33) on
(C.59) there exists « so that

A+ BF x
C+DF|xz=)\|0
F 0

This simplifies to

=03

This means that if (C.59) is unobservable then P is unobservable or alternatively
if P is observable then (C.59) is observable. Therefore if P is minimal then
(C.59) is minimal. This means there may be cases where P is not minimal with
(C.59) minimal. Since (C.59) has the same state dimensions than P, (C.60)
follows.

C.3.2 Left Factorization

rorx- o5

has a left factorization in the form of

A system

X YJ:[A+LCB+LD L}

Ve | VD V (C.61)

with free parameters L,V and V invertible. Its McMillan degree is bounded
by
5([X Y])>6(P) (C.62)

see [7] for details.
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Proof Start with two systems having common output

x Y]:[A'B’X By]

C"|Dx Dy

with Dy invertible in order to allow the inversion of Y. Using flow inversion
(C.42) and serial connection (C.46) this leads to

A' - ByDy'C' -ByDy'C' | -ByDy'Dx
Y 'X = 0 A’ Bx
D,'C’ Dy'C’ | Dy'Dx

Applying the transformation T as in (C.36) and cutting off the unobservable
part leads to

Y !X =

A'-ByDy'C' | Bx —ByDy'Dx | . 10
D}_/lcl ‘ D}_/lDX with T = 1 1

rorx- 5

C=D;'C'=A=A"-ByC, D=Dy'Dx = B=Bx - ByD

Comparing this to

provides a solution:

with free parameters L = By ,V = D;,l and V invertible since Dy is supposed
to be invertible, this immediately gives (C.61). To verify the McMillan degree
let (C.61) be unobservable so that by using inobservability from (C.33) on (C.61)

there exists x so that
A+ LC N
vC — 7o

=203

since V' is invertible. This means that if (C.61) is unobservable then P is
unobservable or alternatively if P is observable then (C.61) is observable. Now
let (C.61) be uncontrollable so that by using incontrollability from (C.31) on
(C.61) there exists x so that

This simplifies to

[A+LC B+LD L]'z=\[z 0 0

This simplifies to
[A B]"z=\[z 0

This means that if (C.61) is uncontrollable then P is uncontrollable or alterna-
tively if P is controllable then (C.61) is controllable. Therefore if P is minimal
then (C.61) is minimal. This means there may be cases where P is not mini-
mal with (C.61) minimal. Since (C.61) has the same state dimensions than P,
(C.62) follows.
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Contréle Multiobjectif d’ordre réduit

Résumeé : Cette thése présente une méthode permettant d’'améliorer un régu-
lateur existant relativement a des spécifications multiples formulées en termes de
normes de systéme L., Lo/ Hs et H... Trois éléments clés distinguent I'approche
proposée. Premiérement, un paramétrage des régulateurs a ordre fixé au moyen
d’'un facteur stable et observable de la boucle fermée. Deuxiémement, un para-
métrage minimal de toutes les paires stables observables fondé sur la théorie des
systémes conservatifs et permettant un ajustement infinitésimal du régulateur a
améliorer. Et troisiemement, I'utilisation d’'une information de sensibilité pour cal-
culer le sous gradient local du critére d’optimisation et construire une suite mini-
misante.

Mots clés : Contréle multi-objectifs, Systémes conservatifs, Paramétrage du
régulateur, Factorisation

Reduced Order Multiobjective Control

Abstract: A way to improve an existing controller with respect to a multiob-
jective specification,written in terms of the L., Ly/H, and H,, system norms,
is presented. Three key elements distinguish the proposed approach. First, a
parametrization of fixed order controllers by a stable and observable controller
parameter. Second, a parametrization of all stable observable pairs based on the
theory of lossless systems that allows an infinitesimal adjustment of the controller
parameter. And third, the use of a sensitivity information to calculate the local
subgradient of the optimization problem so that the controller parameter can be
adjusted the right way.

Keywords: Multiobjective Control, Lossless Systems, Controller Parametriza-
tion, Factorization
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